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Abstract 
Section one focuses on identifying the current sample of The DotA Experiment Questionnaire. The majority 
of the studies beyond this point will use the demographic research taken from these samples. Section 1A in 
particular is going to analyze the gender, location and servers played on by the sample. This will help to 
understand many trends in the future and how the studied demographic may have had an influence on the 
results. As you will see, a mass majority of the samples in this study are male. On top of that, about 25% of 
the samples are either from Germany or the U.S.A. Some continents such as Africa have very few 
participants, while others like Europe have collection of different participants from multiple countries. This 
study will also research what servers are played on the most by the samples. There will also be a cross 
analysis between the regions to understand the demographics for a player who might play on both US West 
or US East. Finally, the study will address a confounding variable- The DotA Experiment Community 
Questionnaire was only available in English. A follow-up study will open the research to an extended global 
population by being offered in different languages. 
 

 



Introduction 
Section 1A is going to be split into three separate parts. 
First, we will discuss the data pertaining to the gender 
demographic. Understanding this is important for 
mapping trends in the future. For example, if there is an 
increase in the female player base after Dota 2 goes into 
an open beta phase, then that will make for a great 
analysis. 
 
Second, we will discuss the data pertaining to the global 
location of this studies sample. As with the first study, 
understanding how this population expands through 
repeated analysis would be excellent for mapping 
trends. Watching new demographics appear on the map 
will help to understand the viral expansion of Dota 2. 
 
Third, we will discuss the servers that are most used by 
the samples within this study. We will also discuss a 
cross-analysis between regions to understand which 
regions are most likely to be linked together. The 
prediction is that US East and US West will be strongly 
associated, and the same goes for US East and Europe.  
 
After the discussion, we will list the implications for the 
study, the future studies associated with this section, 
and the errors and phantom variables that could have 
had an effect on this study. Finally, we will move into the 
conclusion where we will discuss a response to the 
topics addressed in the Abstract. 
 
Discussion 
The first question asked in The DotA Experiment 
Community Questionnaire was a demographic question 
related to the participant’s gender. The sample size 
(N=1087) showed that a mass majority of the Dota 2 
population is male. Chart 1.1 shows the results of this 
analysis below. 
 

 

Chart 1.1: An analysis of the Dota 2 population using a 
sample size of (N=1097) players.  

As the results from chart 1.1 show, 98.80% of this 
sample is male, while 1.10% is female. As described 
earlier, these stats will make for great archival data while 
studying demographic trends in the future. 

The next question asked in the questionnaire was a 
demographic question related to the participants 
geographic location. The sample size for this question 
(N=1080) represented 76 countries across the globe. 
Chart 1.2 shows the statistics of this analysis below. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Chart 1.2: Statistics related to the geographic location of the 
collected sample. (N=1080) 



As the statistics show, a majority of the population come 
from the U.S.A. and Germany, followed by Sweden and 
Australia. To better understand these statistics, Chart 
1.3 will show a world map where red means most 
samples and purple means least samples in each 
region. 

 

Chart 1.3: Geographic locations of sample (N=1080) 
across the globe. Level on the color spectrum (red-purple) 
indicates the frequency of responses within each territory. 

This map shows how the sample numbers are 
distributed across the map. As you can see, the majority 
of the samples are located in Europe and the U.S.A., 
and these results will be nice for understanding the 
server(s) each demographic plays Dota 2 on. 

Results 
The results of these studies show numerous things. 
First, the mass majority of the Dota 2 community is male 
(98.7%). Our geographic analysis showed us that about 
25-30% of our sample are from Germany or the US. 
Additionally, the sample in this study is spread 
throughout 76 different regions. 

Implications 
There are a few major implications that can be derived 
from this study. 
 
1. This sample has a very small female presense. 
 
2. This sample has a massive male presence. (98.7% of 
samples) 
 
3. The geographic territories with the highest amount of 
participants in this study include the U.S.A. and 
Germany. 
 
4. The sample is spread throughout 76 different 
territories. 
  
Potential Errors in Studies 
The only issues regarding these studies was addressed 
earlier in this section. The questionnaire was only 
developed and distributed in English text. This means 
that these results only hold true for an English speaking 
Dota 2 audience. 
 

Aside from that, no other errors come to mind. 
 
Future Studies 
This study will be carried out again once Dota 2 reaches 
an open-beta phase. 
 
Conclusion 
The results of Section 1A have given an introduction to 
the sample used in the majority of the studies following 
this one. For example, we now know that the mass 
majority of our sample is male. We also discovered that 
more participants within this sample come from 
Germany or the U.S. over any other territory. The 
sample was also confirmed to cover 76 different regions 
 
This data will be very useful for drawing implications in 
future studies. Analyzing trends in communication 
ratings between territories, for example, is just one study 
that could come out of this one. 
 
 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 

 

 
Abstract 
Section 1A focused on a demographic analysis of the current sample. The majority of the studies beyond 
this point will use the demographic research taken from these samples. Section 1B in particular is going to 
analyze the servers played on by the sample. This will help to understand many trends in the future and how 
the servers most used by this sample can help predict attitudes and behaviors. As you will see, a mass 
majority of the samples play on Europe. On top of that, there is a strong relationship between US East and 
US West, Europe and US East, Europe and South East Asia, and South East Asia and US West. This study 
will help to understand and map the current sample based upon servers played. There will also be a cross 
analysis between the server regions to understand the demographics for a player who might play on both 
US West or US East. Finally, the study will address a confounding variable- The DotA Experiment 
Community Questionnaire was only available in English. A follow-up study will open the research to an 
extended global population by being offered in different languages. 
 

 



Discussion 
To understand the servers played on by our sample we 
will analyze the server statistics and how each one is 
linked to another. To do this, we will gather the data 
acquired through Q7 of The DotA Experiment 
Community Questionnaire. This question asked “What 
region/server(s) do you typically play Dota 2 on?” The 
participants were allowed to select more than one 
answer to the question. The answers included US West, 
US East, Europe, South East Asia (S.E.A.), China, 
South America and Hong Kong. Chart 1.4A shows the 
results of this analysis using the sample (N=1665). 

 

Chart 1.4A Dota 2 server usage based upon the results of 
the sample (N=1665) 

As the chart shows, Europe has over 50% usage for the 
sample size. US West and East follow that with over 
25% each. South East Asia has over 17.44%. China, 
South America and Hong Kong have less than 5% 
usage among the sample. It’s important that the 
questionnaire was only distributed in English, this will be 
discussed later in the study. 

Next, we will do a cross-analysis between the different 
regions to map a link between server locations. First, we 
will map the frequency participants who selected “US 
West” also use the other regions. The number of 
participants who selected US West alone is 317.  Chart 
1.4B shows the results of this analysis.

 

Chart 1.4B: Server comparison of participants (N=713) 
who selected US West and/or another region. 

 This comparison shows that 68.77% of the users who 
selected US West also selected US East. As predicted, 

there is a very strong relationship between the two 
regions. Though that result may seem a bit obvious, at 
least it offers statistical confirmation. 

We will now run the same cross-analysis to map the 
frequency participants who selected “US East” also use 
the other regions. The number of participants who 
selected US East alone is 410. Chart 1.4C shows the 
results of this analysis. 

 

Chart 1.4C: Server comparison of participants (N=861) 
who selected US East and/or another region. 

The comparison shows that 53.17% of the users who 
selected US East also selected US West. On top of that, 
37.81% of the users who selected US East also selected 
Europe. 8.29% of participants who selected US East 
also selected South America. Considering the sample 
size, these results show a strong link between US East 
and US West/Europe/South America.  

It is predicted that Europe will have a very high 
relationship with US East as well as Brazil.  

We will now run the same cross-analysis to map the 
frequency participants who selected “Europe” also use 
the other regions. The number of participants who 
selected Europe alone is 632. Chart 1.4D shows the 
results of this analysis. 

 

Chart 1.4D: Server comparison of participants (N=897) 
who selected Europe and/or another region. 



The results show that the majority of players who play on 
Europe, stay on Europe. The only relationships are with 
US East (24.53%) and a minor relationship with US 
West (8.86%).  

Now we will explore the far-east server regions of South 
East Asia, China and Hong Kong. It is predicted that 
there will be a very strong relationship across all three 
exclusively, and perhaps a minor connection to Europe 
or US West. The following chart will analyze the 
relationship between South East Asia and other regions. 
The number of participants who selected South East 
Asia alone is 192. Chart 1.4E shows the results. 

 

Chart 1.4E: Server comparison of participants (N=383) who 
selected South East Asia and/or another region. 

Contrary to my prediction, the highest relationships with 
South East Asia are with US West (35.94%) and Hong 
Kong (21.35%). The results of this analysis are actually 
quite balanced across regions compared to the previous 
results.  

We will now run the same cross-analysis to map the 
frequency participants who selected “China” also use the 
other regions. The number of participants who selected 
China alone is 28. Chart 1.4F shows the results of this 
analysis.

 

Chart 1.4F: Server comparison of participants (N=117) who 
selected China and/or another region. 

As predicted, China shows a strong relationship with the 
far-eastern server regions as well as a smaller 

relationship with US West. 92.86% of users who 
selected China also selected South East Asia, and 
89.29% of participants who selected China also selected 
Hong Kong. 53.57% of the participants selected US 
West. 

South America is the southern-most region and we will 
now run the same cross-analysis to map the frequency 
participants who selected “South America” also use the 
other regions. The number of participants who selected 
South America alone is 40. Chart 1.4G shows the results 
of this analysis. 

 

Chart 1.4G: Server comparison of participants (N=192) 
who selected South America and/or another region. 

As predicted a major relationship was found between 
South America and US East. As a matter of fact, 85% of 
participants who selected South America also selected 
US East, and 52.50% of the same participants selected 
US West. 

We will now run the same cross-analysis to map the 
frequency participants who selected “Hong Kong” also 
use the other regions. This is the final far-east region. 
The number of participants who selected Hong Kong 
alone is 46. Chart 1.4H shows the results of this 
analysis. 

 

Chart 1.4H: Server comparison of participants (N=154) 
who selected Hong Kong and/or another region. 

As predicted, Hong Kong shows a strong relationship 
with the far-eastern server regions as well as a smaller 
relationship with US West. 89.813% of users who 
selected China also selected South East Asia, and 



54.39% of participants who selected China also selected 
Hong Kong. 36.96% of the participants selected US 
West. 

Other results show that five users selected all of the 
regions. In terms of choosing one region exclusively, a 
percentage was calculated by dividing the number of 
participants, who selected one region exclusively, by the 
total number of participants who selected that region 
among others. The results are as follows: 

1. US West: 51/713 (07%) 
2. US East: 75/861 (09%) 
3. Europe: 463/897 (52%) 
4. S.E.A.: 88/383 (23%) 
5. China: 28/117 (24%) 
6. South America: 4/192 (2%) 
7. Hong Kong: 2/154 (1%) 

These results show that the majority of participants who 
selected the Europe server, only use the Europe server. 
On the flipside, the vast majority of participants who play 
on the Hong Kong servers also selected another server. 
(SEA) 

Finally, we will analyze a chart that shows a web-
analysis of each region and how they relate with other 
regions. Chart 1.5 shows the results of this analysis. 

 

As complicated as this web may seem, there are a few 
major things to notice. 

 
1. The relationship between the east and the west is 
fairly strong, with more connecting from the east to the 
west than the west to the east. 
 
2. The relationship between Europe and the rest of the 
regions shows that the majority of regions have a 
stronger relationship with Europe than Europe has with 
them. 

 
3.The relationship between Brazil and the rest of the 
regions shows that the majority of regions have a 
weaker relationship with Brazil than Brazil has with them.  
 
4. The relationship between S.E.A. and the rest of the 
regions shows that the majority of regions have a 
stronger relationship with S.E.A. than S.E.A. has with 
them. 
 
This web will have to be reconstructed in a less cluttered 
way, but I will save that for a later study. 
 
Results 
Europe appears to be the most popular server region, 
followed by US East and US West. Third, the strongest 
relationships listed between the servers are as follows: 
 
1. US West and US East 
2. US East and US West 
3. Europe and US East 
4. S.E.A. and US West 
5. China and S.E.A. 
6. South America and US East 
7. Hong Kong and S.E.A. 
 
Finally, the results showed that the majority of 
participants who selected the Europe server, only use 
the Europe server. On the flipside, the vast majority of 
participants who play on the Hong Kong servers usually 
select another server as well. (S.E.A.) 
 
Implications 
There are a few major implications that can be derived 
from this study. 
 
1. Europe is the most popular server among the Dota 2 
community. 
 
2. A majority of the players who play on the European 
servers only play on the European servers. 
 
3. South America and Hong Kong servers are rarely, if 
ever, selected alone. 
 
4. The relationships between the server regions are 
listed below: 
 
US West and US East 
US East and US West 
Europe and US East 
S.E.A. and US West 
China and S.E.A. 
South America and US East 
Hong Kong and S.E.A. 
 
 
Potential Errors in Studies 
The only issues regarding these studies was addressed 
earlier in this section. The questionnaire was only 
developed and distributed in English text. This means 

Chart 1.5: Global Web comparing the connection between 
each region. The key is: Red (90%+) Orange (75-90%) 
Yellow (60-75%) Green (45-60%) Turquoise (30-45%) Blue 
(15-30%) and Violet (0-15%). 



that these results only hold true for an English speaking 
Dota 2 audience. 
 
Aside from that, no other errors come to mind. 
 
Future Studies 
This study will be carried out again once Dota 2 reaches 
an open-beta phase. 
 
Conclusion 
The results of Section 1A have given an introduction to 
the sample used in the majority of the studies following 
this one. Part 1B yielded some great results. For 
example, we now know that Europe is at least the most 
popular region. We also discovered that most regions 
typically reach out to US West, US East and S.E.A. more 
than other server regions like Hong Kong and South 
America. 
 
This data will be very useful for drawing implications in 
future studies. Analyzing trends in communication 
ratings between regions, for example, is just one study 
that could come out of this one. 
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Abstract 
Part 1A focused on understanding the geographic mapping and gender of our sample. Part 1B focused on 
the server demographics of our sample and how they compare to each other. This article is going to focus 
on understanding our samples experience playing DotA, HoN, LoL andDota 2. To do so, we will cross-
analyze questions including: I have played DotA/Dota 2 for X amount of years, I have the most experience 
playing DotA/HoN/LoL/Dota 2, and I played the original DotA for WC3 (yes/no). By understanding the 
experience of our sample, we can generate statistics that will help track demographic changes in the future. 
More importantly, by cross-analyzing our results we can estimate the portion of the sample that may be 
considered ‘Veteran’ community members. At the same time, by identifying and isolating the participants 
who have the most experience playing DotA- we can compare the new community with the old. What we 
discovered was that the average amount of years our sample has with DotA-related titles is 3.9 years. On 
top of that, we discovered that the potential veteran community falls somewhere between 50-60 percent of 
our sample. The results of this study can be used simply for reference, or to pose new hypotheses for future 
studies. 
 

 



Introduction 
In Part 1A of this section, we analyzed the demographics 
of the sample used in this study. We discovered that the 
mega-majority of Dota 2 players is male and that the 
majority of the participants come from the USA or 
Germany. Now we are going to learn about how involved 
are sample is with the DotA brand, and for how long.  
 
To do this, we will first look into how much of our sample 
have not played the original DotA for Warcraft 3, Reign 
of Chaos or The Frozen Throne. The results are 
expected to show a very high level of agreement 
considered the questionnaire was distributed through the 
DotA forums listed in section 2A.  
 
 Next, we will analyze the average level of experience 
the sample has with DotA/Dota 2. This response was 
calculated through years and months of experience. For 
those who listed they have less than a year of DotA 
experience, their experience in months will be valued. 
 
Following that, we will move into what DotA-related titles 
the sample is most familiar with. These titles include 
DotA, Heroes of Newerth, League of Legends and Dota 
2.  
 
Finally, we will cross-analyze the results of years of DotA 
experience with the other two questions. These results 
should give us a percentage of the sample that may be 
considered DotA veterans. 
 
Discussion 
We will begin by analyzing and charting the results of Q3 
from The DotA Experiment Community Questionnaire. 
This question asked participants whether or not they 
played the original DotA for Warcraft 3 Reign of Chaos 
and/or The Frozen Throne. The participants could 
answer either yes or no. The results of this analysis are 
listed below on Chart 1.6. 
 

 

Chart 1.6: Sample response (N=1093) to Q3 from TDEQ. "I 
have played the original Defense of the Ancients on 
Warcraft III: (RoC and/orTFT)" 

The results show a major agreement rating as expected. 
This is partially due to the fact that the questionnaire was 
distributed through DotA-related forums. A future method 
may require a different method of distribution. 

Next, we will analyze the sample response to question 
Q2 from TDEQ. The question asked participants to 
approximate how many how many years they have 
played DotA/Dota 2. Furthermore, participants who listed 
that they have had 0 years of DotA/Dota 2 experience 
were given the opportunity to identify how many months 
they’ve played. 

The results for how many years the sample have played 
DotA/Dota 2 for are listed below on Chart 1.7. 

 

Chart 1.7A: Sample response (N=1040) to Q2 from TDEQ. " 
I have played DotA/Dota 2 for approximately how many 
years?” 

Chart 1.7B below shows the number of responses to 
each answer.  

These two graphs show that a large majority of the 
sample have played DotA/Dota 2 for at least one year. 
14.71% of the sample (N=153) said that they have 
played DotA for less than one year. Chart 1.7C will show 
a breakdown of how many months those who selected 0 
years have played. 

Years Count % 

0 153 14.71% 

1 74 7.12% 

2 90 8.65% 

3 126 12.12% 

4 121 11.63% 

5 156 15.00% 

6 127 12.21% 

7 115 11.06% 

8 52 5.00% 

9 16 1.54% 

10 8 0.77% 

11 2 0.19% 

Total Responses 1040 

Chart 1.7B: Sample response (N=1040) to Q2 
from TDEQ. "I have played DotA/Dota 2 for 
approximately how many years?” 



 

Chart 1.7C: Participants with less than a year of experience 
response (N=153) to Q2 from TDEQ. "I have played DotA/Dota 2 
for approximately how many months?” 

Chart 1.7D below shows the number of responses to 
each answer.  

 

 

 

 

 

 

 

 

 

 

 

Chart 1.7D: Participants with less than a year of experience 
response (N=153) to Q2 from TDEQ. "I have played DotA/Dota 2 
for approximately how many months?” 

The results show a pretty even distribution across the 
experience in months for new players and old players 
alike. In total, the average experience for this sample is 
3.97 years of DotA/Dota 2 experience. The results are 
consistent with those found on Chart 1.6, where 85.64% 
(N=936) said they have played the original DotA, and 
14.36% (N=156) said they have not.  

Next, we are going to address similar titles that came 
after DotA and how the sample relates to them. The 
participants were asked to select which of four titles they 
have the most experience playing. These titles include 
the original DotA, S2 Game’s Heroes of Newerth, Riot 
Games’ League of Legends, and Valve’s Dota 2. As 

expected, the results show that the majority of the 
sample would be most familiar with the original DotA. 
Chart 1.8 shows the results of this analysis. 

 

Chart 1.8: Sample response (N= 1108) to Q4 from TDEQ. “I 
have the most experience playing:” 

These results show that a majority of the sample 
selected DotA (N=656) followed by Dota 2 (N=315). A 
little over 10% of the sample selected HoN (N= 76) or 
LoL (N=61). Therefore, the majority of this studies 
sample is familiar with DotA.  

However, the issue with this study is that it does not ask 
how frequently players have played DotA/Dota 2 over 
their years of experience. Therefore, to understand this 
studies sample- we will cross analyze the results of the 
different studies 

First, we will compare the results of Q4 with those of Q3. 
By doing this, we can understand what portion of the 
sample said “they have played the original DotA” have 
the most experience playing another title. Chart 1.9 
shows the results of this analysis. 

 

Chart 1.9: Cross-Analysis between the results of Q3 (Chart 
1.6) and Q4 (Chart 1.8) from TDEQ. 

Months Count % 

0 3 1.96% 

1 4 2.61% 

2 10 6.54% 

3 22 14.38% 

4 18 11.76% 

5 10 6.54% 

6 33 21.57% 

7 16 10.46% 

8 17 11.11% 

9 14 9.15% 

10 2 1.31% 

11 4 2.61% 

Total 
Responses 153   



We can understand more about the sample through 
what this chart tells us by breaking down the data from 
each game.  

First, let’s remember that the total number of 
respondents to Q3 who said yes was 936. The number 
who said no was 157. With those numbers in mind, we 
can remove the number who selected (HoN, LoL and 
Dota 2) from a category that we will consider “veterans”. 

For HoN, we have a total number of 54 players who said 
they have played DotA, but the most experience playing 
HoN. The sample contains 22 HoN-native players who 
never played the original DotA. 

For LoL, we have a total number of 34 players who said 
they have played DotA, but the most experience playing 
LoL. The sample contains 27 LoL-native players who 
never played the original DotA. 

For Dota 2, we have a total number of 214 players who 
said they have played DotA, but the most experience 
playing Dota 2. The sample contains 214 Dota 2-native 
players who never played the original DotA. 

Therefore, we have a total number of 302 participants 
who have played the original DotA, but have more 
experience playing either HoN/LoL/Dota 2. We can now 
consider the ‘veteran’ (V) portion of this sample to be 
(V= 634). 

Next, we will compare the results of Q4 with those of Q2. 
By doing this, we can understand what portion of the 
sample said “they have played (x) amount of years of 
dota” and have the most experience playing another title. 
Chart 1.10A shows the results of this analysis. 

 

 

 

 

 

We can understand more about the sample through 
what this chart tells us by breaking down the data from 
each year rating. Let’s only consider the samples greater 
than or equal to one year of experience. 

With the data gathered from each year, we can remove 
the number who selected (HoN, LoL and Dota 2) from 
the ‘veteran’ category of this study. Chart 1.10B below 
shows the statistics behind this analysis 

Y N DotA 
(656) 

HoN  
(76) 

LoL 
(61)  

Dota 2 
(315) 

X 

1 74 15 7 13 46 66 

2 90 50 10 6 30 46 

3 126 80 21 0 31 52 

4 121 96 5 1 24 30 

5 156 125 7 3 29 39 

6 127 107 6 3 18 27 

7 115 99 1 1 19 21 

8 62 46 1 1 6 8 

9 16 7 0 0 4 4 

10 8 7 0 0 1 1 

11 2 2 0 0 0 0 

Chart 1.10B: Cross-Analysis between the results of Q2 
(Chart 1.7A) and Q4 (Chart 1.8) from TDEQ. X= (N)HoN + 
(N)LoL + (N) Dota 2. 

The results show that XTotal=289. Therefore, we have a 
total number of 289 participants who have played the 
original DotA for over a year, but have more experience 
playing either HoN/LoL/Dota 2. We can now consider the 
‘veteran’ (V) portion of the sample for Q2 to be (V=598) 

 

 

 

 
 
 
 
 
 
 

Chart 1.10A: Cross-Analysis between the results of Q2 (Chart 1.7A) and Q4 (Chart 1.8) from TDEQ. 

 



What Charts 1.9 and 1.10 have helped us do is boil 
down the sample to separate the more experienced 
DotA players in the sample from the sample portion 
that’s more experienced with Dota 2, HoN or LoL.In 
future studies, we can consider the percentage of a 
sample size that’s considered the ‘veteran’ community to 
fall between 634 and 598, depending on the sample size 
for a question. 

Results 
The results of this study have helped us understand the 
DotA experience of our sample. We’ve discovered that 
85.76% of our sample has played the original DotA. On 
top of that, we have discovered that the average number 
of years of DotA experience falls around 3.9 years.  

We have also discovered that 14.71% of our sample has 
played Dota 2 for less than one year.  

Chart 1.8 showed us that the majority of the sample has 
the most experience playing DotA (N=656) followed by 
Dota 2 (N=315). A little over 10% of the sample selected 
HoN (N= 76) or LoL (N=61). Therefore, the majority of 
this studies sample is familiar with DotA.  

We have a total number of 302 participants who have 
played the original DotA, but have more experience 
playing either HoN/LoL/Dota 2. We can now consider the 
‘veteran’ (V) portion of this sample to be (V= 634). 

Finally, chart 1.10B showed us that we have a total 
number of 289 participants who have played the original 
DotA for over a year, but have more experience playing 
either HoN/LoL/Dota 2. We can now consider the 
‘veteran’ (V) portion of the sample for Q2 to be (V=598) 

Therefore, we can assume that the most experienced 
players fall somewhere between 598 and 634 
participants within this sample. Based on the average of 
these two numbers V=616. 

Implications 
1. 85.76% of our sample has played the original Dota 
(~936 participants) 
 
2. Based on the results from Veteran data, 528/936 of 
those participants could be considered Veterans within 
the total sample. 

-Veterans means they have the most experience 
playing the original DotA for over a year. 
 

3. A little over 10-percent of our sample are most 
experienced with League of Legends or Heroes of 
Newerth. 
 
4. 49 participants within the sample are HoN/LoL native. 
 
5. There are nearly 2x more DotA-experienced 
participants within the sample than Dota 2-Experienced 
participants. 
 

Potential Errors in Studies 
The only issues regarding these studies was addressed 
earlier in Part 1A. The questionnaire was only developed 
and distributed in English text. This means that these 
results only hold true for an English speaking Dota 2 
audience. 
 
Also, the questionnaire was only distributed across 
DotA-related websites, meaning that the chances of 
getting an audience who had not played the original 
DotA was relatively small. 
 
Aside from that, no other errors come to mind. 
 
Future Studies 
This study will be carried out again once Dota 2 reaches 
an open-beta phase. 
 
Conclusion 
The results of Section 2A have given an introduction to 
the sample used in the majority of the studies following 
this one. It has provided us with information on the 
sample’s experience with DotA, HoN, LoL and Dota 2. 
The results yielded some great findings. For example, 
we now know that we have a DotA-Veteran portion of 
the community. We have also discovered that 14.71% of 
our sample has played Dota 2 for less than one year.  

Finally, the results of Chart 1.8 showed that the majority 
of the sample has the most experience playing DotA 
(N=656) followed by Dota 2 (N=315). A little over 10% of 
the sample selected HoN (N= 76) or LoL (N=61). 
Therefore, the majority of this studies sample is familiar 
with DotA.  

 
This data will be very useful for drawing implications in 
future studies. Analyzing trends in teamwork ratings 
between DotA veterans, HoN players, LoL players and 
Dota 2 players, for example, is just one study that could 
come out of this one. 
 
 
 

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 



 
 
 
 
 
 
 
 
 
 
  

 

 
Abstract 
Part 1A focused on understanding the geographic mapping and gender of our sample. Part 1B focused on 
the server demographics of our sample and how they compare to each other. Part 1C helped us understand 
the experience of our sample. This article (1D) is going to focus on understanding our samples average win-
rate. At the same time, we are going to analyze the average win-rate of our veteran community and see if 
there are any differences. To do so, we will cross-analyze questions including: I have played DotA/Dota 2 for 
X amount of years, I have the most experience playing DotA/HoN/LoL/Dota 2, I played the original DotA for 
WC3 (yes/no) and My win-rate is approximately: (X). By understanding the experience of our sample, we 
can generate statistics that will help track demographic changes in the future. More importantly, by cross-
analyzing our results we can estimate how our veteran demographic compares to the rest of the sample. 
These results will help us understand how important DotA experience actually is. We can understand 
whether or not the more you play has an effect on your win-rate. The results of this study can be used 
simply for reference, or to pose new hypotheses for future studies. 
 

 



Introduction 
Understanding the win-rate of our sample is going to 
lead to some important implications by the end of this 
study. More importantly, by finding a way to segregate 
the veteran community (V) from the rest of the samples, 
we can understand how important DotA experience is in 
terms of an increased win-rate. 
 
To do this, we will first find a base average win-rate of 
our total sample. This is estimated to fall somewhere 
between 45-55%. Next, we will cross analyze the results 
from Q8 with Q2, Q3, and Q4 from T.D.E.Q. 
 
Q8 asked players the following question: “My win-rate is 
approximately:” If participants were unsure, they could 
use the statistics website (stats.dota2.be) to help 
estimate their win-rate. 
 
Our sample size includes N=1104 participants for Q8. 
 
Discussion 
To begin, let’s analyze the results of Q8 from T.D.E.Q. 
by looking at the answer distribution of our sample. 
Chart 1.11A shows the results of this analysis. 
 

 

Chart 1.11A Sample response (N=1104) to Q8 from TDEQ. 
"My average win-rate is approximately:" 

Next, we will analyze the number of respondents under 
each percentile. Chart 1.11B in the next column shows 
the results. 

These results show that about 50% of our sample has a 
win-rate that falls between 50-55%. Therefore, our 
average is expected to fall between 53-55%. Notice that 
the number of respondents who fall within the 50-55% 
range is near equal to our veteran count from study 1C. 
(V=616)  

These results are important because we can now work 
on the second part of this study which involves 
segregating the results of our V community from the rest 
of the sample (R). To do this, we will have to cross 
analyze the results of Q8 with Q2, Q3 and Q4 while 
utilizing the archival data found in section 1C.  

 

Chart 1.11B Sample response (N=1104) to Q8 from TDEQ. 
"My average win-rate is approximately:" 

We will begin by obtaining a cross analysis between Q8: 
“My average win-rate is approximately” (Chart 1.11A) 
and Q3: "I have played the original Defense of the 
Ancients on Warcraft III: (RoC and/orTFT)" (Chart 1.8). 
Let’s remember that 85.76% of our sample has played 
the original Dota (~936 participants), however, we 
reduced that number to 528 to segregate the V sample. 
 
To find out the average win-rate of respondents who 
selected that they have played the original DotA and 
they have the most experience playing DotA (N=640), 
we will use them as conditions within the results of Q8 
(Chart 1.11A). Chart 1.12A shows the results of this 
conditional report.

 

Chart 1.11C: Conditional response (N=640) to Q8 from 
TDEQ. "My average win-rate is approximately:" 

Win-Rate% Count % 

0-5% 3 0.27% 

5-10% 0 0% 

10-15% 0 0% 

20-25% 1 0.09% 

30-35% 3 0.27% 

40-45% 21 1.90% 

45-5Error! Hyperlink reference not 
valid.0% 159 14.40% 

50-55% 557 50.45% 

55-60% 215 19.47% 

60-65% 80 7.25% 

65-70% 29 2.63% 

70-75% 15 1.36% 

75-80% 7 0.63% 

80-85% 9 0.82% 

85-90% 0 0% 

90-95% 2 0.18% 

95-100% 3 0.27% 

Total Responses 1104   



Chart 1.12B: Conditional response (N=198) comparison with total 
response (N=1104) to Q8 from TDEQ. "My average win-rate is 
approximately:" 

Next, we will look at how these results compare to the 
results from the total sample. Chart 1.12A shows the 
results. 

These results suggest a simply stunning trend. Notice 
that the conditional response (sample V) outweighs the 
total response above the mean and the total response 
outweighs the conditional response below the mean.  

This chart gives rise to the further research and 
understanding of our hypothesis: “Sample V has a hire 
winrate compared to sample R” 
 
The next step is to the exact opposite of what we did 
before. Let’s compare the win-rates of those who 
selected that they have not played the original DotA, and 
that they have the most experience playing another title 
with the total response. Chart 1.2C shows the results. 
 
 
 
 
 
 
 
 
 
 
 
 
Yes! Notice how the results of this analysis are almost 
the exact opposite of the results from chart 1.12A. 
Finally, we are going to compare the conditions from 
both 1.12A and 1.12B. Chart 1.12C shows the results. 
 

 

 

 

 

Chart 1.12C: Conditional response 1.12A (N=640) comparison with 
conditional response 1.12B (N=198)  to Q8 from TDEQ. "My 
average win-rate is approximately:" 

These results of Chart 1.12D show that there is a 
negative correlation between Condition 1.2A and 
Condition 1.2B. What this basically means is that players 
who answered that they have played and have the most 
experience playing DotA, typically have a higher win-
rate. On the flipside, players who answered that they 
have not played DotA and have more experience playing 
another title typically have a lower win-rate.  
 
Next, we are going to look at how win-rate correlates 
with years of experience combined with our previous two 
variables. 
 
To begin, we are going to label our conditions for sample 
V (N=623) 
 
1. The sample has played DotA/Dota 2 for over one 
year. 
2. The sample has the most experience playing DotA. 
3. The sample has played the original DotA. 
 
Therefore, sample V holds true to all of those conditions. 
We will compare sample V to the total sample. The 
results can be found on Chart 1.13A 
 

 

Chart 1.13A: Conditional response (N=623) comparison with total 
response (N=1104) to Q8 from TDEQ. "My average win-rate is 
approximately:" 

The results from Chart 1.13A point out a couple 
important things. First, sample V ranks higher in the 55-
70% win-rate bracket compared to the total sample. 
Second, the total sample ranks higher in the 40-55% 
win-rate bracket.  
 
Again, these results are hinting towards a major trend. 
The next thing we are going to do is look back on the 
results of part 1C’s chart 1.10B. This chart showed us 
that we have a sample number of 289 participants who 
have played the original DotA for over a year but have 
more experience playing another title. 
 
Therefore, we are going to do the opposite of what we 
did with Chart 1.13A and map a new sample under three 
conditions. 
 
1. The sample has played DotA/Dota 2 for over one 
year.  
2. The sample does not have the most experience 
playing DotA. 
3. The sample has played the original DotA for over a 
year. 
 

Chart 1.12A: Conditional response (N=640) comparison with total 
response (N=1104) to Q8 from TDEQ. "My average win-rate is 
approximately:" 



The results of this analysis are shown on Chart 1.13B: 
 

 

Chart 1.13B: Conditional response (N=249) comparison with total 
response (N=1104) to Q8 from TDEQ. "My average win-rate is 
approximately:" 

Again, the results of this study are near opposite to what 
was seen in the previous study. To confirm this, we will 
cross-analyze the results of Chart 1.13A with the results 
of Chart 1.13B 

 

Chart 1.13C: Conditional response 1.13A (N=623) comparison with 
conditional response 1.13B (N=249)  to Q8 from TDEQ. "My 
average win-rate is approximately:" 

These results of Chart 1.13C show that there is a 
negative correlation between Condition 1.13A and 
Condition 1.13B. What this basically means is that 
players who answered that they have played and have 
the most experience playing DotA with over a year of 
DotA experience; typically have a higher win-rate. On 
the flipside, players who answered that they have played 
DotA, have over a year of DotA experience but have 
more experience playing another title typically have a 
lower win-rate.  
 
Finally, we are going to compare the results of chart 
1.13A with a new condition. This new sample condition 
is going to include the portion of the sample who has 
played DotA/Dota 2 for less than a year, have more 
experience playing another title, and have not played the 
original DotA. 
 
We will call this sample, N for New Players. To reiterate, 
the conditions for sample N are as follows: 
 
1. The sample has not played the original DotA 
2. The sample has under a year of DotA/Dota 2 
experience. 
3. The sample has the most experience playing another 
title besides the original DotA (this includes Dota 2).  
 
The results may be found on Chart 1.14A. 

 

Chart 1.14A, a comparison between condition V (N=623) 
with condition N (92) to Q8 from TDEQ. "My average win-
rate is approximately:" 

As expected, participants in sample V have a much 
higher win-rate than those in sample N. 

We are going to compare the results of sample V with 
the results of another condition. This condition will be 
called sample A- for another game. Sample A conditions 
are listed as follows. 

1. I have played the original DotA 
2. I have the most experience playing HoN/LoL 
3. I have played DotA/Dota 2 for 0+ years. 
 
The results of this comparison are on Chart 1.14B. 

 

Chart 1.14B, a comparison between condition V (N=623) 
with condition A (87) to Q8 from TDEQ. "My average win-
rate is approximately:" 

As expected, participants in sample V have a much 
higher win-rate than those in sample N. The results from 
Chart 1.14B point out a couple important things. First, 
sample V ranks higher in the 55-70% win-rate bracket 
compared to sample N. Sample A ranks higher in the 40-
55% win-rate bracket. These same results are true for 
Chart 1.14A. 
 
The next cross-analysis will be a comparison between 
sample N and sample A. Chart 1.14C on the next page 
shows the results of this cross-analysis. As the results 
from this chart show, sample A has a higher amount in 
the 50-65% win-rate bracket. Sample C has a higher 
amount in the 40-50% win-rate bracket. 
 
The variables between these two samples are that 
Sample N has under a year of experience with Dota 
2/HoN/LoL, and have not played the original DotA. 
Sample A has over a year of HoN/LoL experience and 
has played the original DotA. 



 

Chart 1.14C, a comparison between condition N (N=92) 
with condition A (87) to Q8 from TDEQ. "My average win-
rate is approximately:" 

The results from Chart 1.14C shows that samples with 
over a year with the most experience in HoN/ /LoL have 
a higher win-rate than those with less than a year of 
experience. 
 
We will now introduce our final conditional sample (AD) 
which stands for another game including DotA. The 
conditions behind this sample are as follows: 
 
1. I have played the original DotA 
2. I have the most experience playing HoN/LoL/DotA 
3. I have played DotA/Dota 2 for 0+ years. 
 
The results of this comparison with sample A is shown 
on Chart 1.14D. 
 

 

Chart 1.14D, a comparison between condition A (N=87) 
with condition AD (723) to Q8 from TDEQ. "My average 
win-rate is approximately:" 

The results from Chart 1.14C shows that samples with 
over a year with the most experience in HoN/LoL have a 
lower win-rate than those with more experience in 
HoN/LoL/DotA, by a small margin. 
 
These results will take this study to the results section. 
Many interesting results have been found.  
 
Results 
The results shown on charts 1.12A to 1.14D all share 
one thing in common. The conditional sample that 
indicated more experience in terms of DotA experience 
and years played had a higher win-rate. 
 
Now, this may seem obvious to most people. But 
remember, one of the aims of this study is to help clean 
up urban legends hanging around the community. As a 
matter of fact, many players believe that their level of 
experience has no effect on their win rate.  
 

Another way to look at these results is to understand 
how participants with experience in game titles outside 
of DotA/Dota 2 compare to participants with experience 
in DotA/Dota 2. Chart 1.14B showed us that sample V 
ranked higher than sample A in terms of win-rate%.  
Chart 1.14D showed us that players with experience in 
HoN/LoL/DotA have a higher win-rate within their sample 
compared to players with experience in HoN/LoL. 
(Despite the large difference in sample size) 
 
Players who answered that they have played and have 
the most experience playing DotA, typically have a 
higher win-rate. On the flipside, players who answered 
that they have not played DotA and have more 
experience playing another title typically have a lower 
win-rate.  
 
All of these studies combined increase the validity of my 
hypothesis and can even add onto it. Therefore, my 
hypothesis has simply changed to: 
 
“The more DotA the better” 
 
Future studies with a wider sample size of new/old 
players will help to confirm this. 
 
Implications 
There are multiple implications derived from this study. 
 
1. Players who have played DotA (over other games) the 
longest typically have the highest win-rate. 
 
2. Players who have played DotA-like games (HoN/LoL) 
for over a year typically have a higher win-rate than 
those who have played with under a year of experience. 
 
3. Samples with over a year of the most experience in 
HoN/LoL have a higher win-rate than those with less 
than a year of experience in DotA/DotA 2/HoN/LoL. 
 
4. Players who answered that they have played DotA, 
have over a year of DotA experience but have more 
experience playing another title typically have a lower 
win-rate than those who have more experience playing 
DotA under the same conditions. 
 
5. The “Veteran” (V) number has been proven again to 
fall within the range addressed in part 1C. 
 
Potential Errors within this study 
The only issues regarding these studies was addressed 
earlier in the other sections. The questionnaire was only 
developed and distributed in English text. This means 
that these results only hold true for an English speaking 
Dota 2 audience. 
 
Also, the questionnaire was only distributed across 
DotA-related websites, meaning that the chances of 
getting an audience who had not played the original 
DotA was relatively small. 
 



This holds a lot if importance when studying the cross-
analyses between sub-samples. (V,N,A,AD) Many of the 
analyses featured one sample size that is much larger 
than the other. Therefore, the results only hold true 
within the boundaries of each sub-sample. 
 
Future Studies 
In order to adress the issues within this study regarding 
errors, this study will be carried out again once Dota 2 
reaches an open-beta phase. 
 
This way, we can attempt to form a more balanced 
sample size. Again, these results only hold true to the 
closed-beta phase and the DotA community as of now. 
 
Conclusion 
The results of Section 4A have given an introduction to 
the sample used in the majority of the studies following 
this one. It has provided us with information on the 
sample’s experience with DotA, HoN, LoL and Dota 2. 
However, unlike section 3A, this section focuses more 
on win-rate. The results yielded some great findings. For 
example, we now know that players who have played 
DotA (over games like HoN/LoL) the longest typically 
have the highest win-rate. Alternatively, those who have 
the most experience in HoN/LoL, but have over a year of 
DotA experience have a higher win-rate than players 
who have less than a year of DotA experience and are 
most experienced in Dota 2/HoN/LoL. 
 
We have also discovered that our Veteran (V) number 
for this study (V=636) is nearly identical to the number 
established in part 1C. 

Finally, the results of Chart 1.8 showed that the majority 
of the sample has a win-rate that falls somewhere 
between 53-55% 

This data will be very useful for drawing implications in 
future studies. Analyzing trends in teamwork ratings 
between DotA veterans, HoN players, LoL players and 
Dota 2 players, for example, is just one study that could 
come out of this one. On another note, all of this data will 
make for great archival data when studying the DotA 
open-beta community. 
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Abstract 
Social networking has always been an important element for Defense of the Ancients. Websites like Dota-
Allstars.com (now Playdota.com) have given players the opportunity to suggest elements for DotA while 
communicating and making friends with the rest of the community. Some players have even constructed a 
fan-base through videos, comics, blogs and more.The DotA communities play a major role in Dota 2’s 
development. As an example, Playdota.com’s mission statement reads as follows: “The overall goal for this 
site is to provide a long term service to the DotA community improve a DotA player's ability to enjoy the 
game and become more immersed in the DotA world overall.” The website includes tons of media and has a 
deep history with the player base. Website’s like JoinDota.com broadcast competitive matches with 
commentary from a long-time DotA broadcaster. Each fan site offers a different flavor that is meant to 
support interaction between the Dota 2 fan-base. This article will help understand what websites those are 
from the responses of a 1,000+ player sample size. 
 

 



Introduction 
In order to gather information pertaining to user 
interaction with different forums, a questionnaire named 
“The DotA Experiment Community Analysis” was 
launched to gather samples. This 98-point questionnaire 
addressed community participation with the different 
DotA forums. Players old and new participated in this 
study at an international level.  
 
The importance of this analysis is to help understand the 
benefits of each DotA forum/website. What is it exactly 
that defines each one? What can be found in them? 
What resources do they offer that others don’t? 
 
To understand this, we first had to understand how much 
of this studies samples actually use forums. Chart 2.1 
below shows the results of this question from The DotA 
Experiment Community Analysis: 

 

 

Chart 2.1: Results for question 10. “Are you a registered 
member of any DotA/Dota 2 community forum?” 

As the results from Chart 2.1 show, 88.38% of samples 
selected yes, and 11.62% of samples selected no. This 
means that apporoximately 955 members out of the 
1,100 user sample utilize these forums.  

Next, we will identify the frequency that our samples visit 
different forums. Then, we will break these different 
forums into sub-sections to understand how users 
interact with each one. For example, what percentage of 
players who selected PlayDota.com are also members 
of JoinDota.com? 

To do this, The DotA Experiment Community Analysis 
was posted on each forum that the experimenter could 
identify. Users who found the questionnaire on that 
forum could take it and identify which of the other forums 
they participate in. This means that a single sample 
could select multiple answers. This will lead to a nice 
cross-analysis between forums.  

The results from chart 2.2 will show the sample 
distribution across the different Dota 2 forums. Other 

forums that were listed under the ‘Other’ option will be 
identified as well. 

 
Chart 2.2: Results for question Q11. “If the answer to the 
above question [Q10] is yes, what are the Dota 2 
communities that you are registered with?” 

According to the results to question 10, which will 
include many  of the results listed under ‘Other’, the Dota 
2 online communities are  identified as follows: 
 
1. PlayDota.com 
2. JoinDota.com 
3. Gosugamers.net 
4. Dotaliciousgaming.com 
5. Dota 2 Reddit 
6.Streamdota2.com 
7. Dota2portal.com 
8. Dota 2 Development Forum 
9. Dotafire.com 
10. Teamliquid.net 
11. Prodota.ru 
12. DotaCinema.com 
13. Dotapickup 
14. Dota2.pl/it/cz/gr/fr/no/br 
15. RGC 
16. Dotasource.de 
17. WoDota 
18. Garena 
19. Dota2.wiki.com 
20. Dotacommentaries.com 
21. 4Chan 
22. Dotatalk.com 
23. Dotasource  
24. DotaCash 
 
The communities hi-lighted in bold will be discussed in 
this analysis as there are statistics linked to each one. 
These five forums offer a unique aspect to the 
community and can be compared based upon user-
interaction. 
 
It seems the majority of samples selected JoinDota.com, 
followed by PlayDota.com. Gosugamers and the Dota 2 
Reddit are followed by Dotalicious. Each one of these 
websites will be discussed in the following section. They 
will be compared across Region, Player Experience, and 
communication across forums. Hopefully the results will 
help to better understand the Dota 2 community. 
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Discussion 
 
PlayDota.com 
In 2009, the primary DotA website Dota-Allstars.com 
was changed to PlayDota.com. This website contains 
information about DotA including heroes, items and 
news updates. Most importantly, the forum section is 
where player interaction takes place. The website holds 
a collection of popular threads, hero suggestions, 
video’s, comics and other forms of media. The most 
forum users the website has had logged on at once was 
35,352 users on December 24

th
, 2011. That is pretty 

impressive. Many of the most influential members of the 
DotA community discuss trends and moderate the 
website itself. Some of these users include IceFrog, 
Wyk, CvP, ChildLikeEmperor, awg28 and many more.  
 
To understand how many users interact between 
PlayDota.com and the other analyzed Dota 2 websites, a 
cross analysis was launched to understand the 
comparison. Chart 2.3A shows the results of this cross 
analysis. 
 

 

Chart 2.3A A comparison between the users who selected 
PlayDota.com (N=610) and other forums. 

As the results from Chart 2.3A show, there is a strong 
relationship between PlayDota.com and JoinDota.com, 
with Gosugamers.com, Dota 2 Reddit and Dotalicious 
following behind.  

Next, we will analyze the average player experience of 
Playdota.com members who participated in this 
questionnaire. Chart 2.3B shows the results of this.

 

Chart 2.3B. A Comparison between the users who selected 
PlayDota.com (Dataset 1) and years of DotA experience. 

 

Based upon this sample, the results show that 
PlayDota.com’s community has 5 years of DotA 
experience on average.  

Studies 2B, 2C, and 2D will follow up with more 
information about community interaction on the website 
specifically. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



JoinDota.com 
This website focuses on the competitive aspects of Dota 
2 while still supplying a forum section for players to 
interact. JoinDota.com allows players to access online 
streams of professional Dota 2 players in a quick and 
user-friendly way. It offers tournaments, betting, latest 
news, and commentary for major games by veteran 
community member TobiWanKenobi.  

The website was made specifically for Dota 2, so the 
results of how it compares to the other forums will be 
interesting. Chart 2.4A shows the results of a cross 
analysis between samples who selected JoinDota.com 
and other websites. 

 

Chart 2.4A: A comparison between the users who selected 
JoinDota.com (N=791) and other forums. 

As the results from Chart 2.4A show, there is, again, a 
strong relationship between JoinDota.com and 
PlayDota.com, with Gosugamers.net, Dota 2 Reddit and 
Dotalicious following behind.  

Next, we will analyze the average player experience of 
JoinDota.com members who participated in this 
questionnaire. Chart 2.4B shows the results of this.  

 

Chart 2.4B: A Comparison between the users who 
selected JoinDota.com (Dataset 1) and years of DotA 
experience. 

Based upon this sample, the results show that 
JoinDota.com’s community has 5 years of DotA 
experience on average. Thus, based upon the results 
from Chart 2.3A, there is an even stronger relationship 
between the PlayDota.com and JoinDota.com 

communities in terms of cross-participation between 
communities, as well as their years of DotA experience.  

GosuGamers.net 
GG.net, or GosuGamers.net, was established in 2002 as 
a competitive website that chains across many titles. 
Other than Dota 2, the website discusses news in both 
the developmental and competitive scene for many 
different games. The website includes a forum section 
where players can discuss different aspects of the game. 
The website also caters to a very International audience, 
tracing competitive trends through the top teams in many 
countries. 
  
Considering GosuGamers.net caters to games other 
than Dota 2, it is no surprise that the number of samples 
gathered from the website is relatively small. Chart 2.5A 
shows the results of a cross analysis between samples 
who selected GosuGamers.net and other websites. 

 

Chart 2.5A: A comparison between the users who selected 
JoinDota.com (N=364) and other forums. 

As the results from Chart 2.5A show, there is a strong 
relationship between GosuGamers.net and 
JoinDota.com, with PlayDota.com following closely 
behind. GG.net’s relationship with the Dotalicious and 
Dota 2 Reddit communities is about even. 

Next, we will analyze the average player experience of 
GosuGamers.com members who participated in this 
questionnaire. These results should be interesting 
considering the age of GG.net compared to the other 
sites. Chart 2.5B shows the results of this. 

 

Chart 2.5B: A Comparison between the users who 
selected GosuGamers.net (Dataset 1) and years of DotA 
experience. 



Based upon this sample, the results show that 
GosuGamers.net’s community has 6 years of DotA 
experience on average.  

Dotalicious-Gaming.com 
When it comes to a website dedicated specifically to 
DotA, DotAlicious-Gaming.com comes to mind. This 
website offers many features unavailable to other DotA 
websites. One of these features is a portal to play a 
game of DotA (1) with other Dotalicious members. On 
top of that, the website offers a forum, skill league, clan 
league, vouch league, and a shop. 

It can safely be said that DotAlicious-gaming.com caters 
to getting players to play together and socialize, rather 
than offering fundamental DotA information. Chart 2.6A 
shows the results of a cross-analysis between samples 
who selected DotAlicious-gaming.com and other 
websites.

 

Chart 2.6A: A comparison between the users who selected 
DotAlicious (N=171) and other forums. 

As the results from Chart 2.6A show, there is a strong 
relationship between Dotalicious and JoinDota.com and 
PlayDota.com, with Gosugamers.net following close 
behind.  

Next, we will analyze the average player experience of 
DotAlicious-gaming.com members who participated in 
this questionnaire. Chart 2.6B shows the results of this.  

 

Chart 2.6B: A Comparison between the users who 
selected DotAlicious and years of DotA experience. 

Based upon this sample, the results show that 
Dotalicious-gaming.com’s community has 5 years of 

DotA experience on average. Thus, based upon the 
results from Chart 2.6B, giving it a community on par 
with Playdota.com and Joindota.com in terms of 
experience. 

Dota 2 Reddit 
Reddit is an online community where users vote on 
content submitted by other members. This content could 
be an image, video, web article, or something else that 
can be found online. The Dota 2 sub-Reddit is where the 
Dota 2 community interacts. The range of content 
expands from replays to forum posts and has over 
34,414 users.  
 
The results of how the Reddit community interacts with 
other websites should be interesting. Chart 2.7A shows 
the results of a cross-analysis between samples who 
selected Dota 2 Reddit and other websites. 
 

 

Chart 2.7A: A comparison between the users who selected 
Dota 2 Reddit (N=282) and other forums. 

As the results from Chart 2.7A show, there is a strong 
relationship between Dota 2 Reddit and JoinDota.com 
and PlayDota.com, with Gosugamers.net and 
DotAlicious following behind. 

Next, we will analyze the average player experience of 
the Dota 2 Reddit community members who participated 
in the questionnaire. Chart 2.7B shows the results of this 
analysis. 

 

Chart 2.7B: A Comparison between the users who 
selected DotA 2 Reddit and years of DotA experience. 



 Based upon this sample, the results show that Dota 2 
Reddit’s community has 3 years of DotA experience on 
average. Thus, based upon the results from Chart 2.7B, 
the Dota 2 Reddit is the youngest community in 
comparison with other websites. It also has the highest 
sample percentage for players with under a year of DotA 
experience, followed by Playdota.com (by a large 
margin).  

Results 
The results of these five studies show that the Dota 2 
online community has an average of about four to five 
years of DotA experience. The frequency at which these 
samples actually played DotA itself is unknown.  
 
The PlayDota.com and JoinDota.com communities 
appear to share a lot in common in terms of community 
experience and website interaction.  
 
All of the websites besides DotAlicious-gaming.com 
have a higher userbase of 0 years of experience 
compared to 1 year of experience. Those who fall under 
the ‘0 years of experience’ category may be considered 
as new players.  
 
Therefore, DotAlicious-Gaming.com caters more 
towards a veteran crowd that’s more familiar with DotA. 
 
Dota 2 Reddit caters to the most new players, which 
makes sense in many respects. The website draws in 
plenty of new players as it is a more recent source for 
gaming news. Experienced Reddit users who are 
interested in DotA could join the sub-Reddit to 
understand Dota 2 memes, gameplay, the competitive 
scene, or just information about the community in 
general.   
 
Playdota.com and Joindota.com gathered the highest 
amount of samples compared to the other websites. 
Considering the interaction they had with the other 
websites across each analysis, it can be implied that 
they are the most popular Dota 2 websites.  
 
The reasons for this might be understood through further 
research in sections 2B, 2C and 2D.  
 
Implications 
The implications from Section 2A are listed as follows: 
 
1. Joindota.com and Playdota.com are the two most 
popular websites catering to the DotA community. 
 
2. The Dota 2 sub-Reddit serves the younger DotA 
audience more than the other websites analyzed in this 
study.  
 
3. GosuGamers.net serves the more experienced, older 
DotA community over the less experienced, younger 
community. 
 
4. The average sample in this study has a DotA 
experience of 5 years. 

Issues with this study 
The potential problems with this study are listed as 
follows and must be addressed while discussing the 
implications. 
 
1. There was no question in The Dota Experiment 
Community Analysis that addressed the frequency of 
DotA experience over the years of plotted experience. 
For example, some players who put 5 years may have 
accumulated over 2,000 hours of DotA play-time, while 
another may have accumulated only 200 hours.  
 
2. Even samples were not collected across the different 
websites. All this means is that simply proclaiming a 
website as the ‘Most Popular’ or ‘Least Popular’ cannot 
be determined simply by sample number. However, the 
cross-analysis between the different websites may be 
used to reach such an implication. 
 
Further Studies 
After this study, a similar study will be carried out to 
understand how often the users of these different forums 
interact with the Dota 2 brand. For example, how often 
does the average PlayDota.com member interact with 
their community? That is just one of the questions that 
will be answered.  
 
Studies in section 2C and 2D will also stem off of this 
sections research combined with the results found in 
section 2B. Finally, by using the data found in other 
studies, the typical user affect of each website can be 
understood by how they communicate in-game. 
 
Conclusion 
Section 2A was used as an introduction to 
understanding the different websites that cater to the 
DotA audience, and how they interact with each other. It 
seems as if Playdota.com users and Joindota.com users 
interact the most with other websites, and vice-versa. 
The youngest Dota 2 crowd interacts with the Dota 2 
sub-reddit compared to the other websites. 
 
The other studies that branch off of the results should 
help to understand the social attitudes of each web-site 
and how they interact with the Dota 2 brand. 
 

 

 

 

 

 

 

  



 

 
Abstract 
Social networking has always been an important element of the Defense of the Ancients community . 
Websites like Dota-Allstars.com (now Playdota.com) have given players the opportunity to suggest ideas for 
DotA while communicating and making friends with the rest of the community. Some players have even 
constructed a fan-base through videos, comics, blogs and more. The previous article helped identify and 
compare some of the major DotA community websites. These included: Playdota.com, Joindota.com, 
GosuGamers.net, DotAlicious-gaming.com and the Dota 2 Sub-Reddit. The way the community members of 
each website communicate with each other can help to understand what each website is all about. For 
example, perhaps members of one website are more likely to purchase cosmetics than others. Maybe one 
website has a much more social community than another. Or, perhaps some players go to one website over 
others for the sole purpose of learning more about DotA. This article will help to answer these questions and 
identify implications that can be used for future studies. 
 

 

 

  



Discussion 

In order to gather information pertaining to user 
interaction on different forums, a questionnaire named 
“The DotA Experiment Community Analysis” was 
launched to gather samples. This 98-point questionnaire 
addressed community participation within the websites 
they different visit. Players old and new participated in 
this study at an international level.  
 
The importance of this analysis is to help understand the 
community of each DotA forum/website. How involved 
are it’s community members and to what extent? Why do 
users visit them? What resources do they offer that 
others don’t? 
 
To understand this, we first have to understand how  
involved in the forums the total sample actually is. Chart 
2.8 below shows the results of this question . 
 

 

Chart 2.8: Sample response (N=1073) to Q12: “Do you 
agree that you often visit  this community”  

The results of Chart 2.8 show that the majority of the 
participants within this survey strongly agree that they 
often visit their respective community. This may seem 
obvious considering they found the questionnaire posted 
in their forum to begin with, but that’s beside the point. 

On the flipside, when respondents were asked “Do you 
post your thoughts and opinions about Dota 2?” we got 
different results. Chart 2.9 shows the results of this 
question: 

 

Chart 2.9:  Sample response to Q13. 

As the results show, there is a reverse response to Q13  

compared to Q12. According to Chart 2.9, the majority of 

the sample answered “I do but very rarely” when asked 

how often they post their thoughts and opinions about 

Dota 2. 

 

These results show a small trend pertaining to the Dota 

2 communities. The majority of respondents strongly 

agree that they visit their communities but rarely post 

their thoughts and opinions about Dota 2. 

 

These results lead to a website-specific analysis about 

what websites typically have the most community 

involvement across different axis.  

 

PlayDota.com 

PlayDota.com’s forum has become a popular breeding 

ground for discussion about DotA. Every user has their 

own blog, the forums are decorated across different 

subjects, and the website is relatively well moderated. 

Discussions from different community members range 

across a variety of subjects and newcomers are always 

showing up. 

 

Many players shifting from LoL to Dota 2 have begun 

posting on PlayDota.com about their thoughts and 

opinions about the game. These are usually met with 

responses from community members old and young.  

 

The amount of fan-made media on the website 

generates interest from other members and provides 

room for in-depth discussion through a variety of 

windows.  

 

To understand how PlayDota.com compares to other 

websites, it will be analyzed across the following 

questions: 

 

Q12. Do you agree that you often visit this community? 

Q13. Do you post your comments/opinions about Dota 

2? 

Q14. Do you find information mentioned by the 

community to be helpful? 

Q15. Do you participate within the community to get a 

better understanding of Dota 2?  

Q16. Do you ever buy Dota 2 cosmetics or 

merchandise? 

 

The results to these questions will be compared to 

results found from the other websites, and then analyzed 

to identify trends using the data from section 2A. 

 

 

 



 

First, we will find out how respondents answered 

question 1 who answered Q11 by selecting 

PlayDota.com.  

 

Chart 2.10 shows the results of this analysis: 

 

 

Chart 2.10: PlayDota.com (N=612) community response to 
“Do you Agree that you often visit this community?”  

As the results from Chart 2.10A show, a large portion of 
the PlayDota.com community agree that they often visit 
the website.59.02% strongly agree. 

Now we will compare the results with question 2 who 
answered Q11 by selecting PlayDota.com. Chart 2.10B 
shows the results of this analysis. 

 

Chart 2.10B: PlayDota.com (N=612) community response 
to “Do you post your comments and opinions about Dota 
2?”  

As the results from Chart 2.10B show, the majority of 
PlayDota.com users rarely post their comments and 
opinions about Dota 2 on the forums. Although users 
visit the website often, perhaps they do more reading 
than writing. This can be answered with the following 
questions. 

Next, we will compare the results with question 3 who 
answered Q11 by selecting PlayDota.com. Chart 2.10C 
shows the results of this analysis. 

 

Chart 2.10C: PlayDota.com (N=612) community response 
to “Do you find the product information mentioned in the 
community is helpful?” 
 

As the results show, 87% of the respondents agreed that 
information found in PlayDota.com is helpful when 
understanding the product (Dota 2). Thus, even though 
users rarely post, the vast majority of them still find the 
information on the website helpful and visit it often. 
 
Next we will compare the results with question 4 who 
answered Q11 by selecting PlayDota.com. Chart 2.10D 
shows the results of this analysis.  
 

 

Chart 2.10D: PlayDota.com (N=612) community response 
to “Do you participate within the community to get a better 
understanding of Dota 2?” 
 

The results of this chart show that the majority of 
PlayDota.com members who participated in this survey 
agree that they participate in the community to get a 
better understanding of Dota 2. This does not mean they 
visit the website for that sole purpose, but it is one of the 
reasons. 

Finally, for the sole purpose of understanding the 
consumer trends of PlayDota.com and the other 
websites, we will compare the results with question 5 
who answered Q11 by selecting PlayDota.com. Chart 
2.10E shows the results of this analysis. 

 



 

Chart 2.10E: PlayDota.com (N=612) community response 
to “Do you ever purchase Dota 2 cosmetics or 
merchandise?” 

These results show that about half of the community 
Always to Rarely buy Dota 2 merchandise while the 
other half never do. Considering PlayDota.com has a 
section dedicated specifically to cosmetics, these results 
will be interesting to compare to the other websites. 

JoinDota.com 

As explained in section 2A, JoinDota.com has become a 
sort of database for the competitive Dota 2 scene. The 
website is packed with information pertaining to Dota 2 
including hero guides and streamed games with 
excellent commentary. It also has a Video on Demand 
section where players can watch games to learn or just 
to watch a team compete.  

The forums themselves contain a lot of information about 
Dota 2 and feature competitive players discussing 
different strategies with the community. Branching off of 
the results of 2A, we will try to understand the 
community involvement within JoinDota.com and how it 
compares to the other websites. 

First, we will find out how respondents answered 

question 1 who answered Q11 by selecting 

JoinDota.com.  Chart 2.11A shows the results of this 

analysis.

 

Chart 2.11A: JoinDota.com (N=783) community response 
to “Do you Agree that you often visit this community?”  

As the results show, 61.30% of the JoinDota.com 
community agrees that they often visit this website.  
That is a portion of responses similar to that seen 
on PlayDota.com’s response. (Chart 2.10A) 

Now we will compare the results with question 2 who 
answered Q11 by selecting JoinDota.com. Chart 2.11B 
shows the results of this analysis. 

 

Chart 2.11B: JoinDota.com (N=783) community response 
to “Do you post your comments and opinions about Dota 
2?” 

As the results from Chart 2.11B show, the majority of 
JoinDota.com users rarely post their comments and 
opinions about Dota 2 on the forums. Compared to 
PlayDota.com’s results (Chart 2.10B) it seems more 
members lean to the right side of the chart. Although 
users visit the website often, perhaps they do more 
reading than writing. This can be answered with the 
following questions. 

Next, we will compare the results with question 3 who 
answered Q11 by selecting JoinDota.com. Chart 2.11C 
shows the results of this analysis. 

Chart 2.11C: JoinDota.com (N=783) community response 
to “Do you find the product information mentioned in the 
community is helpful?” 

The results of this analysis show a nearly identical 
response to the results of PlayDota.com’s analysis. 
This increases the integrity of both websites and 
bolsters the implication found in Section 2A that 
Joindota.com and Playdota.com are the two most 
popular websites catering to the DotA community. 



Next we will compare the results with question 4 who 
answered Q11 by selecting PlayDota.com. Chart 2.11D 
shows the results of this analysis.  

Chart 2.11D: JoinDota.com (N=783) community response 
to “Do you participate within the community to get a better 
understanding of Dota 2?” 

The results of this chart show that the majority of 
JoinDota.com members who participated in this survey 
agree that they participate in the community to get a 
better understanding of Dota 2. The percentage is a little 
lower than the results found in PlayDota.com’s analysis. 
(2.10D) This does not mean they visit the website for 
that sole purpose, but it is one of the reasons. 

Finally, for the sole purpose of understanding the 
consumer trends of JoinDota.com and the other 
websites, we will compare the results with question 5 
who answered Q11 by selecting JoinDota.com. Chart 
2.10E shows the results of this analysis. 

Chart 2.11E: JoinDota.com (N=783) community response 
to “Do you ever purchase Dota 2 cosmetics or 
merchandise?” 

These results show that about half of the community 
Always to Rarely buys Dota 2 merchandise while the 
other half never do. The results are nearly identical with 
that of PlayDota.com. 

GosuGamers.net 

GG.net, or GosuGamers.net, was established in 2002 as 
a competitive website that chains across many titles. 
Other than Dota 2, the website discusses news in both 
the developmental and competitive scene for many 

different games. The website includes a forum section 
where players can discuss different aspects of the game. 
The website also caters to a very International audience, 
tracing competitive trends through the top teams in many 
countries. 
  
Considering GosuGamers.net caters to games other 
than Dota 2, it is no surprise that the number of samples 
gathered from the website is relatively small. First, we 
will find out how respondents answered question 1 who 
answered Q11 by selecting JoinDota.com.  Chart 2.12A 
shows the results of this analysis. 

 

Chart 2.12A: GosuGamers.net (N=359) community 
response to “Do you Agree that you often visit this 
community?”  

As the results from Chart 2.12A show, 64.35% of the 
respondents Strongly Agree that they often visit the 
community. This percentage is higher than the results of 
both PlayDota.com (2.10A) and JoinDota.com (2.11A). 

Now we will compare the results with question 2 who 
answered Q11 by selecting GosuGamers.net. Chart 
2.12B shows the results of this analysis. 

Chart 2.13B: GosuGamers.net (N=359) community 
response to “Do you post your comments and opinions 
about Dota 2?” 

As the results from Chart 2.12A show, 35.99% of the 
respondents answered that they ‘Sometimes’ post their 
comments and opinions about Dota 2. This percentage 
is higher than the results of both PlayDota.com (2.10A) 
and JoinDota.com (2.11A). 



Next, we will compare the results with question 3 who 
answered Q11 by selecting GosuGamers.net. Chart 
2.12C shows the results of this analysis.

 

Chart 2.12C: GosuGamers.net (N=359) community 
response to “Do you find the product information 
mentioned in the community is helpful?” 

The results of this analysis show a nearly identical 
response to the results of PlayDota.com (2.10C) 
and JoinDota.com’s (2.11C) analysis. So far, the 
three analyzed websites seem to offer a reliable 
source of information. 

Next we will compare the results with question 4 who 
answered Q11 by selecting GosuGamers.net. Chart 
2.12D shows the results of this analysis.  

 

Chart 2.12D: GosuGamers.net (N=359) community 
response to “Do you participate within the community to 
get a better understanding of Dota 2?” 

The results of this chart show that the majority of 
GosuGamers.net members who participated in this 
survey agree that they participate in the community to 
get a better understanding of Dota 2. The percentage is 
a little higher than the results found in PlayDota.com’s 
analysis (2.10D) and JoinDota.com’s analysis (2.11D) 
This does not mean they visit the website for that sole 
purpose, but it is one of the reasons. 

Finally, for the sole purpose of understanding the 
consumer trends of GosuGamers.net and the other 
websites, we will compare the results with question 5 

who answered Q11 by selecting GosuGamers.net. Chart 
2.10E shows the results of this analysis. 

 

Chart 2.12E: GosuGamers.net (N=359) community 
response to “Do you ever purchase Dota 2 cosmetics or 
merchandise?” 

These results show that about half of the community 
Always to Rarely buys Dota 2 merchandise while the 
other half never do. The results are nearly identical with 
that of PlayDota.com (2.10E) and JoinDota.com (2.11E). 

DotAlicious-Gaming.com 

When it comes to a website dedicated specifically to 
DotA, DotAlicious-Gaming.com comes to mind. This 
website offers many features unavailable to other DotA 
websites. One of these features is a portal to play a 
game of DotA (1) with other Dotalicious members. On 
top of that, the website offers a forum, skill league, clan 
league, vouch league, and a shop. 

It can safely be said that DotAlicious-gaming.com caters 
to getting players to play together and socialize, rather 
than offering fundamental DotA information. First, we will 
find out how respondents answered question 1 who 
answered Q11 by selecting JoinDota.com.  Chart 2.13A 
shows the results of this analysis.

 

Chart 2.13A: DotAlicious-Gaming.com (N=170) community 
response to “Do you Agree that you often visit this 
community?”  



Compared to the results from the other studies, 
DotAlicious-Gaming.com has a slightly lower agreement 
rating for Q12. 59.41% is still a huge amount, and 
despite the small sample size, it still shows a dedicated 
fan base for a website that they can play DotA through 
with other community members.  

Now we will compare the results with question 2 who 
answered Q11 by selecting DotAlicious-Gaming.com. 
Chart 2.13B shows the results of this analysis. 

 

Chart 2.13B: DotAlicious-Gaming.com (N=170) community 
response to “Do you post your comments and opinions 
about Dota 2?” 

The results show a similar trend to that seen in the 
previous analyses.  However, DotAlicious-Gaming.com 
has the lowest rating for responses under ‘I never do’. 
This means that the website has the most involved 
community compared to the previous websites. It is a 
place of discussion for a tight-knit community. 

Next, we will compare the results with question 3 who 
answered Q11 by selecting Dotalicious-Gaming.com. 
Chart 2.13C shows the results of this analysis. 

 

Chart 2.13C: DotAlicious-Gaming (N=170) community 
response to “Do you find the product information 
mentioned in the community is helpful?” 
 

Compared to the other websites addressed in this study, 
DotAlicious-Gaming.com community members find the 
information mentioned about Dota 2 to be a little less 
helpful on their respective website. However, since it’s 

numbers rank above 80% agreement, it can still be 
considered a helpful source for Dota 2 information. 

Next we will compare the results with question 4 who 
answered Q11 by selecting DotAlicious-Gaming.net. 
Chart 2.13D shows the results of this analysis.  

 

Chart 2.13D: DotAlicious-Gaming.com (N=170) community 
response to “Do you participate within the community to 
get a better understanding of Dota 2?” 

Compared to the other websites addressed in this study, 
DotAlicious-Gaming.com community members 
participate less in the community to better understand 
Dota 2. However, since the website is geared more 
towards the DotA (1) audience, these results are very 
understandable. 

Finally, for the sole purpose of understanding the 
consumer trends of DotAlicious-Gaming.com and the 
other websites, we will compare the results with question 
5 who answered Q11 by selecting DotAlicious-
Gaming.com. Chart 2.13E shows the results of this 
analysis.

 

Chart 2.13E: DotAlicious-Gaming.com (N=170) community 
response to “Do you ever purchase Dota 2 cosmetics or 
merchandise?” 

These results show that about half of the community 
Always to Rarely buys Dota 2 merchandise while the 
other half never do. The results are nearly identical with 
that of PlayDota.com (2.10E), JoinDota.com (2.11E) and 
GosuGamers.net (2.12E). 



Dota 2 Reddit 

Reddit is an online community where users vote on 
content submitted by other members. This content could 
be an image, video, web article, or something else that 
can be found online. The Dota 2 sub-Reddit is where the 
Dota 2 community interacts. The range of content 
expands from replays to forum posts and has over 
34,414 users.  
 
The results of how the Reddit community interacts with 
other websites should be interesting. First, we will find 
out how respondents answered question Q12 who 
answered Q11 by selecting Dota 2 Reddit.  Chart 2.14A 
shows the results of this analysis. 

 

Chart 2.14A: Dota 2 Reddit (N=281) community response 
to “Do you Agree that you often visit this community?”  

Compared to the results from the other studies, 
DotAlicious-Gaming.com has the highest agreement 
rating for Q12 with 66.55% of the participants saying 
they Strongly Agree. Considering the popularity of 
Reddit today, it may be the quickest and easiest way for 
a Dota 2 fan to pick up on news or information- 
especially considering how easy it is to start an account. 

Now we will compare the results with question 2 who 
answered Q11 by selecting Dota 2 Reddit. Chart 2.14B 
shows the results of this analysis. 

 

Chart 2.13B: Dota 2 Reddit (N=281) community response 
to “Do you post your comments and opinions about Dota 
2?” 

As the results from Chart 2.14B show, the response 
trend lays the same for Dota 2 Reddit as it does for the 
other four websites. It actually falls right in the median 
for those who answered ‘I never do’ across all of the 
studies. However, unlike the other four websites- Reddit 
is less of an organized forum, but rather a discussion 
board where new/trending topics are always added. 
Therefore, it definitely one of those read > write 
websites. 

Next, we will compare the results with question Q14 who 
answered Q11 by selecting Dota 2 Reddit. Chart 2.14C 
shows the results of this analysis. 

 

Chart 2.14C: Dota 2 Reddit (N=281) community response 
to “Do you find the product information mentioned in the 
community is helpful?” 

As the results show, there is a major agreement rating 
for Q14. The rating is actually higher than all of the other 
websites. As previously stated, this may be due to the 
quick and easy accessibility of information on Reddit in 
combination with the websites increasing popularity. The 
Dota 2 Reddit community may find the information on 
their respective website to be more helpful than any 
other. 

Next we will compare the results with question Q15 who 
answered Q11 by selecting Dota 2 Reddit. Chart 2.14D 
shows the results of this analysis.  

 

Chart 2.14D: Dota 2 Reddit (N=281) community response 
to “Do you participate within the community to get a better 
understanding of Dota 2?” 



As the results show, there is a 74% agreement rating for 
Q15. The rating is actually higher than all of the other 
websites. As previously stated, this may be due to the 
quick and easy accessibility of information on Reddit in 
combination with the websites increasing popularity. The 
Dota 2 Reddit community may participate in their 
community to get a better understanding of Dota 2 than 
any other website. 

Finally, for the sole purpose of understanding the 
consumer trends of Dota 2 Reddit and the other 
websites, we will compare the results with question 5 
who answered Q11 by selecting Dota 2 Reddit. Chart 
2.14E shows the results of this analysis. 

 

Chart 2.14E: Dota 2 Reddit (N=281) community response 
to “Do you ever purchase Dota 2 cosmetics or 
merchandise?” 

The results of Chart 2.14E show that Dota 2 Reddit members 
have the highest consumer trends across all of the other 
websites addressed in this study by a fairly large margin. By 
comparing the results to JoinDota.com (2.10E), PlayDota.com 
(2.11E), GosuGamers.net (2.12E), and DotAlicious-
Gaming.com (2.13E) it is easy to see the difference in 
consumer responses. Perhaps Dota 2 Reddit is just a better 
window for displaying Dota 2 cosmetics in a quick, easy and 
accessable fashion. 

Results 
The results of Section 2B span across a variety of 
dimensions to raise implications about the different Dota 
2 community websites. The results show an over-all 
balance in results between PlayDota.com and 
JoinDota.com.   

GosuGamers.net community members are the most 
likely to post their comments and opinions about Dota 2 
on the websites forum. Considering the website covers a 
variety of other games besides Dota 2, it is no wonder 
the users are so willing to share their opinions. The 
website is built for it, as it’s been around since 2002. The 
website also serves the most experienced/oldest 
members compared to the other websites- meaning the 
arguments and discussions are shared among a crowd 
who knows what they are talking about. 

The results from DotAlicious-Gaming.com do not show 
any outstanding results. However, the members do post 

their comments and opinions nearly as much as those 
on GosuGamers.net. Aside from that, the two websites 
rate about equal across all levels. 

Finally, Dota 2 Reddit has the strongest agreement 
across all levels besides Q13. (comments and opinions) 
In the discussion, we mentioned how the ease and 
accessibility of acquiring information pertaining to Dota 2 
through Reddit contributes to its popularity. However, 
Dota 2 Reddit also has the youngest community within 
their sample. Thus, it can be inferred that with the less 
experienced members of the DotA community, combined 
with the ease and accessibility of Reddit, its popularity 
may be due to it being the most familiar source of Dota 2 
information for new players. 

Implications 
There are a few important implications that can be 
derived from the results of this study. 

1. GosuGamers.net and DotAlicious-Gaming.com 
cater the most to an older DotA community who 
are more likely to post their thoughts and 
opinions about Dota 2, and are likely to find the 
information found on their website to be helpful.  

2. Playdota.com and Joindota.com remain similar 
across all aspects, which increases their 
relationship. 

3. Dota 2 Reddit is the most sought out and helpful 
website about Dota 2, especially for new 
players. Dota 2 Reddit users are also more likely 
to buy cosmetics. 

Issues with this Study: 
The potential problems with this study are listed as 
follows and must be addressed while discussing the 
implications. 
 
1. Q11, which asked participants to list the communities 
they belonged to, accepted more than one answer. This 
means that the results of this study are more subjective. 
This also means that the smallest margins across the 
results must be taken into consideration. 
 
2. Even samples were not collected across the different 
websites. All this means is that simply proclaiming a 
website as the ‘Most Helpful’ or ‘Least Helpful’ cannot be 
determined simply by sample number. However, the 
cross-analysis between the different websites may be 
used to reach such an implication. 
 
Further Studies 
After this study, a similar study will be carried out to 
understand how often the users of these different forums 
communicate with each other both in-game and out. For 
example, how often does the average player interact 
with other community members? That is just one of the 
questions that will be answered.  
 
Studies in section 2C and 2D will also stem off of this 
sections research combined with the results found in 



section 2A. Finally, by using the data found in other 
studies, the typical user affect of each website can be 
understood by how they communicate in-game. 
 
Conclusion 
Section 2B was used as a complex analysis of each 
Dota 2 community website. It examined the multiple axis 
of consumer-community interaction in an online medium.  
 
These axes, taken from The Dota 2 Community 
Questionnaire, included. 
 
Q12. Do you agree that you often visit this community? 

Q13. Do you post your comments/opinions about Dota 

2? 

Q14. Do you find information mentioned by the 

community to be helpful? 

Q15. Do you participate within the community to get a 

better understanding of Dota 2?  

Q16. Do you ever buy Dota 2 cosmetics or 

merchandise? 

 
It seems as if Playdota.com users and Joindota.com are 
relatively equal in terms of consumer-community 
interaction.  
 
DotAlicious-Gaming.com and GosuGamers.net have the 
oldest crowd those are more likely to post their thoughts 
and opinions about Dota 2. Besides that- the two rate 
about equal across all levels of analysis.  
 
Dota 2 Reddit members have the highest levels of 
agreement across all axes besides Q13. This was 
projected to be due to Dota 2 Reddit’s easy and 
accessable website which is home to a younger DotA 
crowd. 
 
The other studies that branch off of the results should 
help to understand the social attitudes of each web-site 
and how they interact with the Dota 2 brand. 
  



 
  

 

 
Abstract 
Social networking has always been an important element of the Defense of the Ancients community. 
Websites like Dota-Allstars.com (now Playdota.com) have given players the opportunity to suggest elements 
for DotA while communicating and making friends with the rest of the community. As we saw from section 
2B, the majority of these websites have a community who rarely, if ever, posts their thoughts and opinions 
online. What could this say about how the community interacts in-game? Section 2C is going to analyze the 
communication ratings of the DotA community and will trace trends between in-game communication, online 
forum participation while using the data from section 1 to help understand cross-regional communication 
trends. This article will help to understand the current state of communication frequency within the DotA 
community both in-game and out. 
 

 



Introduction 
Section 1 analyzed our sample and came up with some 
great implications that can be used to understand more 
about our target community. Section 2 has already 
focused on trends within the online communities. Section 
2C will now attempt to understand the frequency of 
communication between members of the DotA 
community, which will hopefully lead to implications 
regarding a correlation between communicative team-
mates and a pleasant in-game experience.  
 
The statistics within this article were all taken from The 
DotA Experiment Community Questionnaire. The 
questions that we will look into include the following: 
 
Q16. Do you communicate a lot with other community 
members? 
Q18. Are you satisfied with the Dota 2 community? 
Q22. Do you usually play Dota 2 with friends? 
Q23. If so, how many friends are usually in your party?  
Q25. How would you rate the average friendliness of 
other players? 
Q26. How would you rate your friendliness to other 
players? 
Q29. On average, how would you rate the 
communication between team-mates in a game of Dota 
2? 
Q30. On average, how often do you experience (trolling, 
flaming, griefing, racism) in a game of Dota 2? 
Q31. On average, how often do you engage in (trolling, 
flaming, griefing, racism) in a game of Dota 2? 
 
Without going too far into detail, we are going to cross 
analyze certain questions to gather statistics that can be 
carried over to other studies. Questions that will be 
compared include: 
 
Q16 and Q22 
Q18 and Q30 
Q23 and Q18 
Q23 and Q30 
Q25 and Q26 
Q30 and Q31 
Q29 and Q30 
Q29 and Q16 
Q29 and Q22 
Q26 and Q30 
Q26 and Q31 
 
Though many other analyses could be carried out, that 
would probably lead to too much clutter within these 
articles. If necessary alternative studies can be carried 
out at a later time.  
 
Discussion 
To begin, let’s start by analyzing the results of Q16 from 
TDEQ. The question asked “Do you communicate a lot 
with other community members?” It’s important to 
remember that this question is referring to community 
members online, rather than in-game. Regardless, we 
can still use the statistics when cross-analyzing them 

with other questions. The results are shown on Chart 
2.15A below: 
 

 

Chart 2.15A: Total sample (N=1091) response to Q16 from TDEQ. 
“Do you communicate a lot with other community members?” 

As the results above show, there is a strong 
disagreement with 74% of the sample (N=803) and 26% 
agreement with 26.42% (N=288) of the sample. We will 
give these two samples names. Those who agreed will 
be referred to as Sample CO (communicates often). 
Those who disagreed will be referred to as Sample DO 
(doesn’t communicate often).  

CO=288 (26%) 
DO=803 (74%) 
 
Next, we will cross-analyze the results with Q22 from 
TDEQ, “Do you usually play Dota 2 with friends?” By 
doing this, we can add more statistics to each sub-
sample.  
 
Before we do anything, let’s look at the results of Q22 
before we cross-analyze them with Q16. Chart 1.15B 
shows the results.

 

Chart 2.15B: Total sample (N=1105) response to Q22 from TDEQ. 
“Do you usually play Dota 2 with friends?” 

Contrary to the results of chart 2.15A, we can see that 
82.90% of our sample agrees with the question (N=916) 
while 17.10% of our sample disagrees (N=189). 
Therefore, it’s expected that we will find a negative 
correlation when cross-analyzing Q16 and Q22. 



Chart 1.15C shows the results of this cross-analysis. 

 

Chart 2.15C: Total sample (N=1091) response to Q16 from TDEQ. 
“Do you communicate a lot with other community members?” 
cross-analyzed between players who play with (N=901) or without 
(N=186) friends. 

As the results show, there is an equal and noticeable 
difference between the two conditions. The left side of 
the graph shows the percentage of sample CO who 
plays w/ (N=245) or w/out (N=41) friends. As you can 
see, there is a 5 point difference between the two. 

The right side of the graph shows the percentage of 
sample DO who plays w/ (N=656) or w/out (N=145) 
friends. Again, there is a 5-point difference between the 
two. 

Therefore, without going too much further we can see a 
relation between the compared data. We can now add 
more statistics to each of our samples. To do this, we 
will label each with a new sub-heading that includes the 
number of participants who A) Communicate often online 
and play with friends, or B) Do not communicate often 
online and do not play with friends: 

CO: 288 
 -Q16 v Q22= 245 
DO: 803 
 -Q16 v Q22= 145 
 
Our new sub-conditions will help to understand the total 
sample even more. What the results above do show is 
that 245 of our participants communicate online and play 
with friends, and 145 of our participants do not 
communicate online and do not play with friends. 
Therefore, the conditional samples are at least more 
balanced than the original subsamples.  
Q18 vs. Q30 
Next, we will analyze the results of Q18: Are you 
satisfied with the Dota 2 community? The results for the 
total sample can be found on chart 2.16.  

 

 

Chart 2.16A: Total sample (N=1097) response to Q18 from TDEQ. 
“Are you satisfied with the Dota 2 community?” 

The results of this chart show a 62.63% (N=687) 
agreement with the question. They also show a 37.37% 
(N=410) disagreement. Like before, we will generate a 
sub-sample for each category. These sub-samples will 
include: 

S (Satisfied): N=687 
NS (Not Satisfied): NS= 410 
  
Next we will cross-analyze these two sub-samples with 
the results from Q30: “On average, how often do you 
experience (trolling, flaming, griefing, racism) in a game 
of Dota 2?” 
 
To do this, we will first look at the total sample results of 
Q30. Chart 2.16B shows the results:

 

Chart 2.16B: Total sample (N=1097) response to Q30 from TDEQ. 
“On average, how often do you experience (trolling, flaming, 
griefing, racism) in a game of Dota 2?” 

The statistics give us an average rating of 6.61 for Q30. 
As we can see, this average lies high above the center 
value of 5. Therefore, it is predicted that there will be a 
positive correlation between sample NS and the results 
from Q30. 

To do this, let’s cross analyze the results of Q18 and 
Q30, with NS being the conditional variable. What we 
are looking for is a much higher response from sample 
NS on the Q30 scale, compared to sample S.  



Chart 2.16C shows the results of this cross-analysis. 

 

Chart 2.16C: Total sample (N=1097) response to Q30 from TDEQ. 
“On average, how often do you experience (trolling, flaming, 
griefing, racism) in a game of Dota 2?” cross-analyzed between 
players who are satisfied(S) (N=687) or not satisfied (NS) (N=410) 
with the Dota 2 community. 

Excellent, these results show exactly what we were 
looking for. As the results show, our NS community 
ranked with a much higher rating above the median, with 
nearly 75% of their responses falling within that 
percentile. Our S community seems scattered but 
definitely falls below our mean (6.61).  

We can now consider the effect that trolling, flaming, 
griefing and racism has on the Dota 2 community based 
upon these results. We have data that players who are 
satisfied experience trolling behavior less than those 
who are not satisfied. 

Q23 vs. Q22 
For the sake of gathering archival data, we will now try to 
determine the average amount of friends those who 
answered ‘Yes’ to Q22 have in their party.  
To do this, all we need to do is look at a data from Q23 
showing the distribution of sample response to how 
many friends they usually have in their party. The results 
are shown on Chart 2.17 

 

Chart 2.17: Total sample (N=974) response to Q18 from TDEQ. “If 
so, how many friends are usually in your party?” 

The statistics show that there is a mean value of 2.31. 
Therefore, we will use (2) as our average number of 
friends joined/party. The standard deviation falls at 0.96, 
meaning that the majority of sample response fell 
somewhere within this range. We can now consider that 
our average party consists of 3 team mates. 

We will now look for any relationship between our three 
team mates who we will label as AT (Average Team) 
and the results of Q30 and Q18. The results of AT vs. 
Q18 is shown below on chart 2.17B 

 

Chart 2.17B conditional sample AT (N=390) vs Q18 “Are you 
satisfied with the Dota 2 community” 

The results show little or no difference between AT and 
the Total Sample. 

Next we will analyze the results of AT vs. Q30. Chart 
2.17C shows the results.

 

Chart 2.17C conditional sample AT (N=390) vs Q30 “On average, 
how often do you experience (trolling, flaming, griefing, racism) in 
a game of Dota 2?” 

Again, there is little to no relationship between AT and 
the total sample for Q30. 

We can now consider that the average amount of team 
mates you have on your team does not have an effect 
on your satisfaction with the community or negative 
experience. 

Q25 vs. Q26 
The next cross-analysis is going to be a really important 
one. We will now look for a difference between the 
samples rating of their friendliness versus the samples 
rating of another player’s friendliness. 
 
First, we will look at the results of Q25 from TDEQ. The 
question asked “How would you rate the average 



friendliness of other players?” participants were given a 
10-point Likert scale where 1 meant very unfriendly and 
10 meant very friendly. The results are shown on Chart 
2.18A. 
 

 

Chart 2.18A: Total sample (N=1097) response to Q25 from TDEQ. 
“How would you rate the average friendliness of other players?” 

The statistics show that the mean rating of the average 
friendliness of other players sits at 4.85 with a standard 
deviation of 1.70.  

We will compare these results with those of Q26 from 
TDEQ. The question asked “How would you rate your 

friendliness to other players?” participants were given a 10-
point Likert scale where 1 meant very unfriendly and 10 
meant very friendly. The results are shown on Chart 
2.18B

 

Chart 2.18B: Total sample (N=1097) response to Q26 from TDEQ. 
“How would you rate your friendliness to other players?” 

The statistics show that the mean rating of how players 
rated themselves sits at 6.84 with a standard deviation of 
1.78. These results lead me to a potential hypothesis. 

“The DotA community members do not trust other 
members and think more highly of themselves.” 

As profound as that hypothesis may seem, the statistics 
from this comparison at least address the trend. We can 
look at similar questions like this to further analyze this 
hypothesis. 

 

Q30 and Q31 
To test the previously stated hypothesis, we are now 
going to look for a difference between the samples rating 
of the frequency that they experience trolling, flaming, 
griefing or racism versus the frequency in which they 
engage in trolling, flaming, griefing or racism. 
 
First, we will look at the results of Q30 from TDEQ. 
(2.16B) This chart told us that the average rating fell at 
6.61.  
 
Next, we will study the results of Q31 from TDEQ. This 
question asked participants “On average, how often do 
you engage in (trolling, flaming, griefing, racism) in a 
game of Dota 2?” Chart 2.19 shows the results of this 
analysis: 
 

 

Chart 2.19: Total sample (N=1097) response to Q31 from TDEQ. 
“On average, how often do you engage in (trolling, flaming, 
griefing, racism) in a game of Dota 2?” 

The statistics show that the mean rating of how players 
rated themselves sits at 3.27 with a standard deviation of 
2.41. Therefore, the comparison between Q30 and Q31 
shows a difference between averages of over 3 points! 

These results may add to my hypothesis and show that 
either player don’t want to admit how often they troll, or 
think so poorly about the community that they rate it to 
be more disrespectful than themselves. 

Q29 and Q30 
The next cross-analysis is going to focus on one of the 
most important questions regarding to this subject, Q29. 
This question asked the participants to rate on a Likert 
scale (1-10) the communication between team-mates in 
a game of Dota 2. We will compare these results with 
Q30 to understand the effect that trolling, flaming, 
griefing and racism have on the communication rating. 
 
First we are going to look at the results of Q29 which can 
be found on Chart 2.20A.  
 



 

Chart 2.20A: Total sample (N=1095) response to Q29 from TDEQ. 
“On average, how would you rate communication between team-
mates in a game of Dota 2?” 

The statistics show that the mean rating of how players 
rated the communication between team-mates in a 
game of Dota 2 sits at 4.21 with a standard deviation of 
1.88. Notice that less than 2 percent of the sample set 
their rating at 9 or 10. 

Now, let’s look back at the results of Q30 (Chart 2.16B) 
which told us how often players have experienced 
trolling, flaming, griefing or racism in a game of Dota 2. 
We found out that these results showed a mean rating of 
6.61.  

By comparing these results we now know that the high 
average rating of experience dealing with trolling, 
flaming, griefing and racism may be responsible for the 
low average communication rating. 

To test this, we are going to run the same cross-analysis 
used on Chart 2.16C. To do this, let’s cross analyze the 
results of Q18 and Q29, with NS being the conditional 
variable. What we are looking for is a much lower 
response from sample NS on the Q29 scale, compared 
to sample S. The results of this cross-analysis are found 
on Chart 2.20B.  

 

Chart 2.20B: Total sample (N=1097) response to Q29 from TDEQ. 
“On average, how would you rate communication between team-
mates in a game of Dota 2” cross-analyzed between sample S 
(N=687) and sample NS (N=410)  

As expected, the results show that sample NS generally 
rate in-game communication to be lower than sample S. 

The difference actually peaks directly at the mean which 
enhances the reliability of this claim.  
 
Therefore, it can be inferred that lower player 
satisfaction can be attributed to low in-game 
communication and high experience frequency when 
dealing with disrespectful behavior.  
 
Q29 and Q22 
 As we did with the previous cross analysis, we are 
going to look at whether or not in-game communication 
rating is effected by users who fell under the CO and DO 
category. Let’s remember that these two sub-samples 
incorporate the following conditions: 
 
CO: (N=245) Communicate often with other community 
members and usually play Dota 2 with friends. 
DO: (N=145) Do not communicate often with other 
community members and usually play Dota 2 without 
friends. 
 
This cross-analysis should let us know whether or not 
communicating with online community members and 
usually playing Dota 2 with a party have an effect on 
communication ratings. 
 
The results of this cross-analysis are shown below on 
chart 2.21 

 

Chart 2.20B: Total sample (N=1097) response to Q29 from TDEQ. 
“On average, how would you rate communication between team-
mates in a game of Dota 2” cross-analyzed between players who 
communicate often (CO) (N=245) or do not communicate often 
(DO) (N=145) with the Dota 2 community. 

As expected, sample DO ranks communication in-game 
to be much lower than sample CO. Notice that over 58% 
of sample DO rated communication below the mean, 
and that 52% of sample CO rated communication below 
the mean. More importantly, the majority of statistics 
above the mid-point (5) are ranked higher by sample 
CO. 2.47% of the sample even rated communication as 
excellent. 

There’s no doubt that the difference is small, but the 
results do hint towards the potential implication that 
those who communicate often with the community tend 
to rate in-game communication as less of an issue. 



For the sake of archival data, we are going to check how 
the sample CO win-rate compares to that of DO. The 
results are shown on Chart 2.20C 

 

Chart 2.20B: Total sample (N=1097) response to Q8 from TDEQ. 
“My win-rate is approximately:” cross-analyzed between players 
who communicate often (CO) (N=245) or do not communicate 
often (DO) (N=145) with the Dota 2 community. 

The results show that sample CO usually ranks higher 
within the 50-75 percentile compared to DO. There’s 
only a small difference within the 60-65 percentile.  

Therefore, these results show that sample CO typically 
has a higher win-rate and rates in-game communication 
to be higher among team mates than those in sample 
DO. 

Q26 vs. Q30/Q31 
This final cross-analysis is going to examine two things. 
 
1) Might a players self-rated friendliness rating be lower 
because of their high frequency of experiences with 
trolling, flaming, griefing or racism? 
 
2) Do players with a low self-rated friendliness rating 
have a higher frequency engaging in trolling, flaming, 
griefing or racism? 

The first thing we are going to do is gather the statistics 
from the three studies mentioned in this cross analysis.  

Q26: Mean self-friendliness rating: 6.74 
Q30: Mean experience with trolling, flaming, griefing or 
racisim: 6.61 
Q31: Mean experience with engaging in trolling, flaming, 
griefing or racism: 3.27 
 
 Therefore, we can expect two results from the cross-
analysis. One, we can expect that those who listed 
themselves with a lower self-friendliness rating also 
listed themselves with a high experience rating of 
dealing with trolling, flaming, griefing or racism. Two, we 
can expect that participants who listed themselves with a 
lower self-friendliness rating also listed themselves with 
a high experience rating of engaging in trolling, flaming, 
griefing or racism. 
 
To test the first hypothesis, we will compare the results 
of Q26 and Q30. The conditional sample (N=621) 
includes participants who rated their frequency of 
experiences with disrespectful behavior above the mean 
(7,8,9,10). Chart 2.21A shows the results. 

 

Chart 2.21A: A comparison between the conditional “trolled” 
sample (N=621) with the total sample (N=1098) when analyzing 
self-rated friendliness. 

Notice how the conditional sample ranks higher all below 
the mean (6.74) of the 1-10 self-friendliness rating? This 
trend shows that the more experience you have with 
trolling, flaming, griefing or racism, the less likely you are 
to be friendly to new players. 

Next we are going to do the same thing except mke the 
conditional sample. The conditional sample (N=377) 
includes participants who rated their frequency of 
engaging in disrespectful behavior above the man 
(4,5,6,7,8,9,10). Chart 2.21B shows the results. 

 

Chart 2.21B: A comparison between the conditional “trolled” 
sample (N=377) with the total sample (N=1098) when analyzing 
self-rated friendliness. 

Again, notice how the conditional sample ranks higher all 
below the mean (6.74) of the 1-10 self-friendliness 
rating? This trend shows that the more experience you 
have with engaging in trolling, the less friendly you are 
likely to rate yourself.  

Therefore, this cross analysis raises a pretty big trend. 
Players who experience trolling are likely to be less 
friendly to new players. Also, players who engage in 
trolling are less likely to be friendly to new players. 
Therefore, there’s a potential hypothesis that a player 
who’s exposed to this behavior may in turn exercise this 
behavior in-game. 



Results 
The results of this study shed light on some major trends 
within the Dota 2 community. Our analysis showed that 
we have data that players who are satisfied experience 
less trolling behavior than those who are not satisfied. 
We were also able to rule out the idea that the average 
amount of team mates you have on your team does not 
have an effect on your satisfaction with the community or 
frequency of experiencing disrespectful behavior. 
 
Furthermore, we now have reason to believe that lower 
player satisfaction can be attributed to low in-game 
communication and high experience frequency of 
experiencing disrespectful behavior. 
 
Those who communicate often (sample CO) typically 
have a higher win-rate and rate in-game communication 
to be higher among team mates than those who do not 
communicate often. (sample DO) This finding supports 
the importance of communication in a game of Dota 2 
and shows how participating more within the online 
community and playing friends has a positive effect on 
playing experience. 
 
We were also able to identify a potential hypothesis: 
“The Dota 2 community members do not trust other 
members and think more highly of themselves.” This 
hypothesis was derived from multiple instances where a 
player would rate themselves higher, and an average 
player lower, in different categories including friendliness 
and engagement in disrespectful behavior. 

Finally, we learned that players who experience trolling 
are likely to be less friendly to new players. Also, players 
who engage in trolling are less likely to be friendly to 
new players. This finding raised a potential hypothesis 
relating to a viral trend. “Engaging in disrespectful 
behavior, and experiencing disrespectful behavior, 
generates less friendly behavior within the community. 

Figuring out how to use this data to help benefit the 
community may lead to some amazing results. 

Implications 
The implications for this study will be boiled down to the 
base, without going through too much detail. The results 
section already explains the majority of the findings 
within this study.  
 
1. Participating in online communities and playing with 
friends may lead to a higher win-rate and better in-game 
experience.  
 
2. Behavior such as trolling, flaming, griefing and racism 
lead to player dissatisfaction with Dota 2. 
 
3. Playing on an organized team does not have an effect 
on player satisfaction or frequency of experience with 
trolling. 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
4. Player satisfaction is linked to in-game communication 
and frequency of experience with disrespectful behavior. 
 
5. The Dota 2 community members are less likely to 
trust other members over themselves in terms of 
friendliness and engagement in trolling experience. 
 
6. Engaging in disrespectful behavior, and experiencing 
disrespectful behavior, may generate a less friendly and 
more disrespectful player. 
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Potential Errors within this study 
The potential problems with this study are listed as 
follows and must be addressed while discussing the 
implications. 
 
1. There was no question in The Dota Experiment 
Community Analysis that addressed the frequency of 
DotA experience over the years of plotted experience. 
For example, some players who put 5 years may have 
accumulated over 2,000 hours of DotA play-time, while 
another may have accumulated only 200 hours.  
 
2. TDEQ was only distributed in English, carrying this 
study out at an international level may yield different 
results.  
 
3. Player response may have been influenced by a 
previous game. This uncontrollable variable should not 
make a difference but should be addressed anyway. 
 
Further Studies 
After this study, a similar study will be carried out to 
understand how player-created content like hero-guides 
have an effect on the community. For example, how 
useful does this sample find hero guides? Have they 
ever felt mislead by a hero guide? How might their 
experience contribute to this? These are just some of the 
questions that will be addressed in the next section.  
 
Also, it would be interesting to conduct a cross-analysis 
between sample self-rated skill-ratings and how they 
compare to sample skill ratings of a random team mate. 
These findings are expected to support my hypothesis 
that players think more highly of themselves than others. 
 
Furthermore, it would be interesting to look for cross-
regional trends between the implications found on this 
study. For example, perhaps one region (i.e. Europe) 
rates communication higher than another. I’m using 
Europe as an example because if you look back at 
section 1D, you will notice that 50% of our sample who 
play on Europe servers only play on Europe servers.  
 
Conclusion 
Part 1C shed light on some extremely important 
implications used to understand the current state of the 
Dota 2 community. Through this research, we have 
identified and analyzed numerous variables that effect 
player experience within the game. These variables 
include online communication, being part of an 
organized team, in-game communication, friendliness, 
community trust and disrespectful behavior plus its viral 
trends.  
 
We have also identified four sub-samples which include 
S (Satisfied), NS (Not Satisfied), CO (Communicate 
Often), DO (Don’t Communicate Often) and AT (Average 
3-man Team). These sub-samples may be repeatedly 
used in the studies to come because their conditions are 
easily identified and may be related across many future 
subjects. 
 

In total, part 1C taught us a lot about the community and 
how they interact with each other. It has shed light on 
two potential hypotheses, and will be extraordinarily 
helpful in section 6. Part 1D will focus on user-made 
hero guides and how other social media may be 
beneficial to the community. 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

  

 

 
Abstract 
Social networking has always been an important element for Defense of the Ancients. Websites like Dota-
Allstars.com (now Playdota.com) have given players the opportunity to suggest elements for DotA while 
communicating and making friends with the rest of the community. Some players have even constructed a 
fan-base through videos, comics, blogs and more.The DotA communities play a major role in Dota 2’s 
development. This section in particular Is going to veer away from statistics in comparison with the previous 
articles. This will be more of a discussion on the current state of user-generated social media for Dota 2. We 
are going to discuss how websites like Facebook, YouTube, PlayDota, DeviantArt and others are 
incorporated into Dota 2’s brand identity. We will also discuss hero-guides which have been an important 
way for players to express their unique strategies and share them among the community. At the same time, 
we will try to understand the effects of misleading hero guides and the effect they have on the community. 
Finally, we are going to discuss how the Dota 2 team embraces user creativity and how their participation in 
the spread of Dota 2 social media plays a role within the current fan-base. This article will help to 
understand what forms of social media have become prevalent methods of increasing the brand recognition 
of Dota 2 among newcomers and veterans alike. How they submerge the community into the Dota 2 world 
will also be understood. 
 

 



Introduction 
Part 2A of section 2 focused on understanding what 
websites in particular are most recognized and utilized 
by the Dota 2 community. We learned that where some 
websites like PlayDota and JoinDota are sought out and 
visited often by the veteran and new DotA community 
alike. Websites like GosuGamers and DotAlicious-
gaming cater to a more experienced crowd. The Dota 2 
sub-Reddit caters to a more social-media savvy 
audience in a simple easy-to-access manner.  
Part 2B helped to understand how these websites 
interact with eachother in terms of fan communication. 
2C focused on over-all communication within the DotA 
community and raised numerous important implications 
through generated statistics from TDEQ. 

Part 2D is going to focus less on statistics and will 
discuss the current state of Dota 2 social media and its 
history. We will also discuss how helpful players 
consider hero-guides to be and whether or not they’ve 
ever felt mislead by them. 

To turn this into more of a case-study, we are going to 
focus on the work of one veteran PlayDota.com member 
in particular, TheBloodseeker. We will also look at how 
DotA community moderators like Wyk spread social 
media to a larger window in the community. Finally, we 
are going to look at DotA’s history with social media by 
studying how the work of Basshunter, DevilsUrethra, 
DotA Cinema, WoDota and many others have influenced 
DotA’s progression into the public spot-light. 

Discussion 
Before we get into anything, let’s break down some 
important statistics early so we can at least understand 
how new and old users feel about user-made hero 
guides. The purpose of these guides is to give a means 
of sharing unique strategies among the community. 
Where some of them have been recognized as superb 
and helpful, others have been considered misleading.  
 
To understand this, we are going to focus on two 
questions from TDEQ. These two questions include: 
 
Q19: Do you find community-submitted guides to be 
helpful? 
Q20: Have you ever felt mislead by a hero-guide.  
 
We will then cross-analyze the results with the following 
questions: 
 
Q2: I have played DotA/Dota 2 for approximately how 
many years? 
Q3: I have played the original DotA for Warcraft 3: 
(RoC/TFT) 
Q14 Do you find that product information mentioned in 
the community is helpful? 
Q15 Do you participate within the community to get a 
better understanding of Dota 2? 
By cross-analyzing the results we can get a better 
understanding of what users have been misled by hero-

guides and the potential effect misleading information 
has had on the community. Some of the variables 
include experience, communication and will understand 
how those users who selected they joined communities 
who learn about Dota 2 rate the reliability of hero guides. 
 
To begin, lets us consider the popular sources of hero-
guides. Reliable and moderated sources include 
PlayDota.com, JoinDota.com, and DotaFire.com. What 
makes these websites reliable is that they are self-
moderated. This means that the community votes on the 
integrity of hero-guides and can basically flush bad 
guides to the bottom of the database.  
 
To begin, let us look at the results of Q19 from TDEQ. 
This question asked users to state whether they agreed 
or disagreed with the following statement: Do you find 
community-submitted guides to be helpful? 
 
The results are shown on Chart 2.22 below:

 

Chart 2.1: Results for question 19 (N=1097). “Do you find 
community-submitted hero guides to be useful?” 

As the results show, there is a major agreement rating at 
78% (N=856) among the sample and a 22% (N=241) 
disagreement rating. This is a huge difference. 

However, let’s now take a look at the results of Q20 from 
TDEQ. This question asked users to state whether they 
agreed or disagreed with the following statement: Have 
you ever felt mislead by a hero guide? 

The results are shown on Chart 2.23 below: 

 

Chart 2.23: Results for question 20 (N=1097). “Have you 
ever felt misled by a hero guide?” 



As the results show, there is nearly an even agreement 
rating. 49.32% (N=541) of the sample agreed with the 
statement and 50.68% (N=556) disagreed with the 
statement.  

As we can see, misleading hero guides may be an issue, 
even though the majority of the sample finds the guides 
to be helpful. Before we do anything else, let’s generate 
two sub-samples that we can identify within a portion of 
the total sample. We will consider these two groups as 
follows: 

Sample GS: 442 (40%) 
Find community-submitted guides to be helpful 
Have never felt mislead by a hero guide. 

Sample GU: 129 (12%) 
 Do not find community-submitted guides helpful. 
 Have felt mislead by a hero guide. 

These two sub-samples tell us that the majority of the 
sample is satisfied with the current state of community-
submitted hero guides. However, Sample GU shows us 
that there is still room for improvement within this 
category. To understand this further, we are going to run 
four cross-analyses to find out what portion of the 
sample may fall into these two sub-samples. 

Q2/Q3 vs. Q19/20 
The first thing we are going to do is see how DotA 
experience may act as a variable within this equation. 
For example, what we do not want to find is that new 
players are the majority of sample GU. 
 
To understand this, we will run a cross-analysis between 
Q2 I have played DotA/Dota 2 for approximately how 
many years? And Q19 Do you find community-submitted 
guides to be helpful?  
 
The results of this cross-analysis are show below on 
Chart 2.24A: 

 

Chart 2.24A. Cross Analysis between Q2 and Q19 from 
TDEQ using sample GS and GU as variables. 

As we can see, the results are pretty much scattered. 
There are not any findings that we can imply with these 
results. However, we are forgetting the sub samples we 
discussed in section 1D, veterans (V) and new players 
(N). We are now going to use two different conditions to 
see if the results vary. 

Sample GSV: Guide Satisfied Veterans 

-Find community submitted guides to be helpful. 
-Have never felt mislead by a hero guide 
-Played the original DotA 
-Have the most experience with the original DotA.  
 
Sample GUO: Guide Unsatisfied Other Title 
 
-Do not find community submitted guides to be helpful. 
-Have felt mislead by a hero guide. 
-Played the original DotA 
-Have the most experience playing another title. 
 
 
The results of this cross-analysis are shown below on 
Chart 2.24B: 

 

Chart 2.24B. Cross Analysis between Q2 and Q19 from 
TDEQ using sample GSV (N=254) and GUO (N=43) as 
variables. 

Despite the small sample for the GUO condition, the 
results show that those of them who have under a year 
of experience (come from another game) are generally 
the most unsatisfied with hero-guides.  

We will leave these statistics as they are for now. 
However, in order to test their integrity, we will use 
reverse conditions.  

Sample GUV: Guide Unsatisfied Veterans 

-Do not find community submitted guides to be helpful. 
-Have felt mislead by a hero guide 
-Played the original DotA 
-Have the most experience with the original DotA.  
 
Sample GSO: Guide Satisfied Other Title 
 
-Find community submitted guides to be helpful. 
-Have never felt mislead by a hero guide. 
-Played the original DotA 
-Have the most experience playing another title. 



 

Chart 2.24C. Cross Analysis between Q2 and Q19 from 
TDEQ using sample GUV (N=74) and GSO (N=151) as 
variables. 

What these results show is interesting and verifies the 
integrity of the previous cross-analyses all together. We 
can see a balance, again, between Veteran and Other 
Title samples. Compared to samples GSV and GUO, we 
can see that there are about 4x more samples in GSV 
(254) compared to GUV (N=74) and 4x more samples in 
GSO (N=151) than GUO (N=43). These results follow 
the trend seen in both Charts 2.21, 2.23 and 2.24A. 

Just for reference, we are now going to compare the 
results of Sample’s GUV and GUO. The results are 
shown on Chart 2.24D below: 

 

Chart 2.24C. Cross Analysis between Q2 and Q19 from 
TDEQ using sample GUV (N=74) and GUO (N=45) as 
variables. 

As the results show, a major portion of Hero-guide 
unsatisfied players from another title fall within under a 
year of experience. The most experienced Veterans who 
are unsatisfied fall within 5-10 years of experience where 
GUO falls within 0-4 years 

With the expansion of Dota 2 into the public spot-light 
and the frequency of new (and possibly uneducated) 
hero-guides sprouting among the internet, it is possible 
that there may need to be more authority behind hero 
guides due to a small (~12%) dissatisfaction among the 
veteran and new community alike. 

 

 

Q19/20 vs Q14/15 
Next, we are going to look for another variable within 
hero-guide dissatisfaction. That variable will be 
communication within the community. For example, do 
those who participate more often within the community 
have better knowledge of what makes a good/bad 
guide?  
 
Let’s start by grasping out two sub-samples from article 
1C. Samples CO (Communicate often) and DO (Do not 
communicate often): 
 
CO=288 (26%) 
DO=803 (74%) 

First, let’s see what portion of our two sub-samples find 
community-submitted guides to be unhelpful and 
misleading. We will cross-analyze these sub-samples 
with Q19. The results of the first analysis can be found 
on Chart 2.25A: 

 

Chart 2.25A: Cross Analysis between Q2 and Q16 from 
TDEQ using sample CO (N=288) and DO (N=803) as 
variables. 

These results show no difference between the two 
conditional variables. Now let’s run a cross-analysis with 
Q14. Question 14 from TDEQ asked participants “Do 
you find that product information mentioned in the 
community is helpful?” What we should find is that those 
who answered ‘No’ to this question should also have 
answered ‘No’ to Q19 “Do you find community submitted 
guides to be helpful?” The results can be found on chart 
2.25B below:  
 



 

Chart 2.25B: Cross-analysis between Q14 and Q19 from 
TDEQ.  Independent Variable = Q19, “Do you find 
community-submitted hero guides to be helpful?” 

For the two conditional variables, Info Helpful (N=938) 
includes participants who find product information on 
websites helpful. Info Not Helpful (152) includes 
participants who do not find product information on 
websites helpful. As you can see, despite the sample 
size difference, those who find product information on 
websites helpful are much more likely to find hero guides 
helpful. 

This leads me to believe that the integrity of a web-site is 
parallel with its ability to teach a community. 

To verify this, let’s run the same cross-analysis with 
Q20, “Have you ever felt misled by a hero-guide?” Chart 
2.25C below shows the results: 

 

Chart 2.25C: Cross-analysis between Q14 and Q19 from 
TDEQ.  Independent Variable = Q19, “Do you find 
community-submitted hero guides to be helpful?” 

For the two conditional variables, Info Helpful (N=937) 
includes participants who find product information on 
websites helpful. Info Not Helpful (151) includes 
participants who do not find product information on 
websites helpful. As you can see, despite the sample 
size difference, those who find product information on 
websites helpful are much more likely to have less of a 
chance of feeling misled by a hero-guide.  

This leads me to my next hypothesis: 

The integrity of a web-site is parallel with its ability to 
teach a community. 

Next, let’s do the same cross-analyses with Q15: Do you 
participate within the community to get a better 
understanding of Dota 2? We will first cross-analyze 
these sub-samples with Q19. These results should let us 
know if those who visit the communities to understand 
Dota 2 find the hero guides helpful. The results of the 
first analysis can be found on Chart 2.26A: 
 

 

Chart 2.25B: Cross-analysis between Q15 and Q19 from 
TDEQ.  Independent Variable = Q19, “Do you find 
community-submitted hero guides to be helpful?” 

For the two conditional variables, Participate To 
Understand (N=690) includes participants who find 
product information on websites helpful. Not Participate 
To Understand (401) includes participants who do not 
find product information on websites helpful. As you can 
see, those who visit these community websites to learn 
and understand more about Dota 2 usually find the hero-
guides more helpful than those who go there, let’s say, 
to critique the guides. 

This leads me to believe that the integrity of a website 
with the intention of teaching a community is more likely 
to have a community that’s willing to learn and submit 
better hero-guides. 

 



To verify this, let’s run the same cross-analysis with 
Q20, “Have you ever felt misled by a hero-guide?” Chart 
2.25C below shows the results: 

 

Chart 2.25C: Cross-analysis between Q15 and Q19 from 
TDEQ.  Independent Variable = Q19, “Have you ever felt 
misled by a hero guide?” 

As we can see, there is the smallest difference between 
sample PTU (N=690) and NTU (401) but a difference 
none-the-less. The results show that those who 
participate in these communities to understand more 
about Dota 2 are less likely to be misled (most likely 
because they have learned enough to recognize a bad 
guide) than those who do not participate in the 
communities to understand.  

We not have reason to believe that experience and 
willingness to learn are two variables behind community 
perception of hero-guides, to a small ~12% extent.  

Moving on… 
Now we are going to shift far away from statistics and 
discuss the topics explained in the introduction- social 
media. Social media has always played a huge role in 
Dota 2’s brand identity, about as much as Social 
Networking. The two really go hand in hand.  
 
Let’s look back at what was perhaps one of the greatest 
pieces of social media for the expansion of DotA brand 
awareness. In 2006, singer, producer and DJ Jonas 
“Basshunter” Altberg released a track named DotA. The 
track became so popular that it reached the top charts in 
2006 in Finland, Norway, Sweden, Denmark and the 
U.S.  
 
The song was a hit which content-wise, spoke directly to 
the DotA community, and was composed so well that it 
went viral. DotA became hot, the acronym clicked, 
people danced to it, DJ’s remixed it and the brand 
identity, image and recognition was enhanced to levels 
many indie developers could only dream of. 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
To me, Basshunter basically set the standard for DotA 
social media really, really high. Smaller, more 
independent musical artists put a different spin on DotA 
music. One of these artists included DevilsUrethra who 
produced music parallel with the dark-side of DotA. It 
was gritty and intense rap with every lyric directed 
towards the DotA community.  
 
Recently, he has made his way back into the Dota 2 
community by releasing his new track “Smack em’ Up”. 
The track was cleaner, catchier, and an amazing way for 
a veteran social-media producer to blast his way back 
into the community. Though his music never went as far 
as Basshunter’s, it has still been an icon within the 
community that promotes the more hard-core and edgy 
side of the community. 
 
Music is just one way the community interacts with the 
DotA brand, and improves it. The quality of the work is 
really amazing.  
 
Next, we are going to discuss the different platforms  
DotA social media is found on and how it is distributed. 
Without going into too much detail, I will list some of 
these websites and give a brief description. 
 
1) PlayDota.com- The official DotA website that hosts 
digital content including video’s, artwork, comics and 
more. The community may vote on uploaded material 
and submit their own. 
2) Youtube.com- Perhaps the most well-known video 
streaming website. Numerous DotA-related video 
producers use Youtube for distribution. These include 
DotaCinema, WoDota and many more. 
3) Reddit.com- Defined earlier as perhaps the most 
accessible and user-friendly DotA website. Users can 
submit media and vote on uploaded content. 
4) DeviantArt.com- A portal for hosting amazing artwork 
created by DotA fans. This artwork is usually of 
extremely high quality and is distributed often by 
moderators to the public. 
5) Facebook.com- Numerous DotA-related fan pages 
have been started through Facebook and their fan-base 
is always increasing. Facebook’s an easy portal to share 
content with a massive audience. 
 
Though there are others, these are some of the main 
web-sites that come to mind. 
 

Basshunter (LOL) Chart (2006) 
Peak 

position 

Finland Albums Top 40 4
[1]

 

Norway Albums Top 40 19
[2]

 

Sweden Albums Top 60 5
[3]

 

Denmark Albums Top 40 3
[4]

 

U.S. Billboard Dance/Electronic Albums 24
[5]

 

http://en.wikipedia.org/wiki/LOL_(%5E%5E,)#cite_note-0
http://en.wikipedia.org/wiki/LOL_(%5E%5E,)#cite_note-1
http://en.wikipedia.org/wiki/LOL_(%5E%5E,)#cite_note-2
http://en.wikipedia.org/wiki/LOL_(%5E%5E,)#cite_note-3
http://en.wikipedia.org/wiki/LOL_(%5E%5E,)#cite_note-4


How do your rage comics relate to 
your thoughts or feelings about the 
DotA community? 

The DotA Community has two faces. 
Once face is the avid learner getting 
excited by trying new things and asking 
for help. The other is a grumpy old 
man; mad at the world for being 
mediocre and slapping kids for being 
puerile. 

The DotA community is the most sour 
and distrusting community I’ve ever 
experienced, willing to insult you the 
minute you do something wrong, and 
yet I love it.  

Apparently a game where you win 
based on the chance your team is not 
completely incompetent is a hard game 
to win 

My rages have nothing in reflection to 
the DotA community. They are based 
on real events within a DotA game, 
none are actually made up. In fact, if 
you read all the comments, you will 
find some are replies from players in 
those games getting mad i drew a 
comic about them 

Case Study: TheBloodseeker 
Next we are going to form a case-study based on the 
community involvement of one member in particular: 
TheBloodseeker. TBS represents your veteran social-
media content creator directed and understood by the 
majority of the Dota 2 public and new players alike. His 
work is funny, classic and original. He has created a fan-
base with his original creations and has pushed his 
personal brand identity from PlayDota.com to Youtube 
and more.  
 
We will look at some of TheBloodseeker’s work and 
discuss why it helps the community, why it might not 
help the community and what makes his brand so 
unique.  
 
One of TheBloodseeker’s most famous collections is his 
“Rage Comics”. These comics portray different in-game 
scenarios that make most players want to break their 
keyboards. The following comic is one of his most 
popular creations. The comic itself generated a meme of 
its own and generated many effects within the 
community. One, it let the community know that they are 
not the only ones who experience this sort of situation. 
Two, and most importantly, it helped new players 
understand what not to do. These are the two elements 
that make TheBloodseeker’s work so effective. 

 

Thus far, his portfolio has over 65,000 hits and over 600 
responses on his PlayDota.com thread alone. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Another way TheBloodseeker interacts with his audience 
is through his Youtube page. As of now, he’s generated 
an audience on 91 subscribers with 32,059 video hits 
total. Unlike his rage portfolio, his Youtube is not 
specifically geared towards DotA. Though he does have 
a casting series named “Bloodcast”, where he 
commentates on games. The majority of his video’s 
cover other trends like Magic The Gathering, MLP:FIM, 
Skyrim, Meme/Animation-related content, and personal 
videos showing off his lifestyle. 

Community Spotlight 

TheBloodseeker 

http://www.playdota.com/forums/showthread.php?t=26035


This goes to show that DotA’s expansion between 
different social-media windows can gather a dedicated 
fan-base of old and new members. However, the most 
important thing about TheBloodseeker’s work is that it’s 
not only hilarious, but it’s educational for the new 
community. 

 
Case Study: CyborgMatt 
Next, we are going to discuss another popular 
community icon named CyborgMatt. 
 
CyborgMatt has generated an audience solely on his 
ability to break down every DotA update to the roots. 
What this means is that whenever an update is released 
by Valve, CyborgMatt’s blog has become the reliable 
source to find new content within the patch.  

For example, he may post a list of unreleased 
cosmetics, hero portraits, hero quotes, hints towards 
future content and more. The most important aspect of 
his blog is that it is trusted. It’s organized without the 
bells and whistles, and shows visitors exactly what they 
expect.  

CyborgMatt’s growth as an independent blog developer 
into one of the most trusted names in the DotA 
community is what makes his work so remarkable. Like 
TheBloodseeker, he has built his brand around a specific 
Dota 2 icon (Furion) which easily associates his work 
with the Dota 2 brand identity. 

 

CyborgMatt’s content helps the Dota 2 community stay 
up-to-date with the latest content released by Valve. It is 
a trusted source that fits directly with the DotA brand. It’s 
cool, simple, and original with an edge. These are the 
potential elements that make DotA social media so 
successful. Like TheBloodseeker, CyborgMatt 
represents the typical DotA player. 

Case Study: Wyk 
Now that we know a lot about how community members 
get involved with Dota 2 social media, let’s discuss who 
spreads the media itself- the leaders.  
 
Using Wyk as an example, we will discuss how he uses 
facebook to share beautiful fan-made content with the 

rest of the community. First of all, Wyk’s Facebook fan-
page includes plenty of original artwork of his own. 
Whenever a new hero is released, he submit a uniform 
portrait for his fans to download. Let’s take a look at his 
most recent one for Templar Assassin: 
  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
There are dozens more of these images uploaded by 
Wyk which include not only hero portraits, but item 
portraits as well. His ability to generate brand interest 
and awareness through these windows is what makes 
him so unique. Furthermore, Wyk distributes high-quality 
fan-made content through his Facebook page as well. 
 
What’s amazing about this is his role as a leader. He is a 
trusted community member with a deep history in the 
community. He relates to the veteran community while 
promoting creativity throughout. Here’s an example of a 
piece of fan-made artwork he displayed through his 
Facebook:  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Finally, Wyk’s brand holds true with the previous 
examples. It’s cool, simple, and original with an edge. 
Most importantly, it’s reliable. Outside of Facebook, he 
also has a personal blog where users can find his insight 
on different patch updates and other news, as well as a 
YouTube channel which shares the same 
characteristics.. 



Case Study: WoDota 
Now we will briefly discuss two Youtube-based DotA 
video producers. The first is WoDota.  
 
WoDota represents the classic DotA community and 
keeps itself dedicated to them. It’s extremely popular for 
many reasons and represents the powerful brand image 
that DotA has built for itself.  
 
What WoDota offers is an international showcase of 
weekly user-submitted content. The content may include 
‘best plays’ or ‘funniest moments’. There’s a top-10 
biggest plays video every week which shows dedication 
to its craft. 
 
One of the other things that makes WoDota so appealing 
is that it caters to an international audience. The videos 
it displays may come from a US, European or Canadian 
player. It embraces every culture which is another 
important aspect of the DotA brand. Recently, it has 
expanded to Dota 2 content, which will bring in a whole 
new audience. 
 

Case Study: DotACinema 
Contrary to WoDota, DotACinema caters more towards 
the Dota 2 community as a while. It reaches across all 
windows of distributing it’s content including: 
DotaCinema.com, Facebook, YouTube and PlayDota.  
 
The website itself caters to user-generated content like 
funny videos or epic moments. Outside of hosting user-
generated content, DotACinema also creates series of 
its own content. These productions may include short 
and concise hero guides, Dota 2 cosmetic showcases 
and much more.  
 
As discussed in the first part of this article, hero guide 
reliability seems to be an issue. What DotACinema does 
is it boils things down to the basics and offers the new 
community a very simple way to look at every new hero.  
 
Like the other examples, DotACinema carries the typical 
brand image shared by the most successful DotA social 
media producers. It’s DotA-related, cool, simple and 
original. At the same time it communicates information to 
new and old players alike and encourages creativity 
within the community. 
 
These two websites help generate social media and 
bring brand awareness to the greater gaming 
community. The grade-A quality of their work really 
shows off the power within the community. 
 
 
 
 
 
 
 
 
 
 

Results 
Though the majority of this article is opinion-based, we 
can still discuss the statistical results from the beginning 
and how they relate to the social media discussion. 
 
The results of our cross-analyses between satisfied and 
unsatisfied players with their beliefs on the reliability of 
hero-guides showed little to no correlation. However, 
when we looked at how new and veteran players 
approach this subject, the results varied. We came to the 
conclusion that with the expansion of Dota 2 into the 
public spot-light and the frequency of new (and possibly 
uneducated) hero-guides sprouting among the internet, it 
is possible that there may need to be more authority 
behind hero guides due to a small (~12%) dissatisfaction 
among the veteran and new community alike. 
 
We also noted that websites like DotACinema.com 
display reliable hero-guides in a concise and helpful 
manner without giving out too much information.  
 
Furthermore, we learned that players who visit DotA 
community websites to learn or to understand more 
about Dota 2 are usually more satisfied with hero guides. 
We discussed how this may be due to the fact that users 
who visit a community website to learn will usually take 
in enough information to understand the difference 
between a good and a bad guide.  

Finally the results of the statistics in total shed light on a 
new hypothesis: The integrity of a website with the 
intention of teaching a community is more likely to have 
a community that’s willing to learn and submit better 
content. (i.e. hero guides) This hypothesis challenges 
websites with non-moderated content, which can be 
considered misleading. 

Finally, we discussed what makes DotA social media 
appealing and the brand it has constructed for itself. We 
discussed the appeal of cool, simple, original and edgy 
content that’s universally appealing.  Users like 
TheBloodseeker and CyborgMatt have basically 
constructed a fan-base of their own through the DotA 
social media they’ve created. They have also branded 
themselves with an instantly recognizable Dota 2 
character. 

Community leaders like Wyk have become distributors of 
fan-made content, which creates a creative community 
with a passion for sharing their ideas. Furthermore, 
video production groups like WoDota and DotACinema 
have allowed community members to interact by 
submitting their videos to the two websites or Youtube 
channels. 

Though the majority of the discussion is opinion-based 
(which I prefer to veer away from) we can at least 
compare the statistics to the whole discussion and draw 
some interesting implications from this article. 

 



Implications 
There are quite a few implications that can be derived 
from this article which are listed as follows: 
 
1. There’s a ~12% sample dissatisfaction with the 
current state of hero-guides. 
2. Those who visit DotA community websites for the 
sake of understanding more about Dota 2 are more likely 
to be satisfied with hero guides than those who do not. 
3. The integrity of a community website with the intention 
of teaching its members is likely to have a community 
that’s willing to learn and submit better content. 
4. The integrity of a web-site is parallel with its ability to 
teach a community. 
5. Successful DotA social media producers share some 
important qualities: They connect with the DotA brand in 
a cool, simple, original, universally appealing and edgy 
manner. 
6. Basshunter set the bar for DotA social media very, 
very high and had a strong influence in shaping the DotA 
brand itself. 
 
Issues or Errors within this study 
As addressed at the beginning of part 1D, this section 
was going to veer away from statistical analysis as much 
as possible. The opinions shared past the statistics are 
just educated guesses to the elements that the DotA 
brand incorporates. Therefore, the validity of the 
statements is no higher than anyone else’s, but should 
be considered alongside the statistics. 
 
The other issues with this study include the following: 
 
1. There was no question in The Dota Experiment 
Community Analysis that addressed the frequency of 
DotA experience over the years of plotted experience. 
For example, some players who put 5 years may have 
accumulated over 2,000 hours of DotA play-time, while 
another may have accumulated only 200 hours.  
 
2. TDEQ was only distributed in English, carrying this 
study out at an international level may yield different 
results.  
 
Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how the much wider ‘new’ community 
feels about the integrity of educational social media. 
 
In addition, it would be great to track the hits recorded by 
websites like CyborgMatt’s blog, DotACinema, and 
PlayDota.com once Dota 2 reaches public access. 
 
 
 
 
 
 

Conclusion 
In conclusion, Part 1D helped us to understand how the 
sample feels about educational social media like hero-
guides. We discussed how community members with a 
willingness to learn generally feel less misled by hero 
guides and find them more useful. We considered that 
this may be attributed to their experience in 
understanding the do’s and don’ts of Dota 2, meaning 
they will know a good guide when they see one. We 
found out that ~12% of our sample were unsatisfied with 
the current state of hero-guide moderation. Though the 
margin is small, there is at least room for improvement. 
 
Furthermore, we discussed how the integrity and 
moderation of a DotA community website can foster a 
community with a willingness to learn. In other words, a 
website that is well moderate usually grants a more 
satisfied community than a website with unreliable, un-
moderated content. Though this may seem obvious, it 
may be a reason behind the small margin of participants 
within the sample who are totally dissatisfied with the 
hero-guide system. Basically, the integrity of a web-site 
is parallel with its ability to teach its community. 
 
Finally we addressed four case studies analyzing 
different contributors of DotA social media. We first 
analyzed the work of TheBloodseeker and how he 
reaches both the old and new community through his 
hilarious, true and even educational comics. We also 
discussed how he built his own fan base through doing 
so. Next, we mentioned CyborgMatt whom has grown 
into a trusted source of information within the 
community. Then we discussed how community leaders 
like Wyk promote creativity by showcasing fan-made 
Dota 2 artwork through his website. He also created a 
blog, posts his own artwork, and has a YouTube channel 
of his own.  
 
Finally, we discussed how WoDota and DotACinema get 
the community involved by showing off their Dota 2 
skills. We came to the conclusion that successful DotA 
social media producers share some important qualities: 
They connect with the DotA brand in a cool, simple, 
original, universally appealing and edgy manner. 
 
Some important things that were not mentioned in this 
article include the user Kunkka’s artwork who has 
contributed so much beautiful art over the years that a 
hero was named after him. Also, Valve’s digital comic 
“Are We Heroes Yet?: Tales From the Secret Shop” was 
a way to introduce the community to a brave new DotA 
world to become involved in. In addition, the Dota 2 
trailer should also be taken into consideration as an 
amazing preview of the Dota 2 world. 
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Abstract 
In Section 2 we discussed how the DotA community interacts online. We developed some important 
implications that can be further analyzed through Section 3. This section is going to focus on how the Dota 2 
community interacts with each other in-game, rather than through online community websites. Part 4A is 
going to shed light on a hypothesis shared in 2C. This hypothesis questioned how the Dota 2 community 
looks at themselves compared to others. We found that the samples in this study rated themselves as 
friendlier and less likely to engage in disrespectful behavior then a random team-mate. This section is going 
to try to understand how players rate themselves compared to random team mates. We will run some cross-
analyses between player experience and their self-ratings. Our goal is to find out why players doubt the skill 
of a random team mate and how this might have an effect on their in-game experience. Finally, we will 
address some implications that might help improve community satisfaction within itself. Hopefully the results 
of this study will help improve the hypothesis and address new questions that can be discussed throughout 
the following studies. 

 



Introduction 
Where section 2 focused on online community 
interaction through DotA community websites, Section 3 
is going to focus on online community interaction 
through Dota 2 itself. We are going to try and find 
correlations between the results of this section and the 
results of Section 2. To do this, we are going to address 
some of the topics previously discussed but within a new 
medium.  
 
Part 3A is going to focus on how players rate their skill 
levels compared to that of a random team mate. If the 
results of this show evidence of community distrust, we 
can move along with our hypothesis from 1C and 
attempt to understand why this might be. We will also 
discuss how internal community trust could be improved 
and the possible effects that distrust has on the 
community. Furthermore, we will look for links between 
Veteran (V) community distrust and that of the greater 
sample. 
 
Hopefully the results of this study will provide a useful 
set of implications which can be used to promote more 
collaboration within the Dota 2 community. We will look 
towards variables like satisfaction with the match-making 
system, player experience and their satisfaction with the 
DotA community. 
 
Discussion 
The first part of this study is going to look at how players 
rated their skill on a Likert scale (1-10) compared with 
others. These two questions will be addressed often 
throughout this article and are listed as follows: 
 
Q27: As a player, how would you rate yourself compared 
to others in terms of skill? 
Q28: On average, how would you rate the skill of a 
random team-mate? 
 
These two questions were both taken from The DotA 
Experiment Community Questionnaire (TDEQ) and have 
an average sample size of 1,100 participants of different 
experience and geographic location. To begin, let’s look 
at the results of Q27. (Chart 3.1) 

 

Chart 3.1: Sample response (N=1100) to Q27 from TDEQ: 
“As a player, how would you rate yourself compared to 
others in terms of skill?” 

The results show a mean value of (s=6.91) which shows 
that the community generally rates their skill-level at 
about 7/10 (though 6.91 would be the exact rating). Let’s 
see how this statistic compares to how the sample rated 
the skill of a random team mate (Q28). The results are 
shown on Chart 3.2. 

 

Chart 3.2: Sample response (N=1100) to Q28 from TDEQ: 
“On average, how would you rate the skill of a random 
team-mate?” 

The results show a mean value of (s=5.03) which shows 
that the community generally rates the skill of a random 
team-mate around 5/10 (though 5.03 would be the exact 
rating). Compared with the results from Q27, these 
results provide us with a reason to believe that the Dota 
2 community generally rates their skill level above that of 
a random team mate. 

Remember that we found the exact same negative 
correlation between player self-friendliness ratings and 
self-disrespectful behavior ratings. We now have a total 
of three studies that promote the suggested hypothesis. 

The next thing we are going to do is draw back on a sub-
samples we generated in section 2. This sub-sample 
represented what we considered the veteran (V) Dota 2 
community. The conditions behind this variable were as 
follows: 

 -Have played the original DotA 
-Have the most experience playing the original 
DotA 
-Have played DotA for over a year. 

 
We found that sample V took up about half of our 
sample. What we are going to do is compare the 
answers for Q27/28 from sample V with that of the total 
sample. What we are looking for is to see if the V 
community generally rates themselves as more skilled 
than the rest of the community. This would make sense. 
As we discussed in section 2, the more DotA you play 
the more skilled you become. To confirm this, let’s 
discuss the results of the cross-analysis located on 
Chart 3.3. 
 
 
 
 



 

Chart 3.3: Veteran response (N=624) compared to total 
response (1100) to Q27 from TDEQ: “As a player, how 
would you rate yourself compared to others in terms of 
skill?” 

As expected, users in condition V usually rate 
themselves as more experienced than the total sample. 
We found that sample V had a mean rating of (s=7.31). 
Though this value is not much compared to the mean 
rating of the total sample (s=6.91), we can understand 
how much of the total sample’s high ratings come from 
sample V. 

Next, let’s cross-analyze the results of sample V and 
how they compare with the total sample for Q28. What 
we should find is the exact opposite of Chart 3.3. The 
results can be found on Chart 3.3B.

 

Chart 3.3B: Veteran response (N=622) compared to total 
response (1100) to Q28 from TDEQ: “How would you rate 
the skill of a random team-mate?” 

As we can see, the Veteran community actually rates the 
skill-level of a random team mate to be higher than the 
total sample. (s=5.24) Remember that the total sample 
rated the skill of a random team mate at (s=5.03). 
Therefore, we can see from these results that the 
Veteran community generally rates their skill, and the 
skill of a random team mate to be higher than the total 
sample as a whole.  

To further understand this trend, we are going to look for 
sample satisfaction with the Dota 2 matchmaking system 
as a whole. The results can be found on chart 3.4A. 

 

Chart 3.4: Sample response (N=1092) to Q24 from TDEQ: 
“Are you satisfied with the Dota 2 match-making system?”  

The results show that 59.25% (N=647) of our sample are 
satisfied with the match-making system and 40.75% 
(N=445) are not. What we are going to do now is try to 
find a link between match-making satisfaction and skill-
rating of a random team mate. What we are expecting to 
find is that those who rated the skill of a random team 
mate lower are more likely to be dissatisfied with the 
Dota 2 matchmaking system. Chart 3.4B shows the 
results of this cross-analysis. 

 

Chart 3.4B: Satisfied response (N=643) compared to total 
response (442) to Q28 from TDEQ: “How would you rate 
the skill of a random team-mate?” 

The results show a negative correlation between the 
Satisfied and Unsatisfied conditional variables. What this 
means that those who are unsatisfied with the Dota 2 
matchmaking system are generally more likely to doubt 
the skill of a random team mate. Those who are satisfied 
with the Dota 2 matchmaking system are more likely to 
trust the skill of a random team mate. These results hint 
toward a possible implication that players who are 
dissatisfied with the Dota 2 matchmaking system are 
likely to doubt the skill level of a random team mate. 

What we are going to do now is try to link a trend 
between V response and total response. If we discover 
that sample V is generally more satisfied than the total 
community, we can infer that experience has a lot to do 
with satisfaction with Dota 2 matchmaking. We can study 
the results of Chart 3.4C to do so. 



 

Chart 3.4C: Sample V response (N=616) compared with 
total response (N=1092)to Q24 from TDEQ: “Are you 
satisfied with the Dota 2 match-making system?”  

The results of this graph show that more of Sample V 
are satisfied with the Dota 2 match-making system than 
the total sample. Though the difference is a very, very 
small margin, we can at least appreciate how much of 
the total sample who answered ‘Yes’ come from sample 
V (N=373). These results are similar to what we saw on 
Chart 3.3B. 

Next, we are going to do the same cross-analyses with a 
sample that shares the same conditions as sample V, 
but has the most experience playing another title. We 
will trace the results along Q24, Q27 and Q28. Let’s 
begin by seeing how much of this sample (VO) is 
satisfied with the Dota 2 match-making system 
compared with the total sample. Chart 3.5A shows the 
results. 

 

Chart 3.5A: Sample VO response (N=246) compared with 
total response (N=1092) to Q24 from TDEQ: “Are you 
satisfied with the Dota 2 match-making system?”  

These results show that sample VO who has the most 
experience playing HoN/LoL/Dota 2 is generally less 
satisfied with the Dota 2 matchmaking system compared 

to the total sample. Next, we will compare the results of 
sample’s VO and sample V. Chart 3.5B shows the 
results. 

 

Chart 3.5B: Sample VO response (N=246) compared with 
sample V response (N=616) to Q24 from TDEQ: “Are you 
satisfied with the Dota 2 match-making system?”  

The results confirm the previous statement which shows 
that veteran players are more likely to be satisfied with 
the match-making system than those who are most 
experienced in HoN/LoL/Dota 2. 

Next, we will cross analyze sample VO with Q27. This 
will let us know how highly those players who have the 
most experience playing another game besides DotA 
rate their skill level. Chart 3.6A shows the results. 

 

Chart 3.6A: Sample VO response (N=248) compared with 
total response (N=1100) to Q27 from TDEQ: “As a player, 
how would you rate yourself compared to others in terms 
of skill?” 

 The results show that sample VO generally rates itself 
less skilled (s=6.69) compared to the total sample 
(s=6.91) by a small margin. By looking at Chart 3.3A, we 
can notice that sample V also rates itself as more skilled 
(s=7.31) than sample VO (s=6.69). This boosts the 
integrity of our sample V analysis and shows that 
veteran players are generally more skilled than those 



with more experience with another title. Remember that 
in section 2 we found a correlation between sample V 
and high win-rate and the reverse for players from 
another title. 

Next, we will cross analyze sample VO with Q28. This 
will let us know how highly those players who have the 
most experience playing another game besides DotA 
rate the skill level of a random team mate. The results 
are shown on Chart 3.6B. 

 

Chart 3.6A: Sample VO response (N=249) compared with 
total response (N=1101) to Q28 from TDEQ: “On average, 
how would you rate the skill of a random team-mate?” 

From what these results can tell us, sample VO 
generally ranks the skill level of a random team-mate to 
be lower (s=4.95) than the average (s=5.03) by a very 
small margin. As we can also see by looking at Chart 
3.3B, Sample VO generally rates the skill level of a 
random team mate to be lower than Sample V (5.24). 
Like the results from match-making satisfaction, we can 
derive a weak, but still evident implication from this 
study. 

Veteran DotA players generally rank their skill, and the 
skill of a random team mate to be higher than that of 
those who are most experienced with another title.  

Reasons for this may be a general feeling of discomfort 
within the DotA world for new players. Perhaps they feel 
that because they are relatively unfamiliar with the hero-
base, items and gameplay then other community 
members are less skilled than they are. Notice that the 
spread between the VO average for Q27/28 is 1.68 
whereas the spread between the V average for Q27/28 
is 2.07. This tells us that sample V generally has less 
trust in random team mates compared to themselves 
than sample VO by a very small (.39) margin.  

Let’s examine our final variable which is satisfaction with 
the DotA community. If we look back at Section 2, Part 
2C, we can study Chart 2.16A which shows the total 
sample (N=1097) response to Q18 from TDEQ: “Are you 
satisfied with the Dota 2 community?” 

The results of this chart showed us that there was a 
62.63% (N=687) agreement with the question and a 
37.37% (N=410) disagreement. What we can do now is 
use these results to understand how satisfaction with the 
DotA community may play a part in skill ratings of the 
players themselves and their ratings of others. 

Let’s begin by using two other sub-samples from Part 
2C. These conditional variables included: 

S (Satisfied): N=687 
NS (Not Satisfied): NS= 410 
 
First, let’s cross-analyze those two conditional variables 
with Q24 from TDEQ. This way we can see if those from 
Sample S are more satisfied with the match-making 
system than Sample NS, or vice-versa. The results can 
be found on Chart 3.7A. 
 

 

Chart 3.7A: Sample S response (N=677) compared with 
sample US response (NS=410) to Q24 from TDEQ: “Are 
you satisfied with the Dota 2 match-making system?”  

These results show that participants who responded that 
they are satisfied with the Dota 2 community are more 
likely to be satisfied with the Dota 2 match-making 
system. The opposite can be said for those in Sample 
NS. Therefore, those who are more satisfied with the 
community are more likely to be satisfied with the match-
making system. 
 
By cross-analyzing these two conditions with Q28, we 
can understand how highly Satisfied/Unsatisfied 
participants rate themselves and others. The results of 
this analysis can be found on Chart 3.7B. Directly 
following this chart will be cross-analysis with two new 
conditional variables on Chart 3.7C: 
 
SM- Those who are satisfied with match-making and the 
Dota 2 community. (N=456) 
UM- Those who are unsatisfied with match-making and 
the Dota 2 community.(N=220) 
 
 



 

Chart 3.7B: Sample S response (N=677) compared with 
sample NS (NS=410) to Q27 from TDEQ: “As a player, how 
would you rate yourself compared to others in terms of 
skill?” 

 

Chart 3.7C: Sample SM  response (N=456) compared with 
Sample UM (NS=220) to Q27 from TDEQ: “As a player, how 
would you rate yourself compared to others in terms of 
skill?” 

The results from Chart’s 3.7B and 3.7C show that 
satisfaction/dissatisfaction with the Dota 2 community or 
matchmaking system has little no effect on a 
participant’s perception of their own skill. 

By cross-analyzing these two conditions with Q29, we 
can understand how highly Satisfied/Unsatisfied 
participants rate the skill level of random allies. The 
results of this analysis can be found on Chart 3.7D. 
Directly following this chart will be cross-analysis with 
our two new conditional variables on Chart 3.7E. 
 

 

Chart 3.7D: Sample S response (N=677) compared with 
sample NS (NS=410) to Q27 from TDEQ: “On average, how 
would you rate the skill of a random team-mate?” 

 

Chart 3.7E: SM response (N=456) compared with Sample 
UM (NS=220) to Q27 from TDEQ: “On average, how would 
you rate the skill of a random team-mate?” 

The results from Chart’s 3.7D and 3.7E show a very, 
very significant trend. Put simply, participants who are 
dissatisfied with the DotA community and/or match-
making system typically rate the skill of a random team-
mate to be lower than players who are satisfied with both 
the community and/or matchmaking system. 

Therefore, player dissatisfaction is directly correlated 
with lower skill ratings for random team mates. 

Results 
The results of this article shed light on some major 
reasons behind sample perception of their own skill and 
the skill of random team mates. This analysis is 
important because a player’s confidence in their team-
mates from the get-go is a quality that shapes their in-
game experience. 
 
The first thing we learned was that the veteran 
community typically rates their skill, and the skill of a 
random team mate to be higher than the total sample as 
a whole. In addition, we learned that players who are 
dissatisfied with the Dota 2 matchmaking system are 
more likely to doubt the skill level of a random team 
mate. To test that, we discovered that veteran players 
are more likely to be satisfied with the match-making 
system than those who are most experienced in 
HoN/LoL/Dota 2.  

To understand these results, we looked back on Section 
2, Part 1C where we discovered that veteran players are 
generally more skilled than those with more experience 
in another title. We found a trend here that we adressed 
throughout the study. After testing this trend, we 
discovered that veteran DotA players generally rank their 
skill, and the skill of a random team mate to be higher 
than that of those who are most experienced with 
another title. However, we also found that sample V 
generally has less trust in random team mates compared 
to themselves than sample VO by a very small (.39) 
margin. 

Next, we looked for connections between player 
satisfaction with the community and match-making 
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system, combined with their previous experience. First 
we found out that those who are more satisfied with the 
DotA community are more likely to be satisfied with the 
match-making system. 

To test the variable of player satisfaction, we cross-
analyzed sample satisfaction with Q27 and Q28. We 
used the conditional variables/sub-samples developed in 
Section 2 (S/US) and two new conditional variables 
(SM/UM). We discovered that satisfaction/dissatisfaction 
with the Dota 2 community or matchmaking system has 
little no effect on a participant’s perception of their own 
skill. However, we came across an important finding that 
participants who are dissatisfied with the DotA 
community and/or match-making system typically rate 
the skill of a random team-mate to be lower. 

Implications 
There are some major implications that can be drawn 
from this article: 

1. The total sample generally rates their personal 
skill to be higher than random team-mates. 

2. Veteran players are generally more skilled than 
those with more experience with another title. 

3. Players with more experience in another title 
typically rate their skill and the skill of a random 
team mate to be lower than the total sample. 

4. Participants who are dissatisfied with the Dota 2 
matchmaking system are more likely to rate the 
skill of a random team-mate to be lower. 

5. Veteran players are more likely to be satisfied 
with the match-making system than those who 
are most experienced in HoN/LoL/Dota 2. 

6. Veteran players generally rate their personal 
skill to be higher than a random team-mates 
than sample VO by a very small (.39) margin. 

7. Satisfaction with the DotA community is 
correlated with satisfaction with the match-
making system. 

8. Satisfaction/dissatisfaction with the Dota 2 
community and/or matchmaking system has no 
correlation with perception of personal own skill. 

9. Satisfaction/dissatisfaction with the Dota 2 
community and/or matchmaking system has a 
major correlation with perception of the skill of a 
random team-mate. 

 
Possible Errors within this Study 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
No other potential errors were noticed within the study. 
 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how the much wider ‘new’ community 
feels about their personal skill and/or the skill of a 
random team mate as well as their satisfaction or 
dissatisfaction with the community and/or Dota 2 
matchmaking system.. 
 
In addition, it would be great to collect data on how 
players rated their skill level when they first opened Dota 
2. The options included Beginner, Advanced and Expert. 
Cross-analyzing this variable with the questions used in 
this study may help us understand our sample even 
more. 



Conclusion 
Section 3, Part 3A allowed us to build upon the results 
found in Section 2. We were able to understand more 
about the veteran community (V) and how they compare 
to participants who have more experience with another 
title. For sample V, we have accumulated enough data 
to suggest that they are typically more skilled (have a 
higher win-rate), are more satisfied with the Dota 2 
match-making system, and rate their skill to be higher 
than that of a random team mate. By combining the 
results of Section 1 and Section 2, we developed the 
implication that. Veteran players are generally more 
skilled than those with more experience with another 
title. This supports our hypothesis that the more DotA 
you play, the better you get- as opposed to the stigma 
that you cannot get better at DotA. 
 
We learned that those who are less familiar with DotA 
than sample V are more likely to be dissatisfied with the 
Dota 2 matchmaking system. We also learned about 
how satisfaction with the DotA community and 
satisfaction with the Dota 2 match-making system 
correlates with higher player perception of the skill of 
random team-mates. More importantly, the same results 
hold for the vice-versa. 
 
Finally, the results enforced the hypothesis that Dota 2 
players generally rate themselves to be higher in a 
certain category then that of a random team mate. 
 
The results of this article shed light on some major 
reasons behind sample perception of their own skill and 
the skill of random team mates. This analysis is 
important because a player’s confidence in their team-
mates from the get-go is a quality that shapes their in-
game experience. By finding ways to gather more trust 
in the match-making system and DotA community in 
general, the community could shift to become more 
trusting of their allies. Distrust can lead to trolling, 
flaming, griefing or racism – the effects of which were 
discussed in Section 2, Part 2C. 
 

 

 

  



 

 

 

 

 

 

 

 

 

  

 

 
Abstract 
In Section 2 we discussed how the DotA community interacts online. We developed some important 
implications that can be further analyzed through Section 3. Part 3A focused in on how players of different 
experience levels ranked themselves in terms of skill. We found that those who are less satisfied with the 
Dota 2 community and matchmaking system are more likely to doubt the skill of a random team mate. 
Section 3, Part 3B is going to focus on how our sample views the importance of team composition and hero 
roles. We will try to understand what role Is enjoyed by the majority of the sample and why. We are going to 
look for connections between thoughts on team composition and experience, favorite hero roles and 
communication. Our goal is to understand if sample perception of the importance of team composition 
correlates with any other variables. For example, perhaps those who find team composition to be important 
also communicate often between team mates. Or, perhaps players from another title typically view team 
composition as less important. These are just some of the questions we will try to answer through 4B. 
Hopefully the results will provide some great implications that can be used in the following articles. 

 



Introduction 
The importance of team composition itself is 
questionable. For one, how exactly are players 
supposed to construct a good team in a public game 
when they only have 1 minute and 30 seconds to pick a 
hero before the game starts? If a team does not know 
each other, you would think that they would have a 
difficult time communicating not to mention picking a 
well-constructed team. 
 
Section 3, part 3B is going to focus in on what types of 
players find importance in team composition and what 
others do not. We are also going to look at how are 
sample perceives the Hero Card System (HCS) 
introduced in Section V and how it relates to a players 
perception on team composition. Moreover, we will 
discuss how players feel about pre-defined hero roles 
before moving into parts 3C and 3D.  
 
Finally, we are going to discuss what hero roles are 
samples find to be the most important and what role they 
enjoy playing the most. 
 
The questions we will be studying from TDEQ include: 
 
Q33. How useful do you find the “Hero Cards” on the 
hero selection screen to be? 
Q34. Team composition (hero picks) is an important 
factor in a game of Dota 2? (strongly disagree/agree) 
Q35. Pre-defined hero roles are important in Dota 2 (y/n) 
Q36. On average, which of these hero roles do you find 
to be the most important? 
Q37. On average, what hero role do you enjoy playing 
the most? 
Q42. How satisfied are you with the over-all balance of 
Dota 2 heroes? 
 
We will cross-analyze our questions to understand how 
certain variables may have an effect on the samples 
answer to some of these questions. The cross-analyses 
include: 
 
Q33 and Q34 
Q33 and Q36 
Q34 and Q35 
Q34 and Q2 
Q34 and Q8 
Q34 and Q22 
Q35 and Q36 
Q35 and Q37 
Q35 and Q15 
Q44 and Q28 
 
Thus far, the variables we will be studying include 
communication, experience, win-rate, and importance of 
hero-roles and preference of hero roles. To begin, we 
will start by reintroducing the HCS and the benefits it 
offers on the hero selection screen. Then, we will move 
into team composition and how our sample views its 
importance. Our goal is to figure out how important team 
composition is, and what sorts of variables are affected 
by a player’s perception of team composition. 

Discussion 
The HCS was discussed throughout Section V as a 
simple way for players to understand the roles served by 
each hero and to what extent they can serve these roles. 
We already discovered through Section V, Part V1 that 
out of a 45-game sample, 30 games were won by the 
team with the highest TSR (Total Star Rating). We will 
keep this statistic in mind while moving through Part 3B. 
 
First, we are going to gather our statistics from Q33 from 
TDEQ to understand how the total sample views the 
significance of the HCS. The results are shown on Chart 
3.8. 

 

Chart 3.8A: Sample response (N=1103) to Q33 from TDEQ: 
“How useful do you find the “Hero Cards” on the hero 
selection screen to be?”  

These results show that nearly 30% of our sample 
(N=324) thought the HCS was Not Very Useful (1). We 
can also note that the total sample rated the HCS with a 
mean value of 4 (s=3.93). From what the results show, 
we can notice that the HCS is not exactly appreciated by 
the community. Perhaps this could be due to the fact 
that they’re distracting, unnecessary or the sample 
simply doesn’t understand the HCS’s purpose. 

Q33 and Q34 
We will now cross-analyze these results with Q34 from 
TDEQ. This will help us understand what portion of our 
sample who believes team composition is important also 
rated the HCS to be useful. First, let’s look at how the 
total sample responded to Q34 by looking at Chart 3.8B. 

 

Chart 3.8B: Sample response (N=1093) to Q34 from TDEQ: 
“Team composition (hero picks) is an important factor in a 
game of Dota 2?” (Strongly disagree - agree) 



From what these results tell us, 66.88% of our sample 
(N=731) found team composition to be an important 
factor in a game of Dota 2. The results also show that 
the mean value of responses lays at s=9.30. Therefore, 
Q34 has a very high agreement rating. What we will do 
now is see how much of our sample who answered 
above the mean (condition A) also found the HCS to be 
important compared to those who answered below the 
mean (condition B). Chart 3.8C shows the results.

 

Chart 3.8C: Conditional Response A (N=731) compared to 
Conditional Response B (N=362) for Q33 from TDEQ: 
“How useful do you find the “Hero Cards” on the hero 
selection screen to be?”  

What are results show is that condition A ranks the 
highest on both extremes, whereas condition B ranks the 
highest within the 2-9 point margin. Therefore, those 
who find team composition to be very important either 
find the HCS to be not very useful or very useful. Those 
who find team composition to be less important are 
mostly indifferent with the HCS.  

Q33 and Q36 

The next thing we are going to do is look at what roles 
are perceived as the most important by those who 
answered above the mean for Q33. (greater or equal to 
4) First, we will look at the total sample results for Q36 
on Chart 3.9A. Participants were allowed to select more 
than one answer. 

 

Chart 3.9A: Sample response (N=2910) to Q36 from TDEQ: 
“On average, which of these hero roles do you find to be 
the most important?”  

The results show that the majority of our sample finds 
either Support Heroes (response total=530) or All 

Heroes are of Equal Importance (AHEI, response total= 
473) to be the most important hero role. These statistics 
will be brought up again in Part 3C where we discuss 
how the sample views the role of a support. 

Next, we are going to cross-analyze these results with 
the sample who answered above the mean (Condition A) 
for Q33 and below the mean (Condition B). The results 
are shown on Chart 3.9B: 

 

Chart 3.9B: Conditional Response A (N=1507) compared to 
Conditional Response B (N=1414) for Q36 from TDEQ: “On 
average, which of these hero roles do you find to be the 
most important?” 

Our results show us that those who answered above the 
mean value for Q33 had a higher level of response for 
Q36 by 93 responses compared to Condition B. We can 
also notice that Condition A saw more value in individual 
hero roles than Condition B. This could imply that those 
who find the HCS to be more useful generally think 
within the realm of individual hero roles rather than 
seeing equality between hero roles. 

Q34 and Q35 

The next thing we are going to try and understand is how 
much of our sample who believes in the importance of 
team composition find pre-defined hero roles to be 
important. We have already analyzed Q34 (Chart 3.8B) 
and found that a large portion of our sample (~66%) 
strongly agree that team composition is important. Now, 
let’s look at how the total sample views the importance 
of pre-defined hero roles. The results are shown on 
Chart 3.10: 

 

Chart 3.10A: Sample response (N=1094) to Q35 from 
TDEQ: “Pre-defined hero roles are important in Dota 2” 
(y/n) 



The results from this chart are a little different than the 
response to Q34. From what the statistics tell us, there 
was an average rating of s=6.58 between the total 
sample.  

To understand the difference in response between Q34 
and Q35, we will run a cross-analysis using the same 
conditions from Chart 3.8C. The results are shown on 
Chart 3.10B.

 

Chart 3.10B: Conditional Response A (N=731) compared to 
Conditional Response B (N=362) for Q35 from TDEQ: “Pre-
defined hero roles are important in Dota 2” (y/n) 

These results show a possible trend. Those who 
answered above the mean value for Q34 were more 
likely to find pre-defined hero roles to be more important 
than those who answered below the mean. This 
suggests that those who find team composition to be 
very important typically find pre-defined hero roles to be 
more important. 

 Q34 and Q2 
We are now going to look at how out Veteran sample 
responded to Q34. Remember, our Veteran sample has 
the following 3 conditions: 
1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing DotA.  
 
Using sample V as a conditional variable should help us 
understand how much experience plays into the 
understanding of team composition. We will first 
compare the results with the total sample. The results 
are shown on Chart 3.11. 
 

 

Chart 3.11A: Sample V response (N= 619) compared to 
total response (N=1093) for Q34 from TDEQ: “Team 
composition is an important factor in a game of Dota 2” 

These results show that sample V’s response actually 
has a lower average (s=9.25) compared to the total 
response’s average (s=9.30) by a very small margin.  

We are now going to look back at Part 3A and compare 
the results of sample V with another conditional variable, 
sample VO. Remember, the conditions for sample VO 
are as follows:  

1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing another title 
besides DotA. (HoN/LoL/Dota 2) 
 
The results of this cross-analysis are shown below on 
Chart 3.11B: 

 

Chart 3.11B: Sample V response (N=619) compared with 
sample V response (N=214) to Q24 from TDEQ: “Are you 
satisfied with the Dota 2 match-making system?”  

From what these results show us, Sample V has an 
average response of (s=9.25) compared to Sample VO 
who has an average response of (s=9.42) players from 
sample VO generally find team composition to be more 
important within their sample than those from sample V. 
So far, it seems as if veteran players disregard team 
composition to a higher extend than those from another 
title. 

Q34 and Q8 
To further understand the results of the previous 
analysis, we are going to look for a correlation between 
win-rate and thoughts about the importance of team 
composition. Let’s remember that our veteran sample 
typically has a higher win-rate than those from another 
title.  

Through this cross-analysis, we should be able to gather 
evidence about whether or not thoughts about team 
composition are correlated with a higher win-rate. To do 
this, we will compare the results of how those who 
answered above the mean value for Q34 compare to 
those who answered below the mean with the sample’s 
win-rate. The results for this cross analysis are shown on 
Chart 3.12. 



Is team composition (hero 
picks) an important factor in a  
game of Dota 2? 

Depends. It’s certainly one of the 
factors but it’s blown way out of 
proportion in terms of importance 
and one reason why Dota feels 
stagnant is the community’s 
preoccupation with the 
importance of team composition. 

The game is influenced by hero 
picks, but the influence is small, I 
would say even negligible, 
especially in a public game. 

 

 

Chart 3.12: Conditional Response A (N=731) compared to 
Conditional Response B (N=362) for Q8 from TDEQ: “My 
win-rate is approximately…” 

The results of this cross-analysis show little to no 
relationship between thoughts about the importance of 
team composition and high win-rate. There is only the 
smallest difference between Condition A and Condition 
B above the mean. This difference is that Condition B is 
rated just a bit higher, which supports the idea that 
veterans, who are usually less concerned with team 
composition, typically have a higher win-rate. 

Q34 and Q22 
Next, we are going to look for a difference between 
those who usually play with a team and those who do 
not in their response to Q34. After that, we will compare 
Q34 with two conditional variables/sub-samples 
developed in Section 2, Part 2C. Remember that players 
who communicate often typically have a higher win-rate 
and rate in-game communication to be higher among 
team mates than those who do not. (Chart 2.20B) The 
results of our first cross analysis are shown on Chart 
3.13A. 

 

Chart 3.13A: A comparison between our sample who 
usually plays with friends (N=902) versus our sample who 
usually plays without friends (N=188) for Q34 from TDEQ: 
“Team composition is an important factor in a game of 
Dota 2”  

These results show that more players who usually play 
with friends rate the importance of hero picks to be 
higher than those who do not. To further analyze this 
trend, we will call upon our samples from Chart 2.20B 
which included CO and DO.  

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
CO: (N=245) Communicate often with other community 
members and usually play Dota 2 with friends. 
DO: (N=145) Do not communicate often with other 
community members and usually play Dota 2 without 
friends. 
 
We will now compare these two conditional 
variables/samples with Q34. The results are shown on 
Chart 3.13B 

DotA Community Spotlight 
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Chart 3.13B: A comparison between sample CO (N=241) 
versus sample DO (N=145) for Q34 from TDEQ: “Team 
composition is an important factor in a game of Dota 2”  

These results confirm the results of the previous cross-
analysis and lead us to the implication that players who 
communicate often and play with friends typically rate 
the importance of team composition to be higher than 
those who do not. 

Q35 and Q36 
Now we are going to compare the results of Q35 and 
Q36 to understand which hero roles are considered the 
most important by those who answered above the 
mean/below the mean for Q35. The results from Q35 
(Chart 3.10A) gave us an average value of s=6.58. The 
results from Q36 (Chart 3.9A) showed us that Support or 
AHEI were most chosen by the total sample. 
 
Next, we are going to compare the results to show what 
hero roles are considered the most important by those 
who consider pre-defined hero roles to be very 
important. Condition A will represent our sample who 
answered Q35 above the mean value of 6. Condition B 
will represent our sample who answered Q35 below or 
equal to the mean value of 6. The results are shown on 
Chart 3.14. Remember, participants were allowed to 
choose more than one answer for Q36. 
 

 

Chart 3.14: Comparison between Condition A (N=1667) 
and Condition B (N=1233) for Q36 from TDEQ: “On 
average, which of these hero roles do you find to be the 
most important?” 

The results show that those who believe pre-defined 
hero roles are important selected more options than 
those who do not. The results also show that Condition 
A valued Support, Carry, Initiation and Disabler heroes 

over others. These statistics will be brought up again in 
Part 3C where we discuss how the sample views the 
role of a support. 

Q35 and Q37 
Next we are going to use the same conditional variables 
except cross-analyze them with Q37. This should tell us 
what hero roles are most favored by those who find pre-
defined hero roles to be more important than those who 
do not. Again, participants were allowed to select more 
than one answer. The results of this cross-analysis can 
be found on Chart 3.15. 
 

 

Chart 3.15A: Comparison between Condition A (N=2012) 
and Condition B (N= 1485) for Q37 from TDEQ: “On 
average, what hero role do you enjoy playing the most? 

These results show that not only did those who find pre-
defined hero roles to be the most important have the 
most responses, but they also have the most balanced 
response across all heroes compared to those who do 
not. Condition A seems to enjoy playing Support, 
Initiation and Carry the most, and the same goes for 
condition B. Condition A’s response trumps that of 
Condition B’s in 3/4ths of the options. Therefore, those 
who find team composition, pre-defined hero roles 
and/or the HCS to be important, typically enjoy more 
hero roles and find more hero roles to be important. 

To confirm this, we are not going to analyze two sub-
samples.  

 HRI: Hero Roles Important 
 -Believe team composition is important. 

-Rate the importance of pre-defined hero roles 
above the mean. 

 HRN: Hero Roles Not Important 
 -Believe team composition is important. 
 -Rate the importance of pre-defined hero roles 
 Below the mean. 

We will now compare these two conditions across two 
categories: win-rate and their satisfaction with the 
balance of Dota 2 heroes. 

Chart 3.15B shows the results and comparison between 
both conditions by their win-rate. 



 

Chart 3.15B: Sample HRI (N=489) compared to Sample 
HRN (N=270) for Q8 from TDEQ: “My win-rate is 
approximately…” 

From what these results show us, win-rate between the 
two conditions remains relatively balanced. Sample 
HRN, whom we believe is associated with the veteran 
community weighs a little higher above the mean. We 
can now infer that belief on team composition has no 
correlation with higher or lower win-rate. 

Chart 3.15C is going to show the total sample response 
and average to Q42 from TDEQ, which will be 
immediately followed by Chart 3.15D, which will show 
the results and comparison between both conditions by 
their satisfaction with the over-all balance of Dota 2 
heroes.  

 

Chart 3.15C: Sample response (N=1105) to Q42 from 
TDEQ: “How satisfied are you with the over-all balance of 
Dota 2 heroes?” (y/n) (s= 8.42) 

 

Chart 3.15D: Sample HRI (N=487) compared to Sample 
HRN (N=271) for Q42 from TDEQ: “How satisfied are you 
with the over-all balance of Dota 2 heroes?” 

By looking at Charts 3.14C and 3.14D, we can see that 
members of Sample HRI are usually more satisfied with 
the over-all balance of Dota 2 heroes. We can infer that 
satisfaction with the over-all balance of Dota 2 heroes 
can relate to satisfaction with Dota 2 itself. 

To test this, we are going to cross-analyze the results 
from Chart 3.14C with two other conditional samples that 
were brought up in Part 3A, Sample’s SM and UM. 

SM- Those who are satisfied with match-making and the 
Dota 2 community. (N=456) 
UM- Those who are unsatisfied with match-making and 
the Dota 2 community.(N=220) 
 
The results of this cross-analysis will help us understand 
whether or not dissatisfaction with the over-all balance of 
Dota 2 heroes creates a more disrespectful player. In 
Part 4A, we found that participants who are dissatisfied 
with the DotA community and/or match-making system 
typically rate the skill of a random team-mate to be lower 
than players who are satisfied with both the community 
and/or matchmaking system. The results of this cross-
analysis are shown on Chart 3.14E 

 

Chart 3.15E: Sample SM (N=456) compared to Sample UM 
(N=223) for Q42 from TDEQ: “How satisfied are you with 
the over-all balance of Dota 2 heroes?” 

As we can see from the results, it seems that Sample 
SM rated their satisfaction with hero balance to be above 
the mean, while the opposite can be said for Sample 
UM.  

Finally, we are going to create two new samples to help 
us understand dissatisfaction with Dota 2 hero balance. 

TS- Those who are satisfied with match-making, Dota 2 
community and hero balance.  
TU- Those who are unsatisfied with match-making, Dota 
2 community and hero balance. 
 
We will cross analyze these two conditional variables 
with Q28 from TDEQ: As a player, how would you rate 
yourself compared to others in terms of skill? The results 
are shown on Chart 3.14F. 
 



 

Chart 3.14E: Sample TS (N=260) compared to Sample US 
(N=142) for Q28 from TDEQ: “On average, how would you 
rate the skill of a random team mate?” 

From what the results of Chart 3.14E tell us, it seems 
that those from Sample TS generally rate the skill of a 
random team mate to be higher than those from Sample 
TU. This shows that those who are more unsatisfied with 
the balance of dota 2 heroes are more likely to doubt the 
skill-level of a random team mate. 

To confirm this, let’s run a comparison between Q42 and 
Q28 for those who are satisfied (Condition A) and 
unsatisfied (Condition B) with the over-all balance of 
Dota 2 heroes. The results are shown on Chart 3.14F 

 

Chart 3.14F: Comparison between Condition A (N=561) 
and Condition B (N=542) for Q28 from TDEQ: “On average, 
how would you rate the skill of a random team mate?” 

 

These results confirm the previous implication and show 
that there’s a correlation between dissatisfaction with 
hero balance and lower skill-ratings for random team 
mates. 

Results 
Article 3B found some interesting results when it comes 
to sample perception on the importance of team 
composition, their views on the HCS, their thoughts on 
the hero roles they enjoy playing and 
satisfaction/dissatisfaction with the over-all balance of 
the Dota 2 hero pool. 
 
We learned that the majority of our sample finds team 
composition and pre-defined hero roles important. We 

also noticed that the HCS is not exactly appreciated by 
the community. Those who find team composition to be 
very important either find the HCS to be not very useful 
or very useful. Those who find team composition to be 
less important are mostly indifferent with the HCS. In 
addition, those who find the HCS to be more useful 
generally think within the realm of individual hero roles 
rather than seeing equality between hero roles. 

We learned that those who find team composition to be 
very important typically find pre-defined hero roles to be 
more important. Going back to our V/VO conditional 
samples, we discovered that players from sample VO 
generally find team composition to be more important 
within their sample than those from sample V. So far, it 
seems as if veteran players disregard team composition 
to a higher extend than those from another title. We also 
discovered that there’s little to no relationship between 
thoughts about the importance of team composition and 
high win-rate.  

Using our conditional samples CO/DO, we found that 
players who communicate often and play with friends 
typically rate the importance of team composition to be 
higher than those who do not. To be specific, those who 
found pre-defined hero roles to be important valued 
Support, Carry, Initiation and Disabler heroes over 
others. 

In terms of hero roles favored by the sample, we learned 
that those who find team composition, pre-defined hero 
roles and/or the HCS to be important, typically enjoy 
more hero roles and find more hero roles to be 
important.  

Finally, we learned that those who are more unsatisfied 
with the balance of Dota 2 heroes are more likely to 
doubt the skill-level of a random team mate. 

Implications 
There are many implications that can be drawn from this 
article that are listed as follows: 

1. The majority of our sample finds team 
composition and pre-defined hero roles 
important. 

2. The HCS is not exactly valued by the 
community. 

3. Those who find the HCS to be more useful 
generally think within the realm of individual hero 
roles rather than seeing equality between hero 
roles. 

4. Those who find team composition to be very 
important typically find pre-defined hero roles to 
be more important. 

5. Sample V do not find team composition to be as 
important as the total sample and sample VO. 

6. There’s little to no relationship between thoughts 
about the importance of team composition and 
high win-rate. 



7. Players who communicate often and play with 
friends typically rate the importance of team 
composition to be higher than those who do not. 

8. Those who found pre-defined hero roles to be 
important valued Support, Carry, Initiation and 
Disabler heroes over others. 

9. Those who find team composition, pre-defined 
hero roles and/or the HCS to be important, 
typically enjoy more hero roles and find more 
hero roles to be important. 

10. Those who are more unsatisfied with the 
balance of Dota 2 heroes are more likely to 
doubt the skill-level of a random team mate. 

Potential Errors within this study: 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
No other potential errors were noticed within the study. 
 
Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how the much wider ‘new’ community 
feels about the importance of pre-defined hero roles and 
team composition over-all. It may be possible that more 
new players find the HCS to be more important than 
veteran players.  
 
Conclusion 
Section 3, Part 3B showed us how our sample feels 
about team composition, pre-defined hero roles and 
more. We learned a lot through analyzing multiple 
variables in comparison with the questions asked related 
to the subject. We were able to understand more about 
our Veteran Sample (V), Veteran Other Title Sample 
(VO), Communicates Often Sample (CO), Doesn’t 
Communicate Often Sample (DO), Satisfied Sample (S) 
and Unsatisfied Sample (US). 
 
We discovered that our veteran community typically 
finds hero roles to be less important than the total 
sample and VO sample. This may be due to the idea 
that team composition was never that much of an issue 
in a public game of DotA, but in Dota 2 it has grown to 
become a more popular element.  
 
One of the most important things we discovered is that 
those who are unsatisfied with hero balance are more 
likely to doubt the skill of a random team mate. We 
discussed the importance of this subject in Part 4A and 
how important trust actually is.  
 
The results of this article shed light on some major 
reasons behind sample perception of their own skill and 

the skill of random team mates. This analysis is 
important because a player’s confidence in their team-
mates from the get-go is a quality that shapes their in-
game experience. By finding ways to gather more trust 
in the match-making system, the DotA community and 
the balance of heroes in general, the community could 
shift to become more trusting of their allies. Distrust can 
lead to trolling, flaming, griefing or racism – the effects of 
which were discussed in Section 2, Part 2C. 
 
 

  



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Abstract 
In Section 2 we discussed how the DotA community interacts online. We developed some important 
implications that can be further analyzed through Section 3. Part 3A focused on how our sample rated 
themselves and others in terms of skill. Part 3B thoroughly investigated the public perception of team 
composition and pre-defined hero roles. This section is going to focus on how the Dota 2 community 
perceived the importance of supportive play and how often they engage in it. According to the Dota 2 Wiki, 
Support-type hero roles can be defined under three categories: Babysitter, Roamer and Support. The Dota 2 
Wiki defines the role of a support as a hero who "Can focus less on amassing gold and items, and more on 
using their abilities to gain an advantage for the team." A common theme of supportive play is warding. We 
found that the samples in this study rated themselves as more likely to ward than that of a random 
teammate. This section is going to try to understand how players rate themselves compared to random team 
mates. This finding supports an on-going hypothesis that we’ve studied throughout quite a few sections. We 
are going to look for trends between supportive play and win-rate, communication and experience. The 
variable that we will use to identify supportive play is “warding”, which was addressed three times in TDEQ. 
Hopefully the results of this study will help improve the hypothesis and address new questions that can be 
discussed throughout the following studies. 

 



Introduction 
Warding has always been an important and almost 
crucial element in any game of Dota 2. It is a hallmark of 
supportive play that is usually avoided by most players. 
One of the pre-defined hero roles that specialize in 
warding is called a “roamer”. According to the Dota 2 
wiki, a roamers main focus is gaining as much map 
control early in the game by warding and studying 
location of missing Heroes. As you can imagine, this sort 
of role usually works to the benefit of most teams. If 
that’s the case then why does nobody want to do it? 
Could it be a lack of trust in one’s team? Perhaps a 
player thinks that because they’re probably more skilled 
then their team, then they should not have to support. 
 
We are going to look into some major questions that can 
be answered through understanding our samples 
perception of the importance of Supportive heroes, and 
how often they engage in this role themselves. The three 
roles we will be studying are defined on the Dota 2 Wiki 
as follows: 
 
Babysitter/Lane Support: Heroes who help their team's 
Carry control the lane in the early stages of the game. 
They are able to either repel enemies from your team's 
carry or to allow the carry to continually stay in the lane 
using abilities that replenish either health or mana. 
Common traits of Babysitters are long-ranged right-click 
attacks and abilities that are highly useful from level 1 
and up. 
 
Roamer: Their main focus is gaining as much map 
control early in the game by warding and studying 
location of missing Heroes. They are also responsible of 
disrupting jungling enemies, creep pulling, and creep 
stacking for the purpose of helping a fellow jungler or to 
be the source of farm. 
 
Support: Supports are heroes whose purpose are to 
keep their allies alive and give them opportunities to 
earn more gold and experience. Supports will usually 
come with skills such as healing spells or skills that 
disable enemies. Like Semi-Carries, Supports are not 
dependent on items, and thus, most of their gold will be 
spent on items such as Animal Courier, Observer Ward, 
Sentry Ward, and Smoke of Deceit. 
 
The questions we will be studying in terms of statistics 
will include the following:  
 
Q36. On average, which of these hero roles do you find 
to be the most important? 
Q37. On average, what hero role do you enjoy playing 
the most? 
Q38. Do you believe warding is an important element of 
a game of Dota 2? 
Q39. On average, how often does someone ward on 
your team in a game of Dota 2? 
Q40.On average, how often do you ward for your team 
in a game of Dota 2? 
 
 

 
We will also cross analyze the results to look for 
variables. The cross analyses will be carried out as 
follows: 
 
Q38 and Q39 
Q38 and Q40 
Q39 and Q40 
Q40 and Q8 
 
We will also be tooking towards some of our previous 
conditional variables which include: Veteran Sample (V), 
Veteran Other Title Sample (VO), Communicates Often 
Sample (CO), Doesn’t Communicate Often Sample 
(DO), Satisfied Sample (S) and Unsatisfied Sample (US) 
to see how they relate to these answers. 
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Discussion 
To begin, we are first going to gather some results from 
Part 3B to understand the samples perception on the 
most favored and important pre-defined hero roles. Let’s 
look at Chart 3.9A which showed us the public response 
to Q36. These results showed us that the total sample 
viewed either all roles (AHEI), or the Support role 
exclusively, to be the most important. Next, we can look 
at Chart 3.9B which showed us how the portion of the 
sample who viewed the importance of pre-defined hero 
roles to be higher than the mean value (~6) views 
importance in the different roles. These results showed 
us that those who found pre-defined hero roles to be 
important valued Support, Carry, Initiation and Disabler 
heroes over others. 
 
We can now see a common trend that Support heroes 
are generally more valued by the community than other 
roles. 
 
We are now going to look back on Chart 3.15A where 
we looked at the results of Q37 between two conditions. 
We learned that those who find team composition, pre-
defined hero roles and/or the HCS to be important, 
typically enjoy more hero roles and find more hero roles 
to be important. 

Just for reference, Chart 3.16 shows the results of Q37 
in the realm of the total sample. Remember that for Q36 
and Q37, participants were allowed to choose more than 
one answer. 

 

Chart 3.16: Sample response (N=3497) to Q35 from TDEQ: 
“On average, what hero role do you enjoy playing the 
most?”  

The results show that carries, supports and initiators are 
the most favored out of the total sample.  

Q38 and Q39 
The next thing we are going to do is look at how 
participants answered Q38 and Q39 from TDEQ. After 
that we will compare the results to understand how often 
someone wards on a team vs. how much of the total 
sample thinks warding is important. Our goal is to 
address a trend that shows even though warding is 
generally valued, how often do players actually carry this 
role out.  
 

Remember, we can consider warding to be a hallmark of 
supportive play. Furthermore, we can consider a player 
who engages in supportive play to be an advocate of 
team work. Teamwork and communication have already 
been linked to a higher win-rate and higher level of 
player satisfaction. 
 
First, let’s look at the results of Q38 which are shown on 
Chart 3.17A. The question asked participants whether or 
not they believe warding is an important element of a 
game of Dota 2. 

 

Chart 3.17A: Sample response (N= 1107) to Q38 from 
TDEQ: “Do you believe warding is an important element of 
a game of Dota 2?”  

 
These results show that 98.92% (N=1095) of our sample 
believes warding is an important element of a game of 
Dota 2. This extremely high agreement rating may lead 
to some contradictions in the future. More importantly, 
the results show that nearly all of the community value 
wards. So what reason is there not to do it? 
 
Next, we are going to look at the results of Q29 which 
asked players how often someone wards on their team 
in a game of Dota 2. Chart 3.17B shows the results

 

Chart 3.17B: Sample response (N= 1107) to Q38 from 
TDEQ: “Do you believe warding is an important element of 
a game of Dota 2?”  

The results from this chart show an average value of 
s=5.40. This means that players experience 
warding/game a little over the average value of 5.  
 
By looking at these two charts, we can notice that even 
though the majority of the community values warding, it 
does not happen as much as it should. 
 



Q38 and Q40 
To understand more about the frequency of warding 
compared to the high agreement rating on the 
importance of warding, we are going to compare the 
results of Q38 with that of Q40. These results will help 
us understand how often our sample personally engages 
in warding compared with their thoughts on the value of 
warding (Chart 3.17A). The results for Q40 are shown on 
Chart 3.18.

 

Chart 3.18: Sample response (N= 1107) to Q40 from TDEQ: 
“On average, how often do you ward for your team in a 
game of Dota 2?”  

The results show us that that the total sample rates 
themselves with an average of s=6.27 in terms of their 
personal frequency of warding. We can notice again that 
despite the high agreement rating from Chart 3.17A, the 
total sample’s response for how often they personally 
engage in warding is much lower. 

Q39 and Q40 
By looking back at Section 2, we can recall our 
hypothesis that Dota 2 community members are less 
likely to trust other members over themselves across 
many scenarios. We also addressed the element of 
denial and how players refuse to see themselves within 
the general population of the Dota 2 community. To 
further this hypothesis, we are going to compare the 
results of Q39 and Q40.  
 
Based upon the average values shown on Charts 3.17B 
and 3.18, we can already notice a trend. Players seem 
to rate the frequency that they engage in warding higher 
than how often they experience in game. To further 
understand this, let’s look at a cross-analysis between 
the frequency of sample experience of warding and the 
frequency of sample engagement in warding. 
 
To do this, we will identify two conditions. 
 
Condition A: Participants who answered above the 
average for Q40. 
Condition B: Participants who answered below the 
average for Q40. 
 
We will compare these two samples to understand how 
those who ranked themselves as the most likely to ward 
rated their experience with having another person on 
their team who will ward. The results should help us 
understand how those who think they ward more than 

the average value (6) experience warding on their team 
to begin with. Chart 3.19 shows the results of this cross 
analysis.  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The results are refreshing and show that those who rate 
themselves as most likely to ward rate others with a 
higher average (s=5.67) than those who rate themselves 
as less likely to ward (s=5.11) 
 
In total, we can notice two trends: First, the total sample 
is more likely to rate their personal warding frequency to 
be higher than other team mates. Those who rate 
themselves as more likely to ward also rate the 
frequency of other team mates to be higher. 
 

Win-rate 

We are now going to look at a comparison between 
those who enjoy playing support heroes the most and 
find them to be the most important vs. the opposite 
condition and win-rate. 
 
To do this, we will identify two conditions: 
 
Condition A: Enjoy playing Support the most and find it 
to be the most important role. 
Condition B: Do not enjoy playing Support and do not 
find it to be one of the most important roles. 
 
Chart 3.20A shows the results of this cross-analysis. 

 

3.20A: Condition A (N= 274) versus Condition B (N=347) 
response to Q8 from TDEQ: “My win-rate is 
approximately:” 

The results show a positive correlation between 
supportive preference and lower win-rate. In addition, 
the results show a positive correlation between non-
supportive preference and win-rate.  

3.19: Condition A (N= 576) versus Condition B (N=528) 
response to Q39 from TDEQ: “On average, how often 
does someone ward on your team in a game of Dota 2?” 



Next, we are going to try a cross-analysis between our 
two conditions from Chart 3.19 and win-rate. The results 
are shown on chart 3.20B: 

 

3.20A: Condition A (N= 576) versus Condition B (N=524) 
response to Q8 from TDEQ: “My win-rate is 
approximately:” 

These results show an over-all balance between 
conditions in terms of win-rate. Therefore, those who are 
more likely to ward do not necessarily have a higher win-
rate on average. 

Satisfaction 
We are now going to consider frequency of experience 
with warding and satisfaction. To do this, we are going to 
reach back to our two conditional samples SM and UM. 
These two samples were defined as follows: 
 
SM- Those who are satisfied with match-making and the 
Dota 2 community. (N=456) 
UM- Those who are unsatisfied with match-making and 
the Dota 2 community.(N=220) 
 
We will compare these two samples with the results of 
Q39. Chart 3.21A shows the results of this analysis: 
 

 

3.21A: Sample SM (N= 457) versus Sample UM (N=223) 
response to Q39 from TDEQ: “On average, how often does 
someone ward on your team in a game of Dota 2?” 

The results tell us that Sample SM is more likely to rate 
the frequency of experienced warding to be higher 
(s=5.79) than Sample UM (s=4.65). This shows that 
those who are the most unsatisfied typically experience 
the least amount of warding/game.  

To further understand this, let’s compare the same two 
samples with Q40. The results of this are shown on 
Chart 3.21B. 

 

3.21B: Sample SM (N= 456) versus Sample UM (N=223) 
response to Q40 from TDEQ: “On average, how often do 
you ward for your team in a game of Dota 2?” 

The results tell us that Sample SM is more likely to rate 
their frequency of warding to be higher (s=6.38) than 
Sample UM (s= 6.29) by a small margin. Therefore, the 
results lead to the implication that dissatisfied players 
typically experience less warding and therefore ward 
less themselves. 

Experience 
We are now going to consider frequency of experience 
with warding and experience. To do this, we are going to 
reach back to our two conditional samples V and VO. 
These two samples were defined as follows: 
 
Sample V: 
1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing DotA.  
 
Sample VO: 
1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing another title 
besides DotA. (HoN/LoL/Dota 2) 
 
We will compare these two samples with the results of 
Q39. Chart 3.22A shows the results of this analysis

 

3.22A: Sample V (N= 625) versus Sample VO (N=250) 
response to Q39 from TDEQ: “On average, how often does 
someone ward on your team in a game of Dota 2?” 



The results tell us that Sample V is more likely to rate 
the frequency of experienced warding to be higher 
(s=5.63) than Sample VO (s=5.36). This shows that 
those who are the most experienced with DotA typically 
experience the most amount of warding/game compared 
to those who are more experienced with another title. 

To further understand this, let’s compare the same two 
samples with Q40. The results of this are shown on 
Chart 3.22B. 

 

3.22B: Sample SM (N= 623) versus Sample UM (N=250) 
response to Q40 from TDEQ: “On average, how often do 
you ward for your team in a game of Dota 2?” 

The results tell us that Sample V is more likely to rate 
their frequency of warding to be lower (s=6.22) than 
Sample VO (s= 6.52). Therefore, the results lead to the 
implication that Veteran players experience more 
warding but typically ward less than those more 
experienced with another title.This may be the result of 
veteran players expecting newer players to ward for 
them, but that’s just an idea. 

Communication 
We are now going to consider frequency of experience 
with warding and communication. To do this, we are 
going to reach back to our two conditional samples CO 
and DO. These two samples were defined as follows: 
 
CO: (N=245) Communicate often with other community 
members and usually play Dota 2 with friends. 
DO: (N=145) Do not communicate often with other 
community members and usually play Dota 2 without 
friends. 
 
We will compare these two samples with the results of 
Q39. Chart 3.23A shows the results of this analysis. 
 
The results tell us that Sample CO is more likely to rate 
the frequency of experienced warding to be higher 
(s=5.69) than Sample DO (s=4.97). This shows that 
those who communicate often and usually play with a 
team typically experience warding more often than those 
who do not. 

 

 

3.23A: Sample CO (N= 245) versus Sample DO (N=145) 
response to Q39 from TDEQ: “On average, how often does 
someone ward on your team in a game of Dota 2?” 

To further understand these results, let’s compare the 
same two samples with Q40. The results of this are 
shown on Chart 3.23B. 

 

3.23B: Sample CO (N= 243) versus Sample DO (N=144) 
response to Q40 from TDEQ: “On average, how often do 
you ward for your team in a game of Dota 2?” 

The results tell us that Sample CO is more likely to rate 
their frequency of warding to be higher (s=6.46) than 
Sample VO (s= 5.84) by a small margin. Therefore, the 
results lead to the implication that players who 
communicate with other community members and 
usually play with a team typically experience warding or 
engage in warding more than those who do not. This is 
important because of warding frequencies correlation 
with satisfaction. Therefore, these results support the 
implication that playing on a team and communicating 
with other community members typically leads to a more 
satisfying Dota 2 experience. 

 

 

 

 

 

 



Results 
The results of Section 3, Part 3C shed light on some 
major trends related to warding and over-all supportive 
play. First, we learned that nearly all of the sample 
values wards. This helped us understand the importance 
of the subject and how it may be linked to experience, 
satisfaction and communication. In contradiction to these 
results, we learned that even though the majority of the 
community values warding, it does not happen as much 
as it should. 
 
We discovered that the total sample is more likely to rate 
their personal warding frequency to be higher than other 
team mates. Those who rate themselves as more likely 
to ward also rate the frequency of other team mates to 
be higher. 
 
We decided to look for a connection between win-rate 
and supportive play. What we found was quite 
interesting. There’s a positive correlation between 
supportive preference and lower win-rate for our sample. 
In addition, the results show a positive correlation 
between non-supportive preference and higher win-rate. 
Therefore, those who are more likely to ward do not 
necessarily have a higher win-rate on average. 
 
We then looked for a relationship between satisfaction 
with the community/the Dota 2 match-making system 
and average experience with frequency of warding. We 
discovered that those who are the most unsatisfied 
typically experience the least amount of warding/game. 
In addition, dissatisfied players typically experience less 
warding and therefore ward less themselves. 
 
We then went through the same process with our 
Veteran (V) sample and Veteran with the most 
experience in another title (VO) sample. The results 
showed that those who are the most experienced with 
DotA typically experience the most amount of 
warding/game compared to those who are more 
experienced with another title. However, we also 
discovered that Veteran players typically ward less than 
those more experienced with another title. 
 
Finally, we looked for a relationship between those who 
communicate often within the community and usually 
play with a party (CO) and those who do not (DO). What 
we found was that those who communicate often and 
usually play with a team typically experience warding 
more often than those who do not. Furthermore, Sample 
CO typically engages in warding more than those who 
do not. 
 
In conclusion, supportive play and warding typically do 
not correlate with a higher win-rate. However, they do 
relate to player satisfaction, experience and 
communication. We already know that Sample CO 
typically has a higher win-rate than Sample DO (Chart 
2.20B) and the same goes for Sample V vs. Sample VO. 
To understand if Satisfaction correlates with win-rate, we 
are going to run an additional study that we forgot to 
carry out in Part 3A. 

Additional Studies 
Chart 3.24 is going to look for a relationship between 
samples SM and UM vs. win-rate. The results should let 
us know if all 3 of the conditions tested in this study 
(V/VO, CO/DO, SM/UM) are correlated with a high win-
rate. The results are shown below: 

 

Chart 3.24: Sample SM (N=456) response compared to 
Sample UM (N=223) response for Q8 from TDEQ: “My win-
rate is approximately:” 

The results show that there is a positive correlation 
between satisfaction with the community/matchmaking 
system and higher win-rate. Moreover, there is a positive 
correlation between dissatisfaction with the 
community/matchmaking system and lower win-rate. 

Implications 
The results from Part 3C raise many implications that 
are listed as follows: 
1. Nearly all of the sample values wards (98.9%) 
2. The total sample is more likely to rate their personal 
warding frequency to be higher than other team mates. 
3. Those who rate themselves as more likely to ward 
also rate the frequency of other team mates to be higher. 
4. Frequency of experience/engagement with warding 
has a positive correlation with satisfaction and 
communication. 
5. Frequency of experience with warding has a positive 
correlation with lower win-rate. 
6. Those that are the most unsatisfied typically 
experience the least amount of warding/game and ward 
less themselves. 
7. There is a positive correlation between satisfaction 
with the community/matchmaking system and higher 
win-rate 
8. Veteran players typically experience the most amount 
of warding/game. 
9. Veteran players typically ward less than those more 
experienced with another title. 
10. Those who communicate often and usually play with 
a team typically experience and engage in warding more 
often than those who do not 
 
Potential Errors within this study: 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
No other potential errors were noticed within the study. 
 



Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not come close to 
its potential. Therefore, this study will be carried out 
again once Dota 2 reaches open/public access. A future 
analysis will help to understand how the much wider 
‘new’ community feels about the importance of 
warding/supportive play. It may be possible that more 
new players find this play style more effective and will 
perhaps raise the average win-rate of those who favor 
Support heroes over others. As we already know, 
players from another title are more likely to ward/game 
than players who are the most experienced with DotA. 
 
It would also be interesting to see how those who value 
team composition value the support role. 
 
Conclusion 
Part 3C discussed how our sample values Support roles 
and warding. Warding and support are important 
elements of Dota 2 because without them there’s simply 
a missing piece on a team. Like any teamwork-based 
game, and especially a multiplayer real-time strategy, 
there’s a need for a member who will contribute their 
resources to the betterment of their team. This is done 
through warding, buying other consumable items, 
roaming, etc. 
 
This study showed us that communication and 
satisfaction are both related to experience/engagement 
in warding. We also discussed how Veteran players may 
experience warding more, but are less likely to engage 
in it themselves.  
 
Finally, we learned that Supports, Carries and Disablers 
are thought of by the majority of the community as the 
most important roles. In addition, we found that Supports 
were most valued by those who valued pre-defined hero 
roles. 
 
The results of this study will be great for Section 6 when 
we analyze the results of event-specific questions from 
TDEQ. They will also be useful in Part 3D where we will 
discuss the sample perception of leadership and what 
variables may define it. Some DotA veterans consider 
that there really are only two different hero classes- 
Carry and Support. Perhaps by segregating samples 
that can be considered carries by those who could be 
considered support we can find answers to some 
important event-specific questions. Until then, we can 
continue to understand more about support heroes 
throughout the following section. Perhaps those who 
value leadership the most typically play a certain type of 
hero.  
  



 
  

 

 
Abstract 
In Section 2 we discussed how the DotA community interacts online. We developed some important 
implications that can be further analyzed through Section 3. Part 3A focused on how our sample rated 
themselves and others in terms of skill. Part 3B thoroughly investigated the public perception of team 
composition and pre-defined hero roles. Part 3C studied our samples thoughts on supportive play/warding 
and the effects of this playstyle.This section is going to focus on how the Dota 2 community perceives the 
importance of leadership and what types of players find it the most important. An example is drawn from the 
Dota 2 Development forum where Alexbeav shared his thoughts on what makes a Dota 2 leader: 
“Regardless of the atypical teams that formed, there was always a clear or at least a designated captain for 
each team, someone who would go beyond just calling "SS", "Push" (i.e. the bare minimum) and actively try 
to co-ordinate the team, maximize ganking effectiveness by setting priorities, reminding the support to 
refresh wards, suggesting items/picks based on the enemy team's choices and so on.” This section is going 
to try to understand how players value a leader. We are going to look for trends between leadership and 
win-rate, communication and experience. We will also discuss how having a designated leader/game could 
have both a positive and negative effect. Hopefully the results of this study will help us understand more 
about leadership in Dota 2, and who these leaders might be. 

 



Introduction 
Leadership can be found everywhere within the DotA 
community. Moderators, experienced players and DotA 
enthusiasts are more or less willing to step up and help 
the newer community become more comfortable with the 
complexities of Dota 2. This article is going to investigate 
the importance of leadership in-game and will look for 
trends linking the importance of leadership with other 
elements. 
 
As we mentioned in the abstract, one experienced 
community member shared his personal definition of 
what it takes to be a leader. He stated that leadership 
goes beyond coordinating the team- but includes 
maximizing on teamwork potential by setting priorities for 
the different players on his/her team and making 
decisions to counter the enemy team. We will investigate 
some of the elements within this statement to 
understand what portion of our sample believes in the 
importance of leadership and how their beliefs are linked 
to other trends. 
 
Some of the variables that we will look towards can be 
analyzed through responses to TDEQ. The questions 
investigated will include: 
 
Q8: My win-rate is approximately 
Q34. Team composition (hero picks) is an important 
factor in a game of Dota 2. 
Q35. Pre-Defined hero roles are important in Dota 2. 
Q36. On average, which of these hero roles do you find 
to be the most important? 
Q37. On average, what hero role do you enjoy playing 
the most? 
Q38. Do you believe warding is an important element of 
a game of Dota 2? 
Q40. On average, how often do you ward for your team 
in a game of Dota 2? 
Q41. Do you believe having a designated leader on a 
team is important? 
 
The questions listed above will be cross-analyzed 
between Q41 exclusively. We hope to understand more 
about the samples opinion on leadership and what 
variables may be linked to it. 
 
We will also analyze the results of Q41 with our three 
conditional samples/variables: 
 
V/VO:   Veteran Community (DotA) 
 Veteran Community (HoN/LoL/Dota 2) 
SM/UM: Satisfied with the community/matchmaking 

Unsatisfied with the community/matchmaking 
CO/DO: Communicate often and play with friends 
  Don’t communicate often and play with friends 
 
Using the previously stated conditions, we will attempt to 
learn more about the Dota 2 community’s thoughts about 
leadership. More importantly, we will look for evidence 
that links leadership with a more pleasant Dota 2 
experience. 
 

Discussion 
We will begin by looking at how the sample as a whole 
rates the importance of leadership. To do this, we will 
address the results of Q41 from TDEQ. This question 
asked participants: Do you believe having a designated 
leader on a team is important? The results are shown on 
Chart 3.25: 
 

 

Chart 3.25: Total sample response (N=1101) to Q41 from 
TDEQ: “Do you believe having a designated leader on a 
team is important?” 

The results show that 75.86% (N=833) agreed with this 
statement while 23.34% (N=268) of our sample 
disagreed. Therefore, we can understand that leadership 
is looked highly upon by the majority of this sample. 

Q8 vs. Q41 
Like the previous studies, we are now going to look for a 
link between those in our sample who find leadership 
important and those who do not with their win-rate. From 
now on we will regard the conditions of those who 
agree/disagree with Q41 as follows: 
 
Condition A: Find leadership to be important in Dota 2 
Condition B: Do not find leadership to be important in  
Dota 2. 
 
The results of this are shown on Chart 3.26: 
 

 

Chart 3.26: Condition A (N=828) compared with Condition 
B (N=268) response to Q8 from TDEQ: My win-rate is 
approximately:” 

The results show little to no relationship between those 
who value leadership and higher-win rate. The same can 
be said for those who do not value leadership. 

 



Q34 vs. Q41 
Next, we are going to use the same two conditions to 
analyze Q34 from TDEQ. The question asked whether 
participants agreed or disagreed with the importance of 
pre-defined hero roles. The results are shown on Chart 
3.27: 

 

Chart 3.26: Condition A (N=821) compared with Condition 
B (N=265) response to Q34 from TDEQ: “Team 
composition (hero picks) is an important factor in a game 
of Dota 2.” 

The results show that the majority of participants in 
Condition A value pre-defined hero picks over those in 
Condition B. This leads us to believe that those who 
value leadership typically find team composition to be 
important. 

Q35 vs. Q41 
Now we are going to do the same cross-analysis with 
Q35 from TDEQ. The question asked participants 
whether or not they find pre-defined hero roles to be 
important. The results of this analysis are shown on 
Chart 3.28. 

 

Chart 3.27: Condition A (N=823) compared with Condition 
B (N=264) response to Q35 from TDEQ: “Pre-Defined hero 
roles are important in Dota 2.” (y/n) 

The results show a positive correlation between those 
who value leadership and the importance of pre-defined 
hero roles. Those who do not value leadership typically 
rated the importance of pre-defined hero roles to be 
lower on the scale. We can therefore infer that those 
who value leadership also value team composition and 
pre-defined hero roles more than those who do not. 

Q36 vs. Q41 
Now we are going to look for what pre-defined hero roles 
are thought of as the most important by those who find 
leadership to be important. To do this we are going to 
use the same conditions from the previous studies and 
cross-analyze them with Q36 from TDEQ. This question 
asked participants to answer which hero role they 
thought was the most important. They were allowed to 
choose more than one answer. The results are shown 
on Chart 3.28. 
 

 

Chart 3.28: Condition A (N=2206) compared with Condition 
B (N=680) response to Q35 from TDEQ: “On average, 
which of these hero roles do you find to be the most 
important?” 

The results show that those in Condition A generally find 
Support and Initiation heroes to be the most important. 
However, a large portion of the sample also selected 
‘None, all roles are equally important’ (AREI). 

Q37 vs. Q41 
The next question we are going to look at will be Q37 
from TDEQ. Like the previous question, this question 
asked participants to select what hero role(s) they 
enjoyed playing the most. Using the same two 
conditions, the results are shown on Chart 3.29: 
 

 

Chart 3.29: Condition A (N=2685) compared with Condition 
B (N=791) response to Q37 from TDEQ: “On average, what 
hero role do you enjoy playing the most? 

The results show that those in Condition A generally 
enjoy playing Support, Initiation and carries the most. 
However, the same can be said for Condition B. The 
only difference is the rating for the Support role. 



We can infer that those who value leadership typically 
enjoy playing support heroes and find it to be the most 
important role. 

Q38 vs. Q41 
This next analysis will look at how those who value 
designated leadership also value warding. These results 
will be interesting combined with the previous results. To 
do this, we will address the same two conditions and 
compare them with Q38 from TDEQ. The results are 
shown on Chart 3.30 
 

 

Chart 3.30: Condition A (N=833) compared with Condition 
B (N=267) response to Q38 from TDEQ: “Do you believe 
warding is an important element of a game of Dota 2?” 

As expected, the results show that Condition A generally 
values warding over Condition B. We found a relatable 
difference in the previous study where we found 
Condition A generally finds support heroes to be more 
important than Condition B. Therefore, those who value 
leadership also value warding compared to those who 
do not value leadership. 

Q40 vs. Q41 
Finally, we are going to look at how often those who 
value leadership ward for their team versus those who 
do not. In the previous section, we stated that warding is 
a hallmark of supportive play. To understand this, we will 
use Q40 from TDEQ. This question asked players to rate 
on a scale of 1-10 how often they ward for their team. 
The results of this analysis can be found on Chart 3.31. 

 
Chart 3.31: Condition A (N=831) compared with Condition 
B (N=268) response to Q38 from TDEQ: “Do you believe 
warding is an important element of a game of Dota 2?” 

Contrary to what we might expect the results show that 
those who value leadership generally engage in warding 
to a lesser extent than those who do not. However, 
many more total participants listed ‘10’ from Condition A 
than those of Condition B. This skews the average 
responses which are listed below: 

Condition A: Weighted Average Score: 6.34 
Condition A: Weighted Average Score: 6.08 

This shows that those who value leadership are more 
likely to ward than those who do not, by a small margin. 

This supports the results that those who value 
leadership generally value supportive play. 
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Satisfaction 
We are now going to consider the potential correlation 
between those who value leadership and satisfaction. To 
do this, we are going to reach back to our two 
conditional samples SM and UM. These two samples 
were defined as follows: 
 
SM- Those who are satisfied with match-making and the 
Dota 2 community. (N=456) 
UM- Those who are unsatisfied with match-making and 
the Dota 2 community.(N=220) 
 
We will compare these two samples with the results of 
Q41. Chart 3.32 shows the results of this analysis: 
 

 

3.32: Sample SM (N= 456) versus Sample UM (N=221) 
response to Q41 from TDEQ: “Do you believe having a 
designated leader on a team is important?” 

The results of this cross-analysis show an overall 
balance in response with a slightly higher agreement 
rating for Sample UM. This may be because Sample UM 
finds a lack of leadership in the community and is 
therefore more unsatisfied. The results are not dramatic 
enough to push any sort of implication. 

Communication 
We are now going to consider the potential correlation 
between those who value leadership and 
communication. To do this, we are going to reach back 
to our two conditional samples CO and DO. These two 
samples were defined as follows: 
 
CO: (N=245) Communicate often with other community 
members and usually play Dota 2 with friends. 
DO: (N=145) Do not communicate often with other 
community members and usually play Dota 2 without 
friends. 
 
We will compare these two samples with the results of 
Q41. Chart 3.33 shows the results of this analysis. 

 

3.33: Sample CO (N= 242) versus Sample DO (N=142) 
response to Q41 from TDEQ: “Do you believe having a 
designated leader on a team is important?” 

The results of this cross-analysis show an overall 
balance in response with a slightly higher agreement 
rating for Sample SM. This may be because Sample CO 
typically plays with friends and communicates often, 
which promotes leadership on a team. The results show 
that those who communicate often with other community 
members and typically play Dota 2 with friends generally 
find leadership to be more important than those who do 
not 

Experience 
We are now going to consider the potential correlation 
between those who value leadership and experience. To 
do this, we are going to reach back to our two 
conditional samples V and VO. These two samples were 
defined as follows: 
 
Sample V: 
1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing DotA.  
 
Sample VO: 
1. They have played the original DotA for Warcraft 3 
(RoC/TFT) 
2. They have played DotA for over a year. 
3. They have the most experience playing another title 
besides DotA. (HoN/LoL/Dota 2) 
 
We will compare these two samples with the results of 
Q41. Chart 3.34 on the next page shows the results of 
this analysis. 

 

 

 



 

3.33: Sample V (N= 623) versus Sample VO (N=249) 
response to Q41 from TDEQ: “Do you believe having a 
designated leader on a team is important?” 

The results of this cross-analysis show an overall 
balance in response with a slightly higher agreement 
rating for Sample VO. This may be because Sample VO  
is less experienced at DotA and want more leaders in 
the community to help them become a better player. The 
results are not dramatic enough to push any sort of 
implication. 

Results 

The results of Section 3, Part 3D provided an 
introduction to how the Dota 2 community perceives the 
importance of leadership. We found a lot of evidence 
that links the importance of leadership with supportive 
play and much more. 

We found that there’s little to no difference between 
those who value leadership and higher-win rate. If we 
look at valued leadership as an affect or mind-set we 
can infer that it is not linked to greater chance of winning 
a game. However, this does not mean that having an 
actual leader on a team isn’t linked to increased win-
rate. 

We also discovered that those who value the importance 
of leadership also value team composition and pre-
defined hero roles more than those who do not. This 
could be due to the leader’s role of understanding and 
composing a well-balanced team. Designating specific 
roles for each hero (i.e. warding) was listed as an 
important element of being a leader in Dota 2. Moreover, 
we learned that those who value leadership typically 
enjoy playing support heroes and find them to be the 
most important role. In addition, those who value 
leadership also value warding and engage more in 
warding compared to those who do not value leadership. 

We found that there was little to no relationship between 
those who valued the importance of leadership and 
satisfaction/experience. However, we did notice a 
significant relationship between those who value the 

importance of leadership and communication. We 
discussed how this may be due to the fact that friends 
who communicate well generally have a leader or at 
least make leadership decisions as a whole. 

Implications 
There are some significant implications that can be 
derived from this article: 

1. Those who value the importance of a designated 
leader do not have a higher win-rate. 

2. Those who value the importance of a designated 
leader also value team composition and pre-
defined hero roles. 

3. Those who value the importance of a designated 
leader enjoy playing Support heroes the most 
and find the hero role to be the most important. 

4. Those who value the importance of a designated 
leader typically engage in warding more often 
than those who do not. 

5. There’s little to no relationship between those 
who valued the importance of leadership and 
satisfaction/experience. 

6. There’s a significant relationship between those 
who value the importance of a designated leader 
and those who communicate often and usually 
play with friends. 

Potential Errors 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results.  
 
There was also the notion of a self-serving bias within 
the discussion where we attributed some results to 
certain possible reasons. This could have an effect on 
the reader’s perception of the implications. However, 
those implications that had enough statistical evidence 
to back them up were much more pronounced. 
 
Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not come close to 
its potential. Therefore, this study will be carried out 
again once Dota 2 reaches open/public access. A future 
analysis will help to understand how the much wider 
‘new’ community feels about the importance of a 
designated leader. It may be possible that more new 
players find more reason to have a designated leader 
compared to our current sample that are almost all 
familiar with DotA to some extent.  
 
In addition, there should have been a question in TDEQ 
that asked players to rate the importance of a leader on 
a Likert scale. (1-10) 
 



Conclusion 
Section 3, Part 3D helped us understand what portion of 
our sample found a designated leader to be important. 
We were able to find numerous relationships between 
this portion of our sample and other variables. In 
combination with Part 3C, we can notice that leaders or 
at least those who value the importance of a designated 
leader generally find the role of a Support hero to be 
very important.  
 
What’s interesting though, is that in 3C we also 
discussed how supportive play generally has a negative 
correlation with high win-rate. This may mean one of two 
things. First, there’s a possibility that those who try to 
exert leadership in a public game should not pick 
support heroes. Perhaps support leaders should be left 
to fully coordinated teams who can protect their leader. 
Second, perhaps a leader should carry a role such as a 
carry or initiator. This way they could have more control 
over how team fights are carried out and can tell their 
team what they need to become a stronger force. 
 
Also, it is no surprise that we found a strong relationship 
between those who value the importance of a leader and 
those who value pre-defined hero roles and team 
composition. These players are more likely to 
understand that team composition is important and that 
an organized team typically trumps a less organized 
team. 
 
In total, we now understand a lot more about the Dota 2 
community as both leaders and supportive players. 
There are many ways that leaders could help the 
community. They could teach players how to build a nice 
team, or how to use intense combinations in team fights. 
However, a bad leader can do the exact opposite. 
Therefore, finding a way to isolate reliable leaders from 
the rest of the player base could increase the 
satisfaction of new players. More importantly, it could 
help balance the intense learning curve that’s associated 
with Dota 2. 
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Abstract 
Analyzing the hero base for community trends and interests yields numerous implications that can be used 
to understand the Dota 2 community. Section 4A will focus on what heroes are considered the favorites out 
of the hero pool. The methods to carry this study out involved a sample size of over 1,000 Dota 2 players 
with different levels of experience. The subjects were asked to identify their favorite Dota 2 hero in a section 
of “The Dota Experiment” community analysis questionnaire. The results of this study showed a major 
preference for Invoker with Windrunner and Pudge following close behind. Heroes like Sven and Barathrum 
received little to no votes at all. The results also showed that Intelligence heroes are favored most out of all 
the classes, and ranged heroes over melee. Additionally, the results of this study provided data that will be 
useful in understanding User-specific Growth Ratings (UGR) and Total Star Ratings (TSR) for heroes. The 
importance of this study is to not only understand what heroes are the communities favorites, but also to 
understand how the results compare to the studies found in sections 4B, 4C and 4D.  Furthermore, the 
results of this section in total will help us understand the defensive/offensive tendencies of our sample, a 
subject which is discussed in Section 5. 
 

 



Placing a finger on the Dota 2 
community’s most favorite hero is a 
difficult task. That is where the 
community questionnaire comes in. 
This questionnaire using 1036 
samples basically shows which 
heroes are preferred by the majority, 
with some heroes ranked far above 
others, and others with just one vote. 
The reasons for these results will be 
discussed throughout this article. 
 
First, let’s look at the three most 
favorite heroes. They include Invoker, 
Windrunner and Pudge. What is it 
about these three that make them so 
liked? Well, each of these heroes has 
a SR of 4, meaning they fall under the 
category of UGR heroes. They are 
skill-based and can be mastered to a 
very high degree. This may include 
an Invoker player’s ability to master 
spell combos, a Windunner player’s 
ability to master shackles and arrows, 
and a Pudge player’s ability to master 
those devastating hooks. 
 
The top three most favorite heroes 
actually share a lot in common, and 
these results will be useful for future 
studies. 
 
The next group of heroes fall within 
the 30-40 likes range. They include 
Storm Spirit, Crystal Maiden, Sand 
King, Leshrac and Queen of Pain. 
Each hero is liked by at least 2.82% 
of the community according to Queen 
of Pain’s results. What these five 
heroes share in common is that 
they’re known to be picked often in 
competitive matches.  

 

 

 Q47. If you could pick one, who would you consider to be your favorite Dota 
2 hero? 

Responses SR 
(.25) 

Melee/Range 
Count % Percentage of total 

respondents 

Alchemist 1.00 M 3 0.29% 
  

Ancient Apparition 0.75 R 13 1.25% 
  

Anti-Mage 1.25 M 20 1.93% 
  

Axe 1.75 M 10 0.97% 
  

Bane 1.50 R 1 0.10% 
  

Batrider 1.25 R 1 0.10% 
  

Beastmaster 1.50 M 7 0.68% 
  

Bloodseeker 0.50 M 7 0.68% 
  

Bounty Hunter 1.00 M 16 1.54% 
  

Brewmaster 1.75 M 11 1.06% 
  

Broodmother 1.25 M 8 0.77% 
  

Chaos Knight 1.50 M 9 0.87% 
  

Chen 2.00 R 12 1.16% 
  

Clinkz 1.00 R 6 0.58% 
  

Clockwerk 0.50 M 4 0.39% 
  

Crystal Maiden 2.00 R 38 3.67% 
  

Dark Seer 0.75 M 14 1.35% 
  

Dazzle 1.50 R 9 0.87% 
  

Death Prophet 1.00 R 5 0.48% 
  

Doom Bringer 1.25 M 1 0.10% 
  

Dragon Knight 1.75 M 4 0.39% 
  

Drow Ranger 0.50 R 12 1.16% 
  

Earthshaker 1.75 M 16 1.54% 
  

Enchantress 1.50 R 5 0.48% 
  

Enigma 2.00 R 17 1.64% 
  

Faceless Void 1.75 M 5 0.48% 
  

Gyrocopter 0.75 R 3 0.29% 
  

Huskar 0.75 R 4 0.39% 
  

Invoker 1.00 R 109 10.52% 
  

Jakiro 1.75 R 5 0.48% 
  

Juggernaut 0.75 M 11 1.06% 
  

Kunkka 1.00 M 5 0.48% 
  

Leshrac 2.00 R 32 3.09% 
  

Lich 2.00 R 8 0.77% 
  



Lifestealer 1.50 M 6 0.58% 
  

Lina 1.25 R 10 0.97% 
  

Lion 2.50 R 2 0.19% 
  

Lone Druid 1.75 R/M 3 0.29% 
  

Lycanthrope 1.75 M 5 0.48% 
  

Mirana 1.00 R 24 2.32% 
  

Morphling 2.00 R 22 2.12% 
  

Nature's Prophet 1.50 R 29 2.80% 
  

Necrolyte 0.75 R 4 0.39%  

 

Night Stalker 0.75 M 9 0.87% 
  

Ogre Magi 1.25 M 7 0.68% 
  

Omniknight 1.00 M 4 0.39% 
  

Outworld Destroyer 0.50 R 2 0.19% 
  

Phantom Assassin 1.00 M 11 1.06% 
  

Phantom Lancer 1.25 M 8 0.77% 
  

Puck 1.50 R 7 0.68% 
  

Pudge 1.00 M 53 5.12% 
  

Pugna 1.00 R 1 0.10% 
  

Queen of Pain 1.75 R 30 2.90% 
  

Razor 0.75 R 6 0.58% 
  

Riki 0.75 M 7 0.68% 
  

Rubick 1.00 R 24 2.32% 
  

Sand King 1.50 M 36 3.47% 
  

Shadow Demon 0.75 R 10 0.97% 
  

Shadow Fiend 1.00 R 22 2.12% 
  

Shadow Shaman 2.00 R 14 1.35% 
  

Silencer 0.75 R 1 0.10% 
  

Skeleton King 1.75 M 10 0.97% 
  

Slardar 1.50 M 3 0.29% 
  

Sniper 0.50 R 4 0.39% 
  

Spectre 1.00 M 7 0.68% 
  

Spirit Breaker 1.25 M 1 0.10% 
  

Storm Spirit 1.75 R 39 3.76% 
  

Sven 1.25 M 0 0% 
 

Tidehunter 2.25 M 16 1.54% 
  

Tinker 1.00 R 18 1.74% 
  

Tiny 1.50 M 16 1.54% 
  

Treant Protector 1.75 M 1 0.10% 
  

Ursa 1.25 M 2 0.19% 
  

Storm Spirit is not only a fun carry to 
play, but perhaps the most mobile out 
of the current hero pool. Crystal 
Maiden is considered one of the best 
supports in the game. Sand King’s 
initiation and crowd-control 
capabilities make him a powerful tool 
for any team. Leshrac’s tower-
pushing ability and legendary early-
game killing potential make him a 
favorable pick. Queen of Pain’s ability 
to serve many roles and chase 
down/escape from any foe puts her 
where she is.  

In the end, it’s up to the individual 
player to decide what determines their 
favorite hero. These are just ideas 
based from responses on forum 
threads. 

Many other heroes fall beneath 29 
votes of the 1036 samples. 
Surprisingly, Furion falls in this 
category with exactly 29 votes. At the 
same time, Lycanthrope, who was 
considered the most imbalanced hero 
by the majority of the samples, 
received only 5 votes! His win rate 
according to http://stats.dota2.be 
ranks him as the fourth highest. As a 
matter of fact, four of the heroes with 
the highest win-rate (Treant Protector, 
Ursa, Lich and Lycanthrope) all have 
less than 8 votes in this study. 13 
likes/hero is the mean amount of 
favorites/hero. 

 

http://stats.dota2.be/


 

 

 

 

 

 

 

 

 

Discussion
In order to further understand why some heroes are 
favored over others, two outlying variables were 
identified and compared among the sample.  

 

 
First, the hero classes were taken into account. For 
example, what are the differences in sample preference 
between strength, agility and intelligence heroes? To 
understand this, heroes with 13 or more favorites were 
grouped under their specific class. A percentage was 
then calculated based upon that number divided by the 
total number of heroes in that class. Secondly, a 
percentage was calculated by dividing the 13+ favorite 
heroes by the total amount of heroes in the hero pool 
(81). Chart 4.1 shows the results of this analysis.   
 

 

Second, the hero attack types (range vs. melee) were 
taken into account. For example, what are the 
differences in sample preference between melee and 
ranges heroes. To understand this, heroes with 13 or 
more favorites were grouped under their specific attack 
type. Like the previous study, two percentages were 
calculated based on the total amount of heroes with their 
attack type and the total amount of heroes in the hero 
pool. The chart below shows the results:  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Vengeful Spirit 1.50 R 11 1.06% 
  

Venomancer 1.25 R 15 1.45% 
  

Viper 0.50 R 5 0.48% 
  

Warlock 1.75 R 6 0.58% 
  

Weaver 1.25 R 8 0.77% 
  

Windrunner 1.00 R 78 7.53% 
  

Witch Doctor 0.75 R 3 0.29% 
  

Zeus 1.00 R 5 0.48% 
  

Total Responses 

  

1036    20% 40%   60% 80%  100% 
 

Class 13 Favorites+ LCD % in class % of total hero pool 

Intelligence (N=559) 14/33 112/264 42% 17% 

Agility (N=218) 6/24 66/264 25% 07% 

Strength (N=259) 5/24 55/264 21% 06% 

Attack Type 13 Favorites+ LCD % in attack type % of total hero pool 

Melee (M) 8/37 360/1665 21% 09% 

Range (R) 16/45 592/1665 35% 19% 

As the results show, intelligence heroes have the most 
(>mean) favorites from their class and the total hero 
pool. 

Second, the hero attack types (range vs. melee) were 
taken into account. For example, what are the 
differences in sample preference between melee and 
ranged heroes? To understand this, heroes with 13 or 
more favorites were grouped under their specific attack 
type. Like the previous study, two percentages were 
calculated based on the total amount of heroes with 
their attack type and the total amount of heroes in the 
hero pool. Chart 4.2 shows the results of this analysis.  

As the results show, ranged heroes have the most 
(>mean) favorites from their range type and the total 
hero pool 

Chart 4.1 Comparison between favorite heroes with hero class. 

Chart 4.2 Comparison between favorite heroes and attack type 



 

Q. What is it about Meepo that 
makes him your favorite hero? 

A. I guess I have a personal 
preference for heroes that require 
micro or generally more attention. 
Chen & Visage also belong to my 
fav heroes. 

I used to play strategy games like 
wc3 before I got into dota and 
enjoy micro unlike a vast majority 
of other players 

Looking forward to meepo being 
implemented asap. My name also 
obviously has to do with the hero, 
in dota1. I’m glad to be the reason 
of his funname. 

Discussion (Continued) 
These two charts show a community preference for 
ranged intelligence heroes. However, the vast majority of 
intelligence heroes are ranged, so jumping to such an 
inference is hardly valid. Nevertheless, the statistics do 
hint towards that trend.  
On the flipside, there seems to be a dislike towards 
melee heroes. Reasons for this may be explained 
through further studies, but I would like to address two 
possible reasons.  

First, ranged heroes are easier to farm with and almost 
have an innate escape mechanism. In lane, they have 
an easier time standing back and last-hitting creeps 
without the fear of vulnerability. Many players might 
prefer this play-style due to it being a safer (for lack of a 
better term) method of playing. 

Second, strength heroes are sometimes mistakenly 
thought of as the “tanks” of a team. They simply benefit 
from getting as much strength as possible, and can thus 
absorb more damage. However, it is important to 
understand that ‘Durable’ heroes serve this role better 
than just Strength heroes in general. After all, they are 
called durable for a reason. 

Implications 
There are a few implications that can be made from the 
results of this study. 
 
 
1. High UGR heroes may be the most favored heroes 
among the community. 
 
2. Intelligence heroes seem to be favored over heroes of 
other classes. 
 
3. The majority of players seem to prefer Ranged heroes 
over melee. 
 
4. At the moment, Invoker reigns supreme in terms of 
total amount of favorites 

Additional Studies 
For the sake of archival data, a cross-analysis between 
hero total SR and hero class was carried out. Heroes 
with over 1.25 SR were grouped according to their class, 
and then two percentages were calculated identical to 
those made in charts 4.1 & 4.2. The chart below (4.3) 
shows the results of this analysis. 

  
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 
The results from Chart 4.1 show that even though 
Intelligence heroes have the highest amount of heroes 
with high SR in the current hero pool, Strength heroes 
have the most high- SR heroes in their hero class. 
Although this study has nothing to do with favorite 
heroes, it will still be useful when constructing future 
articles.

 
Chart 4.3 Comparisons between SR Rating and Class Type 
 

 

 

 
 
 
 
 
 

Hero Class 1.25+ SR % in Hero 
Class 

% in Total 
Hero Pool 

Intelligence 19/34 55% 23% 

Agility 10/23 43% 12% 

Strength 17/24 70% 20% 

DotA Community Spotlight 

      MEEPWN 



Further Studies 
The major issue with this study is that the options for 
heroes included in the survey do not include those that 
will be added in future updates. For example, when the 
samples were gathered for this study, Io and Luna were 
added to the hero pool.  
 
Therefore, this study will be carried out once again when 
all of the Dota 2 heroes are released. (that are available 
in the original DotA) 
 
Another study that will branch off of this one will involve 
UGR ratings and favorite heroes. Once a reliable 
method for determining UGR is constructed, it will be 
implemented into this study. Seeing as the top three 
most favored heroes are predicted to have high UGR, 
the results of this sort of study may be interesting. 
 

Conclusion 
Understanding why players enjoy some heroes over 
others is important for many reasons. For example, the 
results may be used to answer questions like “Why does 
Sven not have any favorites?” Well, according to the two 
charts in this study, it may be because he is a melee 
strength hero. On the other hand, Invoker has over 100 
favorites. This may be because he is a ranged 
intelligence hero (and a powerful one at that).  
 
On another note, the results of this study will be used to 
help understand User-specific Growth Ratings (UGR) 
and how they play a role in understanding the different 
heroes.  

In total, the results of this study address a few important 
trends that will be very useful for future studies. 

 

 

Survey Stats: 

Date Started: 6/26/12 

Date Acquired: 7/2/12 

Total Samples: 1036 

 

 

 

  



 

  

 

 
Abstract 
Analyzing the hero base for community trends and interests yields numerous implications that can be 
used to understand the Dota 2 community. Section 4B will focus on what heroes are considered the 
least favorite out of the hero pool. The methods to carry this study out involved a sample size of over 
1,000 Dota 2 players with different levels of experience. The subjects were asked to identify their least 
favorite Dota 2 hero in a section of “The Dota Experiment” community analysis questionnaire. The 
results of this study showed a major dislike towards Alchemist, with Chen and Anti-Mage following 
close behind. Heroes like Lina and Lion received no votes at all. The results also showed that Agility 
heroes are most disliked out of all the classes, and melee heroes are disliked over range. Additionally, 
the results of this study provided data that will be useful in understanding User-specific Growth 
Ratings (UGR) and Total Star Ratings (TSR) for heroes. For example, an additional study in this 
section shows that more melee heroes have higher TSR than ranged. The importance of this study is 
to not only understand what heroes are the communities least favorites, but also to understand how 
the results compare to the studies found in sections 4B, 4C and 4D.   
 

 



 

 

  Q48. If you could pick one, who would you consider to be your 
least favorite hero? 

Responses TSR Melee/ 
Ranged 

Count % Percentage of total 
respondents 

Alchemist 1.00 M 129 12.19% 
  

Ancient Apparition 0.75 R 10 0.95% 
  

Anti-Mage 1.25 M 43 4.06% 
  

Axe 1.75 M 11 1.04% 
  

Bane 1.50 R 13 1.23% 
  

Batrider 1.25 R 39 3.69% 
  

Beastmaster 1.50 M 4 0.38% 
  

Bloodseeker 0.50 M 31 2.93% 
  

Bounty Hunter 1.00 M 5 0.47% 
  

Brewmaster 1.75 M 6 0.57% 
  

Broodmother 1.25 M 16 1.51% 
  

Chaos Knight 1.50 M 1 0.09% 
  

Chen 2.00 R 65 6.14% 
  

Clinkz 1.00 R 16 1.51% 
  

Clockwerk 0.50 M 20 1.89% 
  

Crystal Maiden 2.00 R 13 1.23% 
  

Dark Seer 0.75 M 7 0.66% 
  

Dazzle 1.50 R 13 1.23% 
  

Death Prophet 1.00 R 3 0.28% 
  

Doom Bringer 1.25 M 14 1.32% 
  

Dragon Knight 1.75 M 3 0.28% 
  

Drow Ranger 0.50 R 11 1.04% 
  

Earthshaker 1.75 M 5 0.47% 
  

Enchantress 1.50 R 6 0.57% 
  

Enigma 2.00 R 1 0.09% 
  

Faceless Void 1.75 M 7 0.66% 
  

Gyrocopter 0.75 R 19 1.80% 
  

Huskar 0.75 R 18 1.70% 
  

Invoker 1.00 R 21 1.98% 
  

Jakiro 1.75 R 31 2.93% 
  

Juggernaut 0.75 M 2 0.19% 
  

Kunkka 1.00 M 7 0.66% 
  

Leshrac 2.00 R 1 0.09% 
  

Lich 2.00 R 7 0.66% 
  

Following the “Favorite Hero” study 
comes the Least Favorite Hero study. To 
understand what heroes were the least 
liked among the Dota 2 community, a 
community questionnaire was 
constructed asking that very question. 
The questionnaire, using 1058 samples, 
basically shows which heroes are the 
least liked by the majority of players. 

The most disliked hero it not a big 
surprise. Alchemist ranks with almost two 
times more dislikes than Chen, the 
second least favorite Dota 2 hero.  He is 
also considered the most imbalanced 
and weakest hero in Dota 2. Chen is one 
of the most difficult heroes to play. As 
Meepwn mentioned in the previous 
study, Chen “require(s) micro or 
generally more attention”. As one of the 
more difficult heroes to play as and 
against, it’s not a big surprise Chen’s 
ranked where he is. Anti-Mage ranks as 
the third least favorite hero. With the 
amount of “Anti-Mage is OP!” threads 
plaguing the DotA forums, his positioning 
in this study is no surprise. 

Batrider and Jakiro are ranked as the 4
th
 

and 5
th
 least favorite heroes based on 

the results of this study. One thing the 
two share in common is that they’re 
extremely annoying to lane against. Both 
of the heroes can lane support, slow 
enemies, and have AoE DPS that can 
wipe a lane clean. Their ganking ability is 
exceptional, with Batrider being a bit 
more on the aggressive end.  

 



Lifestealer 1.50 M 9 0.85% 
  

Lina 1.25 R 1 0.09% 
  

Lion 2.50 R 1 0.09% 
  

Lone Druid 1.75 M/R 21 1.98% 
  

Lycanthrope 1.75 M 13 1.23% 
  

Mirana 1.00 R 3 0.28% 
  

Morphling 2.00 R 3 0.28% 
  

Nature's Prophet 1.50 R 10 0.95% 
  

Necrolyte 0.75 R 16 1.51% 
  

Night Stalker 0.75 M 2 0.19% 
  

Ogre Magi 1.25 M 14 1.32% 
  

Omniknight 1.00 M 16 1.51% 
  

Outworld Destroyer 0.50 R 3 0.28% 
  

Phantom Assassin 1.00 M 10 0.95% 
 

 

Phantom Lancer 1.25 M 13 1.23% 
  

Puck 
1.50 R 

10 0.95%  

 

Pudge 1.00 M 17 1.61% 
  

Pugna 1.00 R 5 0.47% 
  

Queen of Pain 1.75 R 1 0.09% 
  

Razor 0.75 R 19 1.80% 
  

Riki 0.75 M 13 1.23% 
  

Rubick 1.00 R 11 1.04% 
  

Sand King 1.50 M 1 0.09% 
  

Shadow Demon 0.75 R 3 0.28% 
  

Shadow Fiend 1.00 R 15 1.42% 
  

Shadow Shaman 2.00 R 2 0.19% 
  

Silencer 0.75 R 26 2.46% 
 

 

Skeleton King 1.75 M 10 0.95% 
  

Slardar 1.50 M 3 0.28% 
  

Sniper 
0.50 R 

30 2.84%  

 

Spectre 1.00 M 16 1.51% 
  

Spirit Breaker 1.25 M 15 1.42% 
  

Storm Spirit 1.75 R 6 0.57% 
  

Sven 1.25 M 8 0.76% 
  

Tidehunter 2.25 M 3 0.28% 
  

Tinker 1.00 R 4 0.38% 
  

Tiny 2.50 M 2 0.19% 
  

A difference between the two is that 
Batrider is much more fragile than 
Jakiro, making him a bit harder to play 
as. This may explain the small gap 
between their ‘least favorite’ votes. 

After reading through different threads 
on Playdota.com, I began to realize 
why Bloodseeker is ranked as the 6

th
 

least favorite hero among the 
community. He is fragile and relatively 
difficult to play. Many community 
members agree that heroes like Night 
Stalker are simply a better choice to 
fulfill his role. 



 

 

 

 

 

 

 

  

 

Discussion 
In order to further understand why some heroes are 
favored over others, two outlying variables were 
identified and compared among the sample. The 
methods are identical to those used in section 4A. 

 
First, the hero classes were taken into account. For 
example, what are the differences in sample preference 
between strength, agility and intelligence heroes? To 
understand this, heroes with 14 or more favorites were 
grouped under their specific class. A percentage was 
then calculated based upon that number divided by the 
total number of heroes in that class. Secondly, a 
percentage was calculated by dividing the 13+ favorite 
heroes by the total amount of heroes in the total hero 
pool (THP=81). Chart 4.4 shows the results of this 
analysis. 

 

 
Chart 4.4 Comparison between least favorite heroes with hero class. 

 

As the results show, agility heroes have the most 
(>mean) ‘least favorite’ votes from their classes and the 
total hero pool. 

 
 

 
 
 
 
 
 
 
Second, the hero attack types (range vs. melee) were 
taken into account. For example, what are the 
differences in sample preference between melee and 
ranged heroes? To understand this, heroes with 13 or 
more favorites were grouped under their specific attack 
type. The total hero pool was bumped to 82 due to 
Syllabear fitting into both categories.   
 
Thus, the mean votes/hero was decreased to 13. Like 
the previous study, two percentages were calculated 
based on the total amount of heroes with their attack 
type and the total amount of heroes in the hero pool 
(THP=82). Chart 4.5 shows the results of this analysis.  
 
 

 
Chart 4.5 Comparison between favorite heroes with hero class. 

 

As the results show, Melee heroes have the most 
(>mean) Least Favorite votes within their range type. 
However, the most disliked melee and ranged heroes 
share the same number in the total hero pool. 

 

Treant Protector 1.75 M 25 2.36% 
  

Ursa 1.25 M 17 1.61% 
  

Vengeful Spirit 1.50 R 1 0.09% 
  

Venomancer 1.25 R 5 0.47% 
  

Viper 0.50 R 4 0.38% 
  

Warlock 1.75 R 23 2.17% 
  

Weaver 1.25 R 11 1.04% 
  

Windrunner 1.00 R 4 0.38% 
  

Witch Doctor 0.75 R 4 0.38% 
  

Zeus 1.00 R 11 1.04% 
  

Total Responses 
  

1058   
 20
% 
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%  
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Hero Type 14+ Least 

Favorites 

LCD % in 

class 

% of 

THP 

Strength 

(N=342) 

8/24 88/264 33% 10% 

Agility 

(N=331) 

11/24 121/264 46% 14% 

Intelligence 

(N=385) 

8/33 64/264 24% 10% 

Attack 

Type 

13+  Least 

Favorites 

LCD % in 

class 

% of 

THP 

Melee 

(M) 

17/37 765/1665 46% 21% 

Range 

(R) 

17/45 629/1665 38% 21% 



(Discussion Continued) 
The results of these two charts show a community 
dislike for melee agility heroes. This is hardly a valid 
implication, but it’s an idea that can be further 
understood with more analysis into the subject of liked 
vs. disliked heroes. 
Let’s compare the results of this study with those seen in 
4A. According to the results from the “Favorite Heroes” 
study, there was a preference towards ranged 
intelligence heroes. In this study (4B), ranged 
intelligence heroes are ranked with exactly the least 
amount of votes, further improving the implication of the 
previous study. 

On the flipside, the previous study also shows that 
melee agility heroes rank above melee strength heroes 
in terms of least amount of likes. (See chart 4.1 and 4.2) 
Although this isn’t exactly a direct correlation between 
the studies, its close enough (by a 1 hero difference) to 
further the implication. 

Why exactly melee agility heroes are ranked as the most 
disliked is uncertain at this point. The questionnaire did 
not exactly ask respondents to explain why they disliked 
the heroes. The variable is simply “least favorite, for 
whatever reason”. Speculation only goes so far, but 
melee agility heroes do share some things in common. 

There are some very annoying melee agility heroes 
whom are discussed often on forums for being 
imbalanced. These heroes may include: Anti-mage, 
Ursa, Riki, Spectre, Syllabear and Broodmother. 
Excluding Ursa, these carries are seen often in 
competitive matches and serve some unique and 
obnoxious roles in the meta-game.  

 Brood and Syllabear can push through lanes, 
tank, and are micro-strong heroes.  

 Riki, Anti-mage and Broodmother have three of 
the best escape mechanisms in the game.  

 Ursa is notoriously popular for his pub-stomping 
abilities, especially if he’s well supported. 

These are just some possible reasons for the results of 
this analysis. Further research may offer better 
explanations. 

Furthermore, there appears to be no trends linking Star 
Ratings and “Least Favorite” votes in this study. 
Although 4 of the top 6 least favorite heroes have an SR 
of over 1.25, the heroes following them all vary too much 
to generate a trend. In order to find a reliable statistic for 
this conclusion, a study will be presented later in this 
study. 

 

 

 

Implications 
There are a few implications that arise from the results of 
this study. 

1. Agility heroes seem to be the least favored 
among the hero classes. 

2. The majority of players seem to dislike melee 
heroes over ranged heroes. 

3. At the moment Alchemist reigns supreme in 
terms of total amount of ‘Least Favorite’ votes. 

Additional Studies 
As mentioned earlier, a statistical analysis was carried 
out to look for a trend between Star Ratings and Least 
Favorite heroes. 
To do this, I counted up the total amount of heroes with 
over 14 ‘Least Favorite’ votes and a greater than or 
equal to 1.25 SR. Then, I counted up the total amount of 
heroes with over 14 ‘Least Favorite’ votes and <1.25 SR. 
Chart 4.6 shows the results. 

Above/Below 
1.25 TSR 

X/ total Least 
Favorite Heroes 

% of THP 

>or= 1.25 TSR 12/27 15% 

<1.25 TSR 15/27 19% 
Chart 4.6 Comparison between Star Rating and Least Favorite Heroes. 

 

The results don’t show much of a correlation between 
Least Favorite Heroes and Star Ratings. Regardless, it 
will make for some good archival data for future studies. 
Chart 4.3 from study 4A has more information on the 
correlation between SR and hero type. Those results do 
show that agility heroes have the lowest SR in both hero 
class and the total hero pool. To further this additional 
study, I will also analyze the SR between Melee and 
Ranged heroes. Chart 4.7 shows the results. 

Chart 4.7 Comparison between Star Rating (SR) and Attack Type. 

The results of this chart will be used for the sole purpose 
of archival data. Although melee heroes have generally 
higher SR in their specific class than ranged heroes, the 
two share a similar amount in the total hero pool. Seeing 
as there are more melee heroes than ranged heroes at 
the moment, this data might only be helpful when 
analyzing melee heroes specifically. 

 

 

 

Attack 
Type 

1.25+ 
SR 

LCD % in hero 
class 

% in 
THP 

Melee (M) 24/37 1080/1665 65% 29% 

Range(R)  23/45 851/1665 51% 28% 



One possible implication is that because there are more 
‘Least Favorite’ heroes with a high SR, and the majority 
strength heroes have high SR, Melee heroes with high 
SR are likely to be least favored in the hero pool. Agility 
heroes have the least SR among other classes (see 
Chart 4.3). Again, this will be used as archival data until 
further studies can help confirm this.  

Further Studies 
The major issue with this study is that the options for 
heroes included in the survey do not include those that 
will be added in future updates. For example, when the 
samples were gathered for this study, Io and Luna were 
added to the hero pool. Therefore, this study will be 
carried out once again when all of the Dota 2 heroes are 
released. (that are available in the original DotA) 
Another study that will branch off of this one will involve 
UGR ratings and least favorite heroes. Once a reliable 
method for determining UDR is constructed, it will be 
implemented into this study. 

Finally, the next study will examine the communities’ 
ratings for Most Imbalanced Heroes. The results from 
this study will be compared to those found in the next 
study. I predict there will be a correlation between the 
most imbalanced and most disliked heroes, however it is 
very possible that there is none at all. If there is a 
correlation, that may help answer why some heroes are 
disliked over others. 

Conclusion 
Understanding why players enjoy some heroes over 
others is important for many reasons. For example, the 
results may be used to answer questions like “Why do 
Lion and Lina have only one Least Favorite vote?” Well, 
according to the two charts in this study, it may be 
because they are ranged intelligence heroes. However, 
Chen is the second highest on the list. The difference 
may lie in the difficulty to play as Chen. On the other 
hand, Alchemist has over 100 favorites. This may be 
because he is a melee strength hero with low SR. On 
top of that, he is considered the most imbalanced hero in 
the game in terms of weakness.  
The results of this study will also be used to help 
understand User-Growth Ratings (UGR) and how they 
play a role in understanding the different heroes.  

In total, the results of this study address a few important 
trends that will be very useful for future studies. 

Survey Stats: 

Date Started: 6/26/12 

Date Acquired: 7/3/12 

Total Samples: 1058 
 

 

  



 

 

  

 

 
Abstract 
Analyzing the hero base for community trends and interests yields numerous implications that can be 
used to understand the Dota 2 community. Section 4C will focus on what heroes are considered the 
most imbalanced out of the hero pool for being too strong. The methods to carry this study out 
involved a sample size of over 1,000 Dota 2 players with different levels of experience. The subjects 
were asked to identify a Dota 2 hero they thought was too strong in a section of “The Dota 
Experiment” community analysis questionnaire. The results of this study showed that Lycanthrope was 
considered to be far more imbalanced than the rest of the pool, with Anti-Mage and Invoker behind 
him. Heroes like Warlock and Weaver received little to no votes at all. The results also showed that 
more Intelligence heroes are considered imbalanced compared to the rest of the classes, with barely 
any difference between ranged and melee heroes. The implications from this study also showed that 
Anti-Mage is considered one of the most disliked and over-powered hero in Dota 2, and Invoker is one 
of the most liked and over-powered heroes in Dota 2. Additionally, the results of this study provided 
data that will be useful in understanding User-specific Growth Ratings (UGR) and Total Star Ratings 
(TSR) for heroes. The importance of this study is to not only understand what heroes are the 
communities least favorites, but also to understand how the results compare to the studies found in 
sections 4A, 4C and 4D.   
 

 



 

   Q43. If you could name one Dota 2 hero you 
consider too strong, who would it be? 

Responses SR 
(.25) 

Melee/
Range 

Imba 
Rating 

Count % Percentage of total 
respondents 

Alchemist 1.00 M 6.60 5 0.48% 
  

Ancient Apparition 0.75 R - 1 0.10% 
  

Anti-Mage 1.25 M 5.53 72 6.98% 
  

Axe 1.75 M 5.50 6 0.58% 
  

Bane 1.50 R - 0 0% 
 

Batrider 1.25 R - 0 0% 
 

Beastmaster 1.50 M 4.00 2 0.19% 
  

Bloodseeker 0.50 M 5.50 2 0.19% 
  

Bounty Hunter 1.00 M - 0 0% 
 

Brewmaster 1.75 M 4.78 23 2.23% 
  

Broodmother 1.25 M 5.00 3 0.29% 
  

Chaos Knight 1.50 M 6.41 57 5.52% 
  

Chen 2.00 R 3.33 3 0.29% 
  

Clinkz 1.00 R 6.00 2 0.19% 
  

Clockwerk 0.50 M - 0 0% 
 

Crystal Maiden 2.00 R 1.00 1 0.10% 
  

Dark Seer 0.75 M 6.00 46 4.46% 
  

Dazzle 1.50 R - 0 0% 
 

Death Prophet 1.00 R 8.00 3 0.29% 
  

Doom Bringer 1.25 M 4.00 1 0.10% 
  

Dragon Knight 1.75 M 7.00 1 0.10% 
  

Drow Ranger 0.50 R - 0 0% 
 

Earthshaker 1.75 M 5.00 2 0.19% 
  

Enchantress 1.50 R 5.00 2 0.19% 
  

Enigma 2.00 R 3.00 1 0.10% 
  

Faceless Void 1.75 M 5.00 6 0.58% 
  

Gyrocopter 0.75 R 6.50 2 0.19% 
  

Huskar 0.75 R 4.14 7 0.68% 
  

Invoker 1.00 R 6.38 61 5.91% 
  

Jakiro 1.75 R - 0 0% 
 

Juggernaut 0.75 M 7.00 1 0.10% 
  

 

Imbalance issues with Dota 2 heroes 
are often discussed throughout the 
community. To understand what 
heroes are the most imbalanced, a 
questionnaire was analyzed using a 
sample size of 1032 respondents. 
The subjects were asked to identify 
the hero they thought was the most 
imbalanced and rate the imbalance 
on a scale of 1-10.  

Based upon the numerous 
complaints about the hero since his 
release into the hero pool, it was no 
surprise that Lycan made it to the top 
of the list with 420 votes (40.70% of 
the results gathered). The hero has 
become a favorite among pub-
stompers and is an over-all nuisance 
to deal with all throughout the game.  

His abilities stack well throughout the 
entire game. The same goes for his 
tower-pushing potential, ganking, 
jungling and carrying potential. He 
has a global damage buff and an 
ultimate that gives him maximum 
movement speed and a critical-hit 
chance. Lycanthrope also has a 
summon skill which spawns two 
wolves with crits, invisibility, and 
plenty of HP at number 4. This gives 
Lycan the power to not only push 
towers, but kill Roshan by level 7.  

The fear he generates in public 
games makes him a threat to any 
opposition. Lycanthrope definitely 
lives up to his rating as the most 
imbalanced Dota 2 hero in terms of 
strength. 



Kunkka 1.00 M 5.33 3 0.29% 
  

Leshrac 2.00 R 6.15 13 1.26% 
  

Lich 2.00 R 5.00 2 0.19% 
  

Lifestealer 1.50 M 5.18 11 1.07% 
  

Lina 1.25 R - 0 0% 
 

Lion 2.50 R - 0 0% 
 

Lone Druid 1.75 R/M 5.78 9 0.87% 
  

Lycanthrope 1.75 M 6.44 420 40.70% 
  

Mirana 1.00 R 7.00 1 0.10% 
  

Morphling 2.00 R 5.87 23 2.23% 
  

Nature's Prophet 1.50 R 6.42 49 4.75% 
  

Necrolyte 0.75 R - 0 0% 
 

Night Stalker 0.75 M 10.00 3 0.29% 
  

Ogre Magi 1.25 M 9.00 3 0.29% 
  

Omniknight 1.00 M 6.00 2 0.19% 
  

Outworld Destroyer 0.50 R 5.50 2 0.19% 
  

Phantom Assassin 1.00 M 6.14 7 0.68% 
  

Phantom Lancer 1.25 M 7.00 1 0.10% 
  

Puck 1.50 R - 0 0% 
 

Pudge 1.00 M 4.63 8 0.78% 
  

Pugna 1.00 R 10.00 1 0.10% 
  

Queen of Pain 1.75 R 6.00 5 0.48% 
  

Razor 0.75 R - 0 0% 
 

Riki 0.75 M 3.40 10 0.97% 
  

Rubick 1.00 R 6.16 56 5.43% 
  

Sand King 1.50 M 4.50 2 0.19% 
  

Shadow Demon 0.75 R 5.50 10 0.97%  

 

Shadow Fiend 1.00 R 1.00 1 0.10% 
  

Shadow Shaman 2.00 R 9.00 1 0.10% 
  

Silencer 0.75 R 4.00 1 0.10% 
  

Skeleton King 1.75 M 5.67 3 0.29% 
  

Slardar 1.50 M - 0 0% 
 

Sniper 0.50 R - 1 0.10% 
  

Specter 1.00 M - 0 0% 
 

Spirit Breaker 1.25 M 8.00 3 0.29% 
  

Storm Spirit 1.75 R 7.33 3 0.29% 
  

Sven 1.25 M - 0 0% 
 

Tidehunter 2.25 M 8.00 3 0.29% 
  

Tinker 1.00 R 7.25 8 0.78% 
  

Tiny 1.50 M - 0 0% 
 

Treant Protector 1.75 M 10.00 2 0.19% 
  

The 2
nd

, 3
rd

 and 4
th
 heroes rated the 

most imbalanced include Anti-Mage, 
Invoker, and Chaos Knight. What’s 
interesting about these three is that 
they are each of a different class of 
hero, but share the same killing 
potential.  

Anti-Mage was rated the third most 
disliked hero in section 4B. Invoker 
was ranked as the most favorite hero 
of the Dota 2 hero pool in section 4B.  

Anti-Mage is ranked as the most 
imbalanced Agility hero. Invoker is 
ranked as the most imbalanced 
Intelligence hero. Chaos Knight is 
tanked as the second most 
imbalanced Strength hero. 

Like Lycan, each of these three 
heroes has skills that stack well and 
make them a threat from early to late 
game. 



 

 

 

 

 

 

 

 

 
 
 
 
 
Discussion 
 In order to further understand why some heroes are 
considered more imbalanced than others, two outlying 
variables were identified and compared among the 
sample. 

First, the hero classes were taken into account. For 
example, what are the differences in the imbalanced 

heroes ranked above the mean (  =12.7) votes/hero? To 

understand this, heroes with 13 or more votes were 
grouped under their specific class. A percentage was 
then calculated based upon that number divided by the 
total number of heroes in that class. Secondly, a 
percentage was calculated by dividing the 13+ vote 
heroes by the total amount of heroes in the hero pool 
(81). Chart 4.8 shows the results of this analysis. 

 

As the results from Chart 4.6 show, more intelligence 
heroes have the most >mean votes from their class and 
the total hero pool. Intelligence heroes were all ranked 
as the most favored heroes in section 4A. 

 

 

 

 
 
 
 

 

Second, the hero attack types (range vs. melee) were 
taken into account. For example, what are the 
differences in sample preference between melee and 
ranged heroes? To understand this, heroes with 13 or 
more votes were grouped under their specific attack 
type. 

 Like the previous study, two percentages were 
calculated based on the total amount of heroes with their 
attack type and the total amount of heroes in the hero 
pool. Chart 4.9 shows the results of this analysis. 

 

 

 

As the results show, there are no major differences in 
imbalance votes between melee and ranged heroes. 
This means that melee heroes are no more imbalanced 
than agility heroes, and vice-versa.  

 

 

 

Ursa 1.25 M 5.84 39 3.78%  

 

Vengeful Spirit 1.50 R - 0 0% 
 

Venomancer 1.25 R - 0 0% 
 

Viper 0.50 R 2.00 1 0.10% 
  

Warlock 1.75 R - 0 0% 
 

Weaver 1.25 R - 0 0% 
 

Windrunner 1.00 R 5.21 14 1.36% 
  

Witch Doctor 0.75 R 3.00 0 0% 
 

Zeus 1.00 R 2.21 1 0.10% 
  

Total Responses 
   1032 

  = 12.7 
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Class 13 

Votes+ 

LCD % in 

class 

% of total 

hero pool 

Intelligence 

(N=287) 

6/33 48/264 18% 07% 

Agility 

(N=181) 

3/24 33/264 13% 04% 

Strength 

(N=564) 

3/24 33/264 13% 04% 

Attack 

Type 

13 

Favorites+ 

LCD % in attack 

type 

% of total 

hero pool 

Melee 

(M) 

6/37 270/1665 16% 07% 

Range 

(R) 

6/45 270/1665 13% 07% 

Chart 4.8 Comparison between most imbalanced heroes and hero 
class. 

Chart 4.9 Comparison between most imbalanced heroes (too 
strong) and attack type 

In terms of hero “imbalance” 
ratings, only those heroes with 13 
or more votes will be included. The 
average votes/hero is 12.7. When 
analyzing the ratings, it is important 
to exclude heroes who have only 1 
vote. For example, if only one 
subject voted on a hero, and gave 
them a 10 rating, that would make 
the hero ranked higher than ones 
with more votes.  

 



Q. What are some of the 
elements that make a hero 
over-powered/imbalanced? 

A. 

Discussion (Continued) 
These two charts show that intelligence heroes are 
considered the most imbalanced, by number. Moreover, 
four out of the five ranged heroes ranked as imbalanced 
were intelligence heroes. This means that there’s a 
possible balance among ranged agility heroes. 
Lycanthrope obtained over 420 votes in this study. This 
gave him nearly 6 times more votes than Anti-Mage. 
This spread almost puts Lycanthrope in another 
category of imbalance compared to the other heroes 
ranked with votes over the mean. With a 40% agreement 
among a 1032 sample size and a 81 heroes to choose 
from, the implication that Lycanthrope is the most 
imbalanced hero according to the community is 
apparent.  
 
In order to understand how these heroes were rated in 
terms of their imbalance, subjects were asked to rank 
the imbalance on a scale of 1-10. 1 meant not very 
imbalanced and 10 meant extremely imbalanced. Each 
of the heroes ranked with over 13 votes were listed with 
their rating next to them. Chart 4.10 shows the results of 
this. 

Hero Votes Standard 
Deviation 

Rating 

Lycanthrope 420 2.34 6.44 

Anti-Mage 72 2.73 5.53 

Invoker 61 2.46 6.38 

Chaos Knight 57 2.63 6.41 

Rubick 56 2.42 6.16 

Natures Prophet 49 2.12 6.42 

Dark Seer 46 2.67 5.80 

Ursa 39 2.48 5.84 

Morphling 23 2.51 5.87 

Brewmaster 23 2.58 4.78 

Windrunner 14 2.81 5.21 

Leshrac 13 2.41 6.15 

 
 
 
The results of Chart 4.10 show that Lycanthrope ranks 
highest with both votes and rating. His standard 
deviation is the 2

nd
 lowest of the group, meaning about 

2/3
rds

 of his votes lay close to his rating. The only issue 
with these results is a small difference in sample size 
between the votes/ratings surveys. 
 
Nature’s Prophet has the closest standard deviation and 
imbalance rating behind Lycan. Although he didn’t near 
as many votes, he’s still agreed most upon in terms of 
his imbalance rating. 
 
Some possible correlations arose when comparing the 
results of this study with the results from articles 4A and 
4B. These are solely for relating community hero 
preferences across the hero pool analyzed during this 
survey. 
 
 
 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

1. In article 4A, Melee Strength heroes received 
the least amount of ‘favorite’ votes. With Lycan 
dominating the ‘Imbalanced (too strong)” votes, 
this bolsters the implication from study 4A.  

2. Invoker, Anti-Mage, Nature’s Prophet and 
Rubick were all ranked as “Favorite Heroes” by 
the community. Thus, 2/3 of the top 6 most 
imbalanced heroes were Favorite Heroes in 
study 4A. 

Chart 4.10: Comparison between imbalanced  heroes and 
imbalance ratings. (SN=1054) 

DotA Community Spotlight 

LYCAN 

 



 
Implications 
There are some major implications that can be drawn 
from this study.  

1. There are more Intelligence heroes considered 
imbalanced than those of other classes.  

2. Invoker is one of the most imbalanced, favorite 
and least favorite heroes in the community. 

3. Anti-Mage is one of the most imbalanced, 
favorite and least favorite heroes in the 
community. 

4. The vast majority of the community agrees that 
Lycan is the most imbalanced hero in the Dota 2 
hero pool. 

5. There is no apparent difference between 
Imbalanced (too strong) votes between melee 
and ranged heroes.  

Additional Studies 
For the sake of archival data, the Star Ratings of each  
“imbalanced” hero will be compared among the sample. 
Chart 4.11 shows the results of this analysis. 

Hero Total 
SR 

Total Votes 

Lycanthrope 1.75 420 

Anti-Mage 1.25 72 

Invoker 1.00 61 

Chaos Knight 1.50 57 

Rubick 1.00 56 

Natures Prophet 1.50 49 

Dark Seer 0.75 46 

Ursa 1.25 39 

Morphling 2.00 23 

Brewmaster 1.75 23 

Windrunner 1.00 14 

Leshrac 2.00 13 

 

The results show that 8 of 12 imbalanced heroes have a 
TSR of 1.25 or higher. These results are hardly enough 

to say that Imbalanced (too strong) heroes have high 
TSR, but it’s great data for future studies. 

Future Studies 
The major issue with this study is that the options for 
heroes included in the survey do not include those that 
will be added in future updates. For example, when the 
samples were gathered for this study, Io and Luna were 
added to the hero pool. 
 
Therefore, this study will be carried out once again when 
all of the Dota 2 heroes are released. (that are available 
in the original DotA) 
 
Another study that will branch off of this one will involve 
UGR ratings and Imbalanced Heroes (too strong). Once 
a reliable method for determining UGR is constricted, it 
will be implemented into this study.  
 
Following this study will be an analysis of Imbalanced 
Heroes: Too Weak. It is predicted that there will be a 
negative correlation between Imbalanced Heroes: Too 
Strong and Imbalanced Heroes: Too Weak. If this is true, 
then the reliability of both surveys will be enhanced.  
 
Conclusion 
Understanding why players consider some heroes more 
imbalanced then others is important for many reasons. 
For example, the results may be used to answer 
questions like “Why does Lycanthrope have nearly 6x 
the amount of votes than the next most imbalanced 
hero?” Future studies will help to answer that question, 
while this study simply verifies what heroes are 
considered the most imbalanced. 
 
On another note, the results of this study will be used to 
help understand User-specific Growth Ratings (UGR) 
and how they play a role in understanding the different 
heroes.  
 
In total, the results of this study address a few important 
implications that will be useful for future studies. 

 

 

 

 

 

 

 

 

Chart 4.11 Comparison between imbalanced heroes and Total 
Star Ratings. 



 

 

  

 

 
Abstract 
Analyzing the hero base for community trends and interests yields numerous implications that can be 
used to understand the Dota 2 community. Section 4D will focus on what heroes are considered the 
most imbalanced out of the hero pool for being too weak. The methods to carry this study out involved 
a sample size of over 1,000 Dota 2 players with different levels of experience. The subjects were 
asked to identify a Dota 2 hero they thought was too weak in a section of “The Dota Experiment” 
community analysis questionnaire. The results of this study showed that Alchemist was considered to 
be far more imbalanced than the rest of the hero pool, with Sniper and Clockwerk behind him. Heroes 
Leshrac and Pudge received no votes at all. The results also showed there were no differences 
between the classes and attack types. However, one of the major findings from this study showed that 
8/12 of the top Under-Powered heroes have low TSR. Moreover, 8/12 of the top Over-Powered heroes 
have high TSR. This may support the hypothesis that low TSR heroes are generally more difficult to 
play and have high UGR. Moreover, the results from this study show a negative correlation with the 
results from part C. At the same time, the results show a positive correlation with the results of 4B. 
This supports the validity of the sample and the two studies together. It also implies that the heroes 
considered “Under-Powered” are least favored. Moreover, Alchemist, Jakiro, Bloodseeker and Batrider 
are considered as four of the communities’ weakest and most disliked heroes. The importance of this 
study is to not only understand what heroes are the communities least favorites, but also to 
understand how the results compare to the studies found in sections 4A, 4B and 4C.   
 

 



   Q45. If you could name one hero you consider too weak, who would it be? 

Responses TSR Melee/ 
Range 

Imba 
Rating 

Count % Percentage of total 
respondents 

Alchemist 1.00 M 6.17 376 36.54% 
  

Ancient Apparition 0.75 R 4.90 10 0.97% 
  

Anti-Mage 1.25 M 5.33 3 0.29% 
  

Axe 1.75 M 3.85 13 1.26% 
  

Bane 1.50 R 5.25 4 0.39% 
  

Batrider 1.25 R 5.74 20 1.94% 
  

Beastmaster 1.50 M - 0 0% 
 

Bloodseeker 0.50 M 5.64 36 3.50% 
  

Bounty Hunter 1.00 M 2.00 1 0.10% 
  

Brewmaster 1.75 M 3.00 1 0.10% 
  

Broodmother 1.25 M 2.00 1 0.10% 
  

Chaos Knight 1.50 M 1.00 1 0.10% 
  

Chen 2.00 R 2.00 1 0.10% 
  

Clinkz 1.00 R 3.50 2 0.19% 
  

Clockwerk 0.50 M 5.32 41 3.98% 
  

Crystal Maiden 2.00 R 4.92 24 2.33% 
  

Dark Seer 0.75 M 10.00 1 0.10% 
  

Dazzle 1.50 R 4.22 9 0.87% 
  

Death Prophet 1.00 R - 0 0% 
 

Doom Bringer 1.25 M 5.50 2 0.19% 
  

Dragon Knight 1.75 M 6.00 1 0.10% 
  

Drow Ranger 0.50 R 5.27 15 1.46% 
  

Earthshaker 1.75 M - 0 0% 
 

Enchantress 1.50 R 4.33 3 0.29% 
  

Enigma 2.00 R - 0 0% 
 

Faceless Void 1.75 M 1.00 1 0.10% 
  

Gyrocopter 0.75 R 4.81 31 3.01% 
  

Huskar 0.75 R 3.67 6 0.58% 
  

Invoker 1.00 R 2.00 1 0.10% 
  

Jakiro 1.75 R 5.15 48 4.66% 
  

Juggernaut 0.75 M 4.00 2 0.19% 
  

Kunkka 1.00 M 6.90 10 0.97% 
  

Leshrac 2.00 R - 0 0% 
 

Lich 2.00 R 5.50 2 0.19% 
  

Following the Imbalanced Hero: 
Too Strong study is section 4D’s 
Imbalanced Hero: Too Weak study. 
To understand what heroes are 
considered to be the most 
imbalanced, a questionnaire was 
analyzed using a sample size of  
1029 respondents. The subjects 
were asked to identify the hero they 
thought was the most unbalanced, 
and rate the imbalance on a scale 
of 1-10. 

Based upon the numerous 
complaints about Alchemist since 
his release into the hero pool, it 
was no surprise that he made it to 
the top of the list with376 votes. 
(36.54% of the results gathered) 
The hero has become obsolete in 
the current meta-game and is 
usually avoided as a pick in most 
pub games. 

Alchemist’s abilities barely have 
any synergy, he has extremely low 
armor and strength (despite his 
size), and requires plenty of 
support and farm to be worth 
anything on a team. 

The hero has the lowest win-rate in 
Dota 2 according to stats.dota2.at 
an absurdly low 40.35%. This is 
one of the many reasons why 
Alchemist is ranked not only the 
most imbalanced hero in terms of 
weakness, but the most disliked 
hero as well.  



Lifestealer 1.50 M - 0 0% 
 

Lina 1.25 R 3.60 5 0.49% 
  

Lion 2.50 R 2.50 2 0.19% 
  

Lone Druid 1.75 M/R 8.00 1 0.10% 
  

Lycanthrope 1.75 M 9.67 3 0.29% 
  

Mirana 1.00 R 8.00 1 0.10% 
  

Morphling 2.00 R 4.00 1 0.10% 
  

Nature's Prophet 1.50 R 7.00 4 0.39% 
  

Necrolyte 0.75 R 4.64 28 2.72% 
  

Night Stalker 0.75 M - 0 0% 
 

Ogre Magi 1.25 M 6.00 1 0.10% 
  

Omniknight 1.00 M 5.00 1 0.10% 
  

Outworld Destroyer 0.50 R 4.00 1 0.10% 
  

Phantom Assassin 1.00 M 5.21 14 1.36% 
  

Phantom Lancer 1.25 M 5.25 24 2.33% 
  

Puck 1.50 R 5.67 10 0.97% 
  

Pudge 1.00 M - 0 0% 
 

Pugna 1.00 R 5.00 8 0.78% 
  

Queen of Pain 1.75 R - 0 0% 
 

Razor 0.75 R 5.40 5 0.49% 
  

Riki 0.75 M - 0 0% 
 

Rubick 1.00 R 4.50 2 0.19% 
  

Sand King 1.50 M - 0 0% 
 

Shadow Demon 0.75 R 4.67 3 0.29% 
  

Shadow Fiend 1.00 R 5.67 3 0.29%  

 

Shadow Shaman 2.00 R - 0 0% 
 

Silencer 0.75 R 5.16 38 3.69% 
  

Skeleton King 1.75 M 2.67 3 0.29% 
  

Slardar 1.50 M - 0 0% 
 

Sniper 0.50 R 5.68 68 6.61% 
  

Spectre 1.00 M 4.00 3 0.29% 
  

Spirit Breaker 1.25 M 4.44 16 1.55% 
  

Storm Spirit 1.75 R - 0 0% 
 

Sven 1.25 M 5.21 15 1.46% 
  

Tidehunter 2.25 M - 0 0% 
 

Tinker 1.00 R - 0 0% 
 

Tiny 2.50 M - 0 0% 
 

The 2
nd

, 3
rd

 and 4
th
 heroes rated 

the most imbalanced for being too 
weak include Sniper, Jakiro and 
Clockwerk/Treant.  What’s 
interesting about Alchemist, Sniper 
and Clockwerk is that each of them 
have very low TSR. Jakiro on the 
other hand was rated as one of the 
top three most disliked heroes of 
the current hero pool.  

Sniper and Clockwerk are both 
relatively squishy heroes without an 
escape mechanism. They have 
long-range abilities and unreliable 
mini-stuns. Sniper is criticized often 
for being a worthless hero pick. 
Like Alchemist, he carries the same 
stigma as an unreliable carry.  

Jakiro is considered one of the 
most imbalanced and least favorite 
heroes in the current hero pool. It’s 
a hero with incredibly slow casting 
animations for his three active 
skills. None of his skills stack 
throughout the game excluding his 
ice path.  

Treant tied with Clockwerk as the 
4

th
 most imbalanced hero for being 

too weak. This may be because 
Treant was nerfed over the past 
years with a new ability and 
lowered strength. His durability and 
support ability have decreased by a 
large amount.  

 



 

 

 

 

 

 

 

 

 

 

Discussion 
In order to further understand why some heroes are 
considered more imbalanced than others, two outlying 
variables were identified and compared among the 
sample. It’s important to remember that the total amount 
of votes/sample doesn’t necessarily mark a trend. For 
example, heroes like Alchemist in this study absorb over 
300 of the total votes. So, the heroes must be ranked 
equally which means they have to have over 13 votes in 
this study. 
 
First, the hero classes were taken into account. For 
example, what are the differences in the imbalanced 
heroes ranked above the mean votes/hero? To 
understand this, heroes with 13 or more votes were 
grouped under their specific class. A percentage was 
then calculated based upon that number divided by the 
total number of heroes in that class. Secondly, a 
percentage was calculated by dividing the 13+ vote 
heroes by the total amount of heroes in the hero pool 
(81). Chart 4.12 shows the results of this analysis 
 

As the results from chart 4.10 show, there’s barely any 
difference between the three classes. If anything, it 
shows how imbalanced Alchemist is compared to other 
strength heroes. Other than that, it just shows that the 
classes are balanced for the most part in terms of 
heroes that are too weak. 
Second, the hero attack types (range vs. melee) were 
taken into account. For example, what are the 
differences in sample preference between melee and 
ranged heroes? To understand this, heroes with 13 or 
more votes were grouped under their specific attack 
type. Like the previous studies, two percentages were 
calculated based on the total amount of heroes with their 
attack type and the total amount of heroes in the hero 
pool. Chart 4.13 shows the results of this analysis. 

 

As the results show, ranged heroes seem to be 
considered weaker compared to the rest of the hero 
pool. However, more melee heroes are considered 
weaker within their class. 

 

Treant Protector 1.75 M 5.33 41 3.98% 
  

Ursa 1.25 M 6.00 1 0.10% 
  

Vengeful Spirit 1.50 R 6.50 2 0.19% 
  

Venomancer 1.25 R 1.00 1 0.10% 
  

Viper 0.50 R 1.00 1 0.10% 
  

Warlock 1.75 R 5.53 15 1.46% 
  

Weaver 1.25 R 3.00 3 0.29% 
  

Windrunner 1.00 R 4.00 2 0.19% 
  

Witch Doctor 0.75 R 4.30 11 1.07% 
  

Zeus 1.00 R 5.58 26 2.53% 
  

Total Responses 
   

1029    20% 40%   60% 80%  100% 
 

Class 13 

Votes+ 

LCD % in 

class 

% of total 

hero pool 

Intelligence 

(N=279) 

7/33 56/264 21% 08% 

Agility 

(N=220) 

6/24 66/264 25% 07% 

Strength 

(N=530) 

6/24 66/264 25% 07% 

Attack 

Type 

13 

Favorites+ 

LCD % in attack 

type 

% of total 

hero pool 

Melee 

(M) 

9/37 405/1665 24% 10% 

Range 

(R) 

10/45 370/1665 22% 12% 

Silencer ranked as the 6
th
 most 

imbalanced hero for being too 
weak. The hero has become a 
situational pick in the competitive 
scene but remains fodder in 
public games. Many public 
players do not have the team 
coordination to use him correctly. 

Bloodseeker ranked as the 7
th
 

most imbalanced hero for being 
too weak. He was also among the 
top heroes for most disliked. As 
explained in section 4B, 
Bloodseeker has simply slipped 
out of the current meta-game, 
and many other heroes can carry 
his role out more efficiently. 

Chart 4.12 Comparison between most imbalanced heroes and hero 
class. 

hart 4.13 Comparison between most imbalanced heroes (too weak) and 
hero class. 



 

Discussion (Continued) 
The results of these two charts show two things. First, 
more ranged intelligence heroes are considered too 
weak than other heroes throughout the hero pool. 
However, the melee strength heroes are considered the 
most imbalanced heroes. Agility heroes are considered 
balanced between ranged and melee. Intelligence 
heroes are mostly ranged. Strength heroes are almost 
all melee.  
 
Thus, there aren’t really any valid implications that can 
be derived from these statistics. We would be better off 
looking at the total amount of votes/hero. 
 
The results of these charts are near identical to those 
seen in section 4C. Perhaps this is an indication of 
balance among the different classes and attack types. 
 
Most importantly, there was an apparent negative 
correlation found running between the data found in 4C 
and 4D. This is excellent because it creates more 
reliability in these data sets.  
 
Similarly, a positive correlation was found between the 
data of 4A and 4C as well as 4B and 4D. This was to be 
expected, as players generally like the heroes that are 
considered too strong over those considered too weak. 
 
In order to understand how these heroes were rated in 
terms of their imbalance, subjects were asked to rank 
the imbalance on a scale of 1-10. 1 meant not very 
imbalanced and 10 meant extremely imbalanced. Each 
of the heroes ranked with over 13 votes were listed with 
their rating next to them. Chart 4.14 shows the results of 
this. 
 

Hero Votes Standard 
Deviation 

Rating 

Alchemist 376 2.54 6.17 

Sniper 68 2.52 5.68 

Jakiro 48 2.27 5.15 

Treant Protector 41 2.76 5.33 

Clockwerk  41 2.31 5.32 

Silencer 49 2.55 5.16 

Bloodseeker 38 2.75 5.64 

Gyrocopter 39 2.81 4.81 

Necrolyte 28 2.06 4.64 

Zeus 26 1.88 5.58 

Crystal Maiden 24 2.59 4.92 

Phantom Lancer 24 2.56 5.25 

Batrider 20 2.31 5.74 

Spirit Breaker 16 1.82 4.44 

Warlock 15 2.42 5.53 

Sven 15 1.97 5.21 

Drow Ranger 15 3.24 5.27 

Phantom Assassin 14 3.02 5.21 

Axe 13 2.15 3.85 

 
 
 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
The results of Chart 4.14 show that Alchemist ranks 
highest in both total votes and imbalance rating. His 
Standard Deviation is balanced (not too high/low) 
meaning that about 2/3 of his votes lay close to his 
rating. The only issue with these results is a small 
difference in sample size between the votes/ratings 
surveys. 
 
Spirit Breaker has the lowest Standard Deviation and 
Rating. This means that 4.44 is a reliable assessment for 
his imbalance in terms of weakness. However, he still 
ranks with 16 votes meaning a larger sample size would 
help make that theory more accurate. 
 
 
 

Chart 4.14 Comparison between imbalanced  heroes and imbalance 
ratings. (SN=1029) 



 
Implications 

1. The over-all balance of Imbalanced: Too Weak 
heroes across the different classes and attack 
types is fairly stable. 

2. There is a negative correlation between heroes 
considered balanced and imbalanced. 

3. There is a positive correlation between heroes 
considered Least Favorite and Imbalanced: Too 
Weak. 

4. Alchemist is considered the most imbalanced 
hero in Dota 2 in terms of overall weakness. 

5. Alchemist, Jakiro, Bloodseeker and Batrider are 
considered as four of the communities’ weakest 
and most disliked heroes. 

6. 4 out of the 6 top weakest heroes have low 
TSR. 

Additional Studies 
For the sake of archival data, the Star Ratings of each 
“imbalanced” hero in this article will be compared among 
the sample. Chart 4.15 shows the results of this 
analysis. 

Hero Votes TSR 

Alchemist 376 1.00 

Sniper 68 0.50 

Jakiro 48 1.75 

Treant Protector 41 1.75 

Clockwerk  41 0.50 

Silencer 49 0.75 

Bloodseeker 38 0.50 

Gyrocopter 39 0.75 

Necrolyte 28 0.75 

Zeus 26 1.00 

Crystal Maiden 24 2.00 

Phantom Lancer 24 1.25 

Batrider 20 1.25 

Spirit Breaker 16 1.25 

Warlock 15 1.75 

Sven 15 1.25 

Drow Ranger 15 0.50 

Phantom Assassin 14 1.00 

Axe 13 1.75 

 
 
The results from this chart are huge for studying Star 
Ratings and UGR. According to this chart, 8 out of the 
top 10 weakest heroes have very low TSR. If my 
hypothesis that the lowest TSR heroes are the most 
difficult to play is correct, then these results will surely 
help to reach that conclusion. In comparison with the 
most imbalanced (strongest) heroes, these results show 
a great negative correlation. 
 
The results from chart 4.9 in section 4C show that 8 of 
the top 12 Imbalanced: Too Strong heroes have a high 
TSR. (1.25+) The results from this chart show that 8 out 
of the top 12 Imbalanced: Too Weak heroes have low 
TSR. (<1.25) 
 

Future Studies 
The major issue with this study is that the options for 
heroes included in the survey do not include those that 
will be added in future updates. For example, when the 
samples were gathered for this study, Io and Luna were 
added to the hero pool. 
 
Therefore, this study will be carried out once again when 
all of the Dota 2 heroes are released. (that are available 
in the original DotA) 
 
Another study that will branch off of this one will involve 
UGR ratings and Imbalanced Heroes (too weak). Once a 
reliable method for determining UGR is constricted, it will 
be implemented into this study.  
 
Conclusion 
Understanding why players consider some heroes more 
imbalanced than others is important for many reasons. 
For example, the results may be used to answer 
questions like “Why is Alchemist the least favorite hero?” 
Well, the results from this study suggest that perhaps it’s 
because he is the most imbalanced. The same works 
vice-versa. 
 
On another note, the results of this study will be used to 
help understand User-specific Growth Ratings (UGR) 
and how they play a role in understanding the different 
heroes. 

In total, the results of this study address a few important 
implications that will be useful for future studies. 

 

 

  

  

 

 

 

 

 

Chart 4.15 Comparison between imbalanced heroes and Total 
Star Ratings. 



 

  

 
 
 

5A: Mood, Willpower and Ego-Depletion 
5B: In-Game Chat 

5C: Allies and Teamwork 
5D: Decision Making, Collaboration and Sportsmanship 

 



  

 

 
Abstract 
Section 5 is going to focus on a series of questions addressed in TDEQ. These questions took up about 
50% of the total questionnaire and are considered event-specific. Every question was constructed on a 
Likert-scale and addresses a scenario that a player might encounter in game. Part 5A in particular is going 
to address questions that concerned player mood, will-power and play-style. We are also going to reference 
a study by Job, Dweck and Walton et al. (2010) named “Ego Depletion—Is It All in Your Head?  What we 
want to understand is how ego-depleting exercises within the realm of Dota 2 may have an effect on our 
sample’s willpower. For example, does losing a game inhibit a player’s ability to play another game? 
Furthermore, we are going to look for what portion of our sample fostered a Limited-Resource Theory (LRT) 
or a Nonlimited-Resource Theory (NRT). This way, we can understand how the portion of our sample who 
perceives Dota 2 as an ego-depleting exercise answered other questions. We call this a confirmation bias. 
Those who answered certain questions like “When the enemy gets First Blood I usually feel less 
determined” higher on the scale they are confirming their membership to the LRT group. We can understand 
this a lot more through reviewing the respondents answers to the 8 different questions addressed in this 
article. This will help us construct some conditional samples/variables that can be used throughout Section 5 
and other future studies. 

 



Introduction 

Why is it that a player loses motivation when losing a 

game? What effect does this have on their over-all Dota 

2 experience? Why can some players shrug off a loss 

and do well in the following game while others cannot? 

These are some of the questions that will be discussed 

throughout this article. 

 

In an article about ego-depletion and will-power by Job, 

Dweck and Walton et al. (2010), the authors addressed 

the possibility that will-power is all in your head. The 

variables they addressed were the Limited-Resource 

Theory and Non-Limited Resource Theory. Their study 

looked towards ego-depleting exercises (The Stroop 

Task) to help them link a correlation between these two 

theories and ego depletion. What they found was that 

participants who fostered a Limited Resource Theory 

(LRT) typically performed worse at an ego-depleting 

exercise than those who fostered a Non-Limited 

Resource Theory (NRT). The resource, of course, is will-

power. 

 

So how does this translate into Dota 2? Well, we can 

consider Dota 2 to be a far more ego-depleting exercise 

than a simple stroop task. If you play poorly, you know it. 

If you play well, you know it too. Either way, mental 

fatigue is bound to happen. But does this mental fatigue 

even actually influence your future performance? Or, is it 

the perception of mental fatigue that plays a big part. 

Now obviously a player who plays 5 straight games of 

Dota 2 is more likely to become more mentally fatigued 

than someone who just plays one… but does that 

necessarily mean he is more ego-depleted? What if the 

player won all five games and the other lost the only 

game he played? Is loss directly correlated with ego-

depletion? And what about first-blood or other early 

game premonitions of defeat? How may these have an 

impact on a player’s performance? 

 

To understand these questions, we are going to study 8 

questions from TDEQ located under the Event-Specific 

Community Analysis. These questions include: 

 

Q49. When an enemy gets ‘First Blood’ I usually feel 
less determined. 
Q59. When an ally exclaims ‘GG’ at the beginning of a 
game, I usually feel less determined. 
Q84. When an ally or I get ‘First Blood’ I usually feel 
more determined. 
Q51. Losing a game of Dota usually impacts my urge to 
play again. 
Q64. Winning or losing a game of Dota 2 has a strong 
impact on my mood. 
 
 

Q68. Winning a game of Dota 2 usually makes me play 
better after. 
Q73. I usually play Dota 2 better after I get plenty of 
sleep. 
 

We will be cross-analyzing the answers of these results 

as follows: 

 

Q49 and Q59 

Q49 and Q51 

Q49 and Q64 

Q59 and Q51 

Q59 and Q64 

Q84 and Q64 

Q84 and Q68 

Q64 and Q68 

Q64 and Q73 

 

Using the previously stated cross-analyses, we will 
attempt to learn more about the Dota 2 community’s 
thoughts about ego-depletion and will-power. More 
importantly, we will look for evidence that links Non-
limited Resource Theory (NRT) with a more pleasant 
Dota 2 experience. 
 
Discussion 

In order to avoid clutter and confusion, we are first going 
to examine to the individual results of each question 
addressed in this article, as well as the average 
response. 
 

First we are going to look at the results of our first 
question that asked participants to rate the extent to 
which they find a certain situation to be ego-depleting. 
We are going to use the same methods used by Job, 
Dweck and Walton et al. (2010) by considering this 
question one that will find out what portion of our sample 
holds a LRT or NRT theory on will-power. The results 
are shown on Chart 5.1. 

 

Chart 5.1: Total Sample (N=1101) response to Q49 from 
TDEQ: “When an enemy gets ‘First Blood’ I usually feel 
less determined.” 

The results from Q49 show an average response of 
3.49, showing that the majority of our sample does not 
feel less determined when the enemy gets first blood. 
Considering this is an early-game scenario, we can infer 



that these scenarios do not enforce an NRT response 
from our sample. 

We are now going to look at a similar question from 
TDEQ. Q59 asked participants whether or not they feel 
less determined when an ally suggests a loss of will-
power by exclaiming ‘GG’ at the beginning of a game. 
The only issue with this question is that saying GG can 
be directed to one’s own team or an enemy team. 
Regardless, we will assume the sample interpreted the 
question correctly. Chart 5.2 shows the results. 

 

Chart 5.2: Total Sample (N=1095) response to Q59 from 
TDEQ: “When an ally exclaims ‘GG’ at the beginning of a 
game, I usually feel less determined.” 

The results from Q59 show an average response of 
4.43, showing that the majority of our sample do not feel 
less determined when an ally encourages the team to 
give up (or shows ego depletion) early in a game. We 
will assume the difference in average response between 
this question and Q49 is due to a misinterpretation of the 
question. 

We are now going to look at the other side of the coin to 
understand what portion of our sample feels more 
determined, or feel an increase of willpower when their 
team scores first blood. These results will let us know if 
participants find their willpower to be positively affected 
by an early game willpower-effecting situation. The 
results are shown on Chart 5.3. 

 

Chart 5.3: Total Sample (N=1083) response to Q84 from 
TDEW: “When an ally or I get ‘First Blood’ I usually feel 
more determined.” 

The results from Q84 show an average response of 
6.88, showing that the majority of our sample feels more 
determined after scoring a First Blood. This shows that a 

lot of our sample is fostered with a belief in LRT. Their 
determination is effected by positive willpower enforcing 
events. 

We are now going to step away from early game 
scenarios to look at how participants responded to 
questions about late-game scenarios. We will begin by 
looking at Q51 from TDEQ which asked participants to 
what extent losing a game of Dota 2 impacted their urge 
to play another game. The results are shown on Chart 
5.4. 

 

Chart 5.4: Total Sample (N=1102) response to Q51 from 
TDEQ: “Losing a game of Dota usually impacts my urge to 
play again.” 

The results from Q51 show an average response of 
5.60, showing that the majority of our sample feels less 
determined after losing a game of Dota 2. This shows 
that the majority of our sample holds a LRT by end 
game. So far we know that our participants do not hold a 
LRT during early-game scenarios that have a negative 
effect on will-power. We do have evidence that our 
participants hold a LRT during post-game scenarios. 
They feel less determined after losing a game, which 
addresses ego depletion and loss of willpower. 

To further explore this, we are going to look at the 
responses to Q64 from TDEQ. This question asked 
participants to rate the extent to which winning or losing 
a game of Dota 2 has a strong effect on their mood. This 
question explores mood/affect and how winning or losing 
a game has an effect on these elements. The results are 
shown on Chart 5.5. 

 

Chart 5.5: Total Sample (N=1094) response to Q64 from 
TDEQ: “Winning or losing a game of Dota 2 has a strong 
impact on my mood.” 



The results from Q64 show an average response of 
5.97, showing that the majority of our sample feels their 
mood is affected when they win or lose a game. This 
shows the will-power and ego-depleting or enforcing 
effects preceding a game of Dota 2. We now have 
reason to believe that post-game results  are regarded 
as willpower decreasing or ego depleting by the majority 
of our sample.  At the same time, we know that the 
majority of our sample views Willpower as a limited 
resource. Chart 5.6 shows the results. 

 

Chart 5.6: Total Sample (N=1098) response to Q68 from 
TDEQ: “Winning a game of Dota 2 usually makes me play 
better after.” 

The results from Q68 show an average response of 
5.92, showing that the majority of our sample feels like 
they play better after winning a game. This confirms the 
belief that post-game scenarios usually have an effect 
on will-power. It also shows that the majority of our 
sample is fostered with an LRT. Let’s remember that the 
results of Job, Dweck and Walton et al. (2010) showed 
that those who hold a NRT (Non-Limited Resource 
Theory) usually perform better during ego-depleting 
exercises. 

We are now going to address an important outlying 
variable which is sleep. To do this, we will analyze the 
results of Q73 from TDEQ. This question asked 
participants to rate on a scale to what extent they usually 
play Dota 2 better after getting plenty of sleep. We can 
assume that lack of sleep has a negative effect on one’s 
ego or will-power, so we will see how many Dota 2 
players agree or disagree with this statement. The 
results are shown on Chart 5.7. 

 

Chart 5.7: Total Sample (N=1089) response to Q73 from 
TDEQ: “I usually play Dota 2 better after I get plenty of 
sleep.” 

 

The results from Q73 show an average response of 
6.43, showing that the majority of our sample feels like 
they play better after getting plenty of sleep. This 
variable will be analyzed in the following studies in this 
article. The level of agreement with this question shows 
a sample understanding of sleep’s effect on their play-
style.  

Because we understand that post-game scenarios 
typically result in ego-depletion/reduced will-power, we 
can assume the sample’s level of agreement on the 
effects of sleep can link loss of sleep with loss of 
willpower. This will limit the effects of this variable 
(sleep) while studying the results of the cross-analyses. 
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Q49 vs. Q59 
We are now going to confirm the results of the questions 
above by cross-analyzing their results with questions of 
a similar nature. First, let’s compare the results of the 
early-game potentially ego depleting scenarios. We will 
compare the results of Q49 with two conditions: 
 
Condition A: Those who answered above the average 
for Q59. 
Condition B: Those who answered below the average for 
Q59. 
 
The results are shown on Chart 5.8 
 

 

Chart 5.8: Condition A (N=548) vs. Condition B (N=564) 
response to Q49 from TDEQ: “When an enemy gets ‘First 
Blood’ I usually feel less determined.” 

The results show that those who answered above the 
average for Q59 (When an ally exclaims GG…) also 
answered above the average for Q49 than those in 
Condition B. This shows that these two ego-depleting 
early game scenarios are correlated under the same 
category, and we can therefore draw the implication that 
early game ego-depleting scenario’s do not have a 
major effect on our sample’s perception of 
willpower. Whether or not they play better or worse is 
not confirmed, but we can assume that determination 
usually leads to better performance. 

Q49 vs. Q51 
Now we are going to look for a possible relationship 
between an early game ego-depleting event and a post-
game ego depleting an event.  We will address the 
results of Q51 as the independent variable and will 
compare their results (>s>) to Q49. To do this, let’s 
develop two conditions: 
 
Condition A: Those who answered above the average 
for Q51. 
Condition B: Those who answered below the average for 
Q 51. 
 
The results are shown on Chart 5.9 

 

Chart 5.9: Condition A (N=748) vs. Condition B (N=564) 
response to Q49 from TDEQ: “When an enemy gets ‘First 
Blood’ I usually feel less determined.” 

The results show a general connection between the 
early-game event and the post-game event. Those who 
rated Q51 with the highest rating did the same thing for 
Q49. This shows that ego-depletion can happen in early 
stages of the game, especially by those who adapted a 
LRT with an above average rating for Q51. I’m now very 
interested in determining the number (N) within our LRT 
and NRT groups. 

Q49 vs. Q64 
Now we are going to look for a relationship between an 
early-game ego-depleting scenario and those who rated 
whether or not the outcome of a game affects their 
mood. We can consider that those who answered above 
the average for Q64 may have fostered a LRT. If we can 
gather that portion of the sample who answered above 
the average for Q41, we can understand more about 
what portion of our sample believes will-power is a 
limited resource, and what portion does not. To do this, 
let’s develop two conditions: 

Condition A: Those who answered above the average 
for Q64. 
Condition B: Those who answered below the average for 
Q 64. 

The results are shown on Chart 5.10 

 

Chart 5.10: Condition A (N=657) vs. Condition B (N=457) 
response to Q49 from TDEQ: “When an enemy gets ‘First 
Blood’ I usually feel less determined.” 



From what the results can tell us, we can link a 
relationship between those who feel their mood is 
affected by the outcome of a game with their answers to 
an early game ego-depleting scenario. As you can see, 
those who rated above the average for Q64 also rated 
above the average for Q49. We can link the two results 
and say our limited resource group typically feels that 
their mood is affected by early game events. 

Q59 and Q51 

In order to confirm the results of Chart 5.9, we are going 
to cross analyze another early game scenario with a 
post-game scenario. Doing this will let us know the 
validity of Q59 or if it should be excluded from the 
results.  We will cross-analyze two conditions with Q59 
in order to do this:  
 
Condition A: Those who answered above the average 
for Q51. 
Condition B: Those who answered below the average for 
Q51. 
 
The results are shown on Chart 5.11. 
 

 

Chart 5.11: Condition A (N=568) vs. Condition B (N=532) 
response to Q59  from TDEQ: “When an ally exclaims ‘GG’ 
at the beginning of a game, I usually feel less determined.” 

The results show that Condition A rated higher above 
the average for Q59, for the most part. As expected, 
there is a small difference in the results of this analysis 
and that of Chart 5.9. We can assume this is due to a 
misinterpretation of the question. However, the results 
are still significant enough to confirm the results of Chart 
5.9 which links ego-depletion between early game and 
post-game scenarios to be equally important. Therefore, 
our sample who adapted a LRT is affected in both early 
and post-game situations. 

Q59 and Q64 

We are now going to run the same cross analysis as 
before in order to confirm our results. We will now use 
Q64 as the dependent variable by using two conditions: 
 

Condition A: Those who answered above the average 
for Q64. 
Condition B: Those who answered below the average for 
Q64. 
 
The results are shown on Chart 5.12. 
 

 

Chart 5.12: Condition A (N=655) vs. Condition B (N=449) 
response to Q59 from TDEQ: “When an ally exclaims ‘GG’ 
at the beginning of a game, I usually feel less determined.” 

The results show that Condition A rated higher above 
the average for Q59, for the most part. As expected, 
there is a small difference in the results of this analysis 
and that of Chart 5.11. We can assume this is due to a 
misinterpretation of Q59. However, the results are still 
significant enough to confirm the results of Chart 5.10 
which links ego-depletion from early-game scenarios 
and mood affect during post-game. Therefore, our 
sample who adapted a LRT is affected in both early and 
post-game situations. 

Q84 and Q64 
We are now going do just what we did in the previous 
study except we will switch the dependent variable to a 
question that asks if the results of a game impact their 
mood. It is expected that we will find another correlation 
above the average response, since mood can be seen 
as both positive and negative. We will now use Q64 as 
the dependent variable by using two conditions: 
 
Condition A: Those who answered above the average 
for Q64. 
Condition B: Those who answered below the average for 
Q64. 
 
The results are shown on Chart 5.13. 



 

 

Chart 5.13: Condition A (N=646) vs. Condition B (N=446) 
response to Q84  from TDEQ: “When an ally or I get ‘First 
Blood’ I usually feel more determined.” 

These results show that positive affect can be linked to a 
positive willpower-effecting early game scenario (first 
blood).  Therefore, if players feel more determined by 
first blood, and a positive mood is linked to 
determination, then playing better the next game is the 
result of a higher rate of determination from scenarios in 
the previous game. 

Q84 and Q68 

We are now going to switch back to our positive affect 
scenario which asked players whether or not their team 
getting first blood increases their determination. We will 
compare these results with Q68 which asked players to 
rate the extent to which winning a game impacts their 
performance in the next game. The results will let us 
understand more about out LRT group who finds they 
play better due to the outcome of certain scenarios. To 
do this, let’s list our two conditions and compare them to 
the results of Q84: 
 

Condition A: Those who answered above the average 
for Q68. 
Condition B: Those who answered below the average for 
Q68. 
 
Chart 5.14 shows the results of this analysis 
  

 

Chart 5.14: Condition A (N=585) vs. Condition B (N=503) 
response to Q84  from TDEQ: “When an ally or I get ‘First 
Blood’ I usually feel more determined.” 

The results show a positive correlation between those 
who feel more determined by an early game scenario 
and how they feel like they will play better after winning a 
game. We can now attribute that those in our LRT group 
believe that their affect is based on both positive and 
negative scenarios.  
 

Q64 and Q68 

Using the same conditions, we will look for a correlation 
between how players feel their mood is changed by the 
outcome of a game and how players feel like they will 
play better after winning a game. To do this, we will use 
Q64 as the dependent variable and Q68 as the 
independent variable. The results will let us confirm that 
feeling like one will play better after a game is an affect 
or mood. This will be done simply for confirmation. To do 
this, let’s list our two conditions and compare them to the 
results of Q64: 
 

Condition A: Those who answered above the average 
for Q68. 
Condition B: Those who answered below the average for 
Q68. 
 
Chart 5.15 shows the results of this analysis 
  

 

 

Chart 5.15: Condition A (N=591) vs. Condition B (N=508) 
response to Q64 from TDEQ: “Winning or losing a game of 
Dota 2 has a strong impact on my mood.” 

The results show a positive correlation between those 
who feel more determined by an early game scenario 
and how their mood is affected after winning or losing a 
game. We can now infer that feelings that you will play 
better after winning a game is a sign that ones will-power 
is limited because of the effect it has on your mood.   
 
Q64 and Q73 
Finally, we are going to look for a relationship between 
how winning or losing a game has an effect on a 
participant’s mood and how our participants believe 
sleep makes them perform better in Dota 2. If we find a 
positive correlation we can confirm that sleep is a 
variable that has an effect on mood. As described earlier 
in this article, sleep is an outlying variable that should be 
analyzed when discussing any results pertaining to 
mood/affect. To do this, we are going to use Q64 as the 



independent variable and Q73 as the dependent variable 
by listing two conditions: 
 
Condition A: Those who answered above the average 
for Q68. 
Condition B: Those who answered below the average for 
Q68. 
 
Chart 5.16 shows the results of this analysis 
  

 

Chart 5.16: Condition A (N=546) vs. Condition B (N=561) 
response to Q64 from TDEQ: “Winning or losing a game of 
Dota 2 has a strong impact on my mood.” 

The results show a small, but positive correlation 
between our dependent variable (condition A) and our 
independent variable (Q64). This confirms our belief that 
sleep is believed to have an effect on mood and 
performance within the realm of Dota 2. 

Results 
The results of Section 5, Part 5A shed light on some 
major findings. We now know that Dota 2 can be 
considered an ego-depleting task based upon the 
responses from our sample to certain questions. The 
fact that we know that winning/losing has an effect on 
mood to begin with is enough to show the ego-depleting 
side of Dot a 2. 
 
We discovered that determination is effected by both 
positive and negative scenarios in both early and post-
game.  Furthermore, we confirmed that will-power 
depletion is linked to post-game scenarios more than 
early game scenarios. What this tells us is that 
participants with Limited Resource Theories an Non-
Limited Resource Theories both exist within our sample. 
As a matter of fact, both conditional samples are split 
among our sample. As you can see for the sample sizes 
of all conditional samples, the response size (N=X) is 
nearly 50/50.  
 
Using the results of Job, Dweck and Walton et al. (2010) 
as a reference, we can understand that those 
participants who hold a LRT typically perform worse at 
an ego-depleting task (Dota 2) than those who do not. 
Therefore, is there a possibility that win-rate and other 
variables are effected by LRT? Well, according to the 

results of Job, Dweck and Walton et al. (2010), they 
should be.  
 
Further studies will be carried out in the future to 
understand how win-rate is specifically affected by those 
with an LRT and NRT. 
 
Implications 
There are many implications that can be drawn from this 
study. They are listed as follows: 
 
1. The majority of our sample does not feel less 
determined when the enemy gets first blood. 
2. The majority of our sample do not feel less 
determined when an ally encourages the team to give up 
(or shows ego depletion) early in a game. 
3. The majority of our sample feels like they play better 
after getting plenty of sleep 
4. The majority of our sample feels more determined 
after scoring a First Blood.\ 
5. The majority of our sample feels less determined after 
losing a game of Dota 2. 
6. The majority of our sample feel that their mood is 
positively/negatively affected by the outcome of a game. 
7. Our limited resource group typically feels that their 
mood is affected by early game events. 
8. Early game ego-depleting scenario’s do not have a 
major effect on our sample’s perception of willpower. 
9. Ego-depletion can happen in early stages of a game 
of Dota 2. 
10. Playing better the next game is the result of a higher 
rate of determination from scenarios in the previous 
game. 
11.Those in our LRT group believe that their affect is 
based on both positive and negative scenarios. 
12. Feelings that you will play better after winning a 
game is a sign that ones will-power is limited because of 
the effect it has on your mood.   
13. Sleep is believed to have an effect on mood and 
performance within the realm of Dota 2. 
14. Dota 2 can be considered an ego-depleting exercise 
(like a Stroop task) 
15. Dota 2 players can foster a Limited or Non-Limited 
Resource Theory for Dota 2. 
16. Those with a Non-Limited Resource Theory typically 
perform better at ego-depleting exercises. 
 
Possible Errors 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
As addressed and analyzed, there may have been a 
possible misinterpretation of Q59. No other potential 
errors were noticed within the study. 
 
 
 
 



Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how LRT, NRT, and Will-Power are 
fostered within a much larger, wider Dota 2 community.  
 
It would also be interesting to link LRT and NRT samples 
with higher/lower win-rate. In addition, linking these two 
conditional variables with our SM/UM, V/VO, and CO/DO 
might show some interesting results which will let us 
know more about a Dota 2 player with a LRT/NRT 
perception of will-power. 
 
Conclusion 
Section 5, Part 5A showed us that will-power is effected 
by different scenarios in both early and post-game of 
Dota 2. This means that participants with both Limited 
and Non-Limited theories on will-power exist within our 
sample. As we know from of Job, Dweck and Walton et 
al. (2010), those with a Non-Limited Resource Theory 
typically perform better at ego-depleting tasks. Since we 
can consider Dota 2 to be an ego-depleting task, (not to 
say it isn’t enjoyable) we can address a major 
implication. Those who do not view will-power as a 
limited resource may perform better at multiple games of 
Dota 2. 
 
This implication may help to find ways that could help 
improve the community. The major extent to which our 
sample rated the effect that Dota 2 has on their mood 
shows that our LRT sample is quite large. We can 
assume that those with the NRT are typically less prone 
to their mood being affected by event-specific scenarios.  
 
If we can help the community understand that shrugging 
off a loss and not losing will-power will help them 
perform in Dota 2, we may be able to increase overall 
community satisfaction. At the same time, the 
community should understand that lack of sleep assists 
in a LRT. Lack of sleep has an effect on mood and 
playing ability, which counts it as a variable in predicting 
individual performance.  
 
Other ways of going about increasing community 
satisfaction and understanding the player base will be 
discussed through the following studies, but at least for 
now we can measure the affect that Dota 2 has on the 
community’s mood and will-power. 
 

 

  



 

  

 

 
Abstract 
Section 5 is going to focus on a series of questions addressed in TDEQ. These questions took up about 
50% of the total questionnaire and are considered event-specific. Every question was constructed on a 
Likert-scale and addresses a scenario that a player might encounter in game. Part 5A addressed questions 
that concerned player mood, will-power and play-style. Part 5B is going to discuss touch on the effects that 
in-game chat has on will-power. We have already determined that our sample holds either a Limited or Non-
limited Resource theory on willpower. Last section we talked about how those with a Non-Limited Resource 
Theory (NRT) typically perform better on ego-depleting tasks. We are now going to discuss how in-game 
chat effects willpower, and to what extent. We will address questions like “Allies words strongly influence me 
if we are winning” and “Allies words strongly influence me if we are losing”. We can consider these events, 
where one player’s words can affect another’s playstyle, to be called ICE. (In-game Chat Events) We are 
going to simply analyze the responses to each question associated with ICE and will draw implications from 
them. We will compare the results of each question to understand what events are thought of as more ego-
depleting than others by the majority of the sample. The results of this study should help us to understand 
how the current Dota 2 community reacts to ICE and to what extent. 
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Introduction 
Section 5, Part 5 B will display a series of studies that 
relate specifically to In-game Chat Events (ICE). These 
events are situational and ask how our sample feels their 
play style, or their enemies play style, is affected by in-
game communication. A lot of questions address a 
similar element which is taunting. Taunting can be 
considered trolling, griefing, flaming or just attempting to 
lower the morale of an individual player. Some of the 
questions do not discuss taunting, and just reference 
ICE as “words” exchanged from player to player.  

The idea is to understand the effects that taunting has 
on a player’s willpower. Some players are able to shrug 
off aggressive behavior from their own or the enemy 
team, while others are sensitive to it and lose morale. 
We can consider the members of each of these 
examples to hold a Limited Resource Theory or Non-
limited Resource Theory on willpower. 

The overall goal of this article is to simply understand 
how our sample is affected by in-game chat. Do certain 
situations have more effect on a player’s morale than 
others? Are some situations completely disregarded by 
the majority of our sample? Another topic we will 
address is team cannibalization- the effect that negativity 
within a team can have on a game’s outcome. 
Furthermore, do words have an effect more if a team is 
losing or winning.  

Finally, we will look at how our sample rated their use of 
the report system. We can assume that a player will only 
report a player if they’re actually being abusive. This 
does not necessarily mean taunting, but full on rude and 
unnecessary behavior. 

To answer these questions, we will address and analyze 
the results from these questions from TDEQ: 

Q65. My enemy’s words strongly influence my behavior 
in game. 
Q52. My enemy’s words strongly influence my behavior 
in game if my team's losing. 
Q72. My enemy’s words strongly influence my behavior 
in game if my team's winning. 
Q97. Taunting my enemies makes them play worse. 
Q58. Taunting my enemies makes them play worse if we 
are winning. 
Q75. Taunting my enemies makes them play worse if we 
are losing. 
Q80. My ally’s words strongly influence my behavior in 
game. 
Q63. My ally’s words strongly influence my behavior in 
game when we are winning. 
Q78. My ally’s words strongly influence my behavior in 
game when we are losing. 
Q70. If an ally/enemy is being abusive, I will report them. 
 
By studying the results of these questions we can 
compare them to what we discovered in Section 5, Part 
5A. We already know how will-power is affected by both  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

early and post-game scenarios. Now we want to know 
how willpower is affected by in-game chat. The results of 
this analysis can help us understand more about the 
effect of the player base. If we find that a decent amount 
of our sample is more sensitive to certain ICE, we can 
only imagine the effect that it could have on a newer 
community.  

Perhaps there could be a way for new players to learn 
the basics of DotA without the effect of certain ICE. The 
big picture is that if these situations stop a new player, or 
steer them away from Dota 2, we can see that there is a 
problem. Once a player understands the basics, they 
can move into real community scenarios where they can 
consider themselves responsible for their mistakes 
because they know better. We do not want them to leave 
Dota 2 because of the community when they are 
learning. 



Discussion 
We are going to begin by looking at how our sample 
perceives the effects of the enemy team’s words. To do 
this, let’s take a look at the results of Q65 from TDEQ. 
This question asked our sample to rate the extent which 
the enemy teams words strongly influence their behavior 
in a game of Dota 2. The results are shown on Chart 
5.17. 

 
Chart 5.17: Sample response (N=1088) to Q65 from TDEQ: 
“My enemy’s words strongly influence my behavior in 
game.” 

The results show an average rating of s=3.45 meaning 
that 452 members of our sample rated this effect above 
the average rating. Let’s keep in mind that this result 
could be linked to our sample with the LRT. The fact that 
32 members of our sample rated this question with a 10 
shows that there’s a definite effect. However, the low 
average rating shows that the majority of our sample is 
more resistant to enemy words affecting their in-game 
behavior. 

To understand this further, we are going to look at what 
portion of our sample feels that their enemy’s words 
strongly influence their behavior in game if their team is 
losing. We will compare these results with the following 
question which asks the same question but replaces 
losing with winning. Let’s take a look at the results of 
Q52 which are shown on Chart 5.18. 

 
Chart 5.18: Sample response (N=1100) to Q52 from TDEQ: 
“My enemy’s words strongly influence my behavior in 
game if my team's losing.” 

 

The results show an average rating of s=3.62 meaning 
that 409 members of our sample rated this effect above 
the average rating. Again, we can consider how this 
portion of our sample may be linked to our sample with 
the LRT. Also, 46 members of our sample ranked their 
answer as a 10 which shows there is a definite effect. 
The average and highest rating unit are both higher than 
that of the previous question. We can infer that the 
enemies’ words when a team is losing have a greater 
effect then the enemy’s words in general.  

Now we are going to compare these results with the 
other side of the coin. Q72 asks the sample to rate how 
strongly their enemy’s words influence their behavior in 
game when they are winning. It is expected that the 
average and highest rating unit will both be lower. This 
will simply serve as a confirmation for the integrity of 
both of the questions asked before this one. Because 
‘words’ can be seen in both a positive and negative light, 
this is important. We want to know that even the 
possibility of a misinterpreted question can be 
counterbalanced with a question that asks the exact 
opposite. Therefore, a lower result for Q72 would be 
very important. The results are shown on Chart 5.19. 

 
Chart 5.19: Sample response (N=1081) to Q72 from TDEQ: 
“My enemy’s words strongly influence my behavior in 
game if my team's winning.” 

The results show an average rating of s=3.10 meaning 
that 401 members of our sample rated this effect above 
the average rating. Let’s keep in mind that this result 
could be linked to our sample with the LRT. The fact that 
24 members of our sample rated this question with a 10 
shows that there’s still a definite effect. 

The results from the previous three studies combined tell 
us something. They show that enemy words definitely 
have an effect on will-power. However, the portion of the 
sample that is really only affected by this takes up about 
38% of the total sample. Most teams are affected the 
most by their enemy’s words when their team is losing. 
This is to be expected, and the statistics simply serve as 
confirmation. It is important to understand how the 
integrity of each question is balanced by a following 
question. Though the answers do not proclaim truth, 
they aim to find the closest thing to it. 

 



Next we are going to look into how our sample believes 
their taunting behavior affects their enemies combined 
with the results from the previous set of questions. This 
will help us understand how players feel their words 
effect the enemy team versus how much they actually 
do. Let’s begin by looking at the results of Q97 from 
TDEQ. This question asked our sample to rate the 
extent to which they believe taunting their enemies 
actually makes them play worse. The results are shown 
on Chart 5.20. 

 

Chart 5.20: Sample response (N=1069) to Q97 from TDEQ: 
“Taunting my enemies makes them play worse.” 

The results show an average rating of s=3.46 meaning 
that 500 members of our sample rated this effect above 
the average rating. Compared to the results of Q65, we 
can see an almost exact match between the average 
ratings. The difference in sample size may even make 
up for that difference (which should not be concluded). 
At the same time, 28 members of our sample rated their 
response as a 10. The only difference is that a much 
larger portion of our sample responded with a 5 rating. 
This shows a higher agreement rating at the mid-point. 
These results should simply be considered when 
studying the next two questions. 

Using the same methods as before, we will now look at 
how players believe taunting makes their enemies play 
worse if they are winning or losing. We will study the 
results of Q58 from TDEQ to understand the first part. 
The results are shown on Chart 5.21. 

 
Chart 5.21: Sample response (N=1092) to Q58 from TDEQ: 
“Taunting my enemies makes them play worse if we are 
winning.” 

The results show an average rating of s=4.42 meaning 
that 591 members of our sample rated this effect above 
the average rating. These results are different than those 
seen on Chart 5.19 by a major extent. This is to be 
expected. More players believe that their taunting affects 
the enemy team more when they are winning compared 
to our sample who believes that the enemy’s words 
influence them when they are winning. Basically, we 
have confirmation between the expected results of both 
questions.  

We can understand this further by analyzing the results 
of Q75 from TDEQ. This question asked players to rate 
the effect that taunting has on the enemy team while 
their team is losing. If we see an opposite result (as we 
did before) we will not only reduce the effect of the 
variable ‘misinterpretation’, but will also boost the 
integrity of the results as a whole. Chart 5.22 shows the 
results of this. 

 
Chart 5.22: Sample response (N=1086) to Q75 from TDEQ: 
“Taunting my enemies makes them play worse if we are 
losing.” 

The results show an average rating of s=3.49 meaning 
that 500 members of our sample rated this effect above 
the average rating. These results also show that 24 
members of our sample rated the highest value for Q75. 
Again, we can see that a large portion of our sample 
(N=248) answered with the mid-point rating (5). These 
results were expected to be lower than the previous 
question. 
 
The results from the past 3 studies show us that a 
considerable amount of our sample believes taunting 
makes the enemy team play worse. Moreover, they find 
that taunting makes the enemy play worse when their 
team is winning at a much higher extend than any of the 
studies addressed so far in this article. If we consider the 
psychology behind it, we can understand that those who 
hold a LRT would generally lack a belief that their team 
will win from the start of a game. Those who believe in a 
NRT would probably feel more confident on average at 
the beginning of a game. Those who believe they are 
winning, and will taunt their enemy, could possibly have 
a higher chance of winning. Is it possible that taunting 
can lead to winning? Further analysis within this article 
will aim to find out. 
 



The next three questions we will analyze all have to do 
with whether or not an ally’s words have an effect on a 
player’s behavior in game. This is not referring to an 
ally’s behavior, but how they communicate (for better or 
worse) with their team. If we look back at Section 5, Part 
5A. We can remember the results of Q59 (Chart 5.2) 
which had an average response of 4.43, showing that 
the majority of our sample do not feel less determined 
when an ally encourages the team to give up (or shows 
ego depletion) early in a game. We will consider these 
results alongside the following questions. 

Using the same methods used previously in this article, 
we are going to address a question that gives us the 
most basic result to the question at hand, we will then 
move into our conditions (winning or losing).  

To begin, let’s study the results of Q80 from TDEQ. This 
question asked participants to rate the extent to which 
an ally’s words strongly influence their behavior in game. 
Again, we have not stated whether these words are 
positive or negative, but we want to simply understand 
the internal mechanics of team communication. The 
results for Q80 are shown on Chart 5.23. 

 
Chart 5.23: Sample response (N=1081) to Q80 from TDEQ: 
“My ally’s words strongly influence my behavior in game.” 

The results show an average rating of s=4.47 meaning 
that 597 members of our sample rated this effect above 
the average rating. These results also show that 34 
members of our sample rated the highest value for Q80. 
The results can tell us that a very large portion of our 
sample feels their behavior in game is for better or worse 
effected by an allies words. This gives us confirmation 
that allied communication is extremely important. We 
have already discussed communication as a major 
element in previous sections, and we can understand 
how an abusive ally can eventually lead to team 
cannibalization. Finally, we can definitely understand 
that players are more affected by their ally’s words than 
their enemy’s words. This is perhaps the most important 
finding thus far.  

As we’ve done before, let’s now look at how players feel 
their ally’s words affect them when their team is winning. 
The average response will also help us understand what 
portion of our sample feels the most motivated or 
inhibited by allied communication. We will use Q63 from 

TDEQ to understand this. The results are shown on 
Chart 5.24. 

 
Chart 5.24: Sample response (N=1091) to Q63 from TDEQ: 
“My ally’s words strongly influence my behavior in game 
when we are winning.” 

The results show an average rating of s=4.76 meaning 
that 655 members of our sample rated this effect above 
the average rating. These results also show that 42 
members of our sample rated the highest value for Q63. 
These results are huge and show that allies are most 
concerned with internal communication when their team 
is winning. Again, these results are almost the exact 
opposite of those seen on Chart 5.19. The implication 
that can be drawn from this is that allied communication 
show be a steady flow, carried out all the way through a 
game of Dota 2. Just because you are winning does not 
mean you should stop using the communication it took to 
get the advantage. This may be a major piece of a 
puzzle that DotA players struggle with. 

To confirm the integrity of the previous results, we are 
now going to consider the opposite condition. We will 
use the results of Q78 from TDEQ to understand the 
extent to which our sample believes their ally’s words 
strongly influence their behavior in game when their 
team is losing. It is expected that the average response 
will be much, much lower than that seen in the previous 
question. Also, we will able to analyze a trend that is loss 
of will-power. Those who rated below the average do not 
believe their ally’s words affect them while losing. Does 
this mean they give up? Chart 5.25 shows the results. 

 
Chart 5.25: Sample response (N=1083) to Q78 from TDEQ: 
“My ally’s words strongly influence my behavior in game 
when we are losing.” 



The results show an average rating of s=4.47 meaning 
that 565 members of our sample rated this effect above 
the average rating. These results also show that 46 
members of our sample rated the highest value for Q78. 
As expected, the results show a lower average than the 
previous question. What’s shocking is that both 
questions have a lower average than that seen in the 
results of Chart 5.23. More importantly, all three of these 
questions have a higher rating than the three questions 
seen at the beginning of this study. We can now 
understand that allied communication affects a lot more 
in-game behavior than enemy communication with one’s 
team.  

The results of the past 3 questions tell us that allied 
communication has a relatively significant effect on a 
team’s in-game behavior. We have already stressed the 
importance of communication in Section 3, which boosts 
the integrity of all of these results together. 

Finally, we are going to look at how our sample utilizes 
the report function to understand how often they use it 
when an ally/enemy is being abusive. To do this, we will 
study the results of Q70 from TDEQ which asked 
participants to rate their agreement with reporting an 
abusive ally/enemy. The results of this analysis are 
shown on Chart 5.26. 

 
Chart 5.26: Sample response (N=1094) to Q70 from TDEQ: 
“If an ally/enemy is being abusive, I will report them.” 

From what we can see, a considerably high amount of 
our sample uses the report function. The results show an 
average response of (s=8.08) meaning that 620 
members of our sample had a response above the 
average. Most importantly, nearly half of our sample 
responded with the highest value (N=530). These results 
are important because we can understand the extent to 
which the community (or at least the sample) utilizes the 
report function. 

A common issue addressed on community forums is 
whether or not the report function actually does anything. 
Therefore, the community does not know the effects that 
reporting or being reported has on the community. 
Whether or not the mechanics behind the system should 
be revealed is uncertain. After all, the last thing that’s 
needed is for the community to abuse the report 
function. 

Results 
The results of Section 5, Part 5B told us a lot about how 
the community perceives ICE (In-game communication 
events) and to what extent. Some findings gave us a lot 
of reason to believe that great communication within a 
part will trump even the most disrespectful of enemies. 
This implication may have come as expected, but the 
statistics behind the results show a developing trend 
within the community: communication/team work is the 
key to in-game satisfaction. My belief is that a team that 
communicates well and loses is a lot more satisfied than 
a team that doesn’t communicate well and loses. Of 
course that belief may seem sort of obvious, but 
combined with the results of this article we can 
understand how to better the community.  
 
This study showed us that players typically regard 
enemy words in a game to change their in-game 
behavior if their team is losing. At the same time, the 
majority of the sample believes that taunting the enemy 
while they are winning generally makes the enemy play 
worse. These two results together show that taunting 
could potentially correlate with a higher chance of 
winning. 
 
Let’s consider that previous statement with the following 
finding. We were able to understand that allied 
communication affects a player’s in-game behavior when 
they are winning over losing.  
 
If we put those two together, we can start to realize how 
taunting can have an effect on the enemies behavior 
when a team that’s winning communicates well. At the 
same time, enemy words most likely affect a team’s 
behavior less when they are communicating well and 
can taunt them back. We can link taunting with effecting 
willpower, and communication with satisfaction through 
our total research to understand that communication is 
by far one of the most important assets of a successful 
game of Dota 2. As stated before, a team that 
communicates well and loses is a lot more satisfied than 
a team that doesn’t communicate well and loses.  
 
Implications 
There are some important implications that can be 
drawn from Section 5, Part 5B, which are listed as 
follows: 

1. A majority of our team are affected the most by 
their enemy’s words when their team is losing. 

2. A majority of our sample that believes that 
taunting makes the enemy play worse when 
their team is winning. 

3. Allied communication affects a lot more in-game 
behavior than enemy communication with the 
other team. 

4. A team that communicates well and loses is a lot 
more satisfied than a team that doesn’t 
communicate well and loses. 

5. A massive amount of the community often uses 
the report function when an ally/enemy is being 
abusive. 



Possible Errors 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
As addressed and analyzed, there may have been a 
possible misinterpretation of some questions. We 
compared the results of these questions with similar 
questions and found a valid correlation that showed 
misinterpretation had little effect on the results. No other 
potential errors were noticed within the study. 
 

Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how LRT, NRT, and Will-Power are 
fostered within a much larger, wider Dota 2 community in 
terms of in-game communication. For example, there’s a 
possibility that with a much larger ‘new’ sample, we can 
understand the full effects that enemy and allied 
communication has on a new player. This is important 
because about 45-50% of our sample are veteran 
players, which means that they may be more 
resistant/comfortable with the behaviors analyzed in this 
study. Newer players may yield more dramatic results.  
 
It would also be interesting to see how our conditional 
samples/variables: SM/UM, V/VO, and CO/DO might 
show some interesting results to these questions. We 
can understand how these groups are affected 
compared to others. 
 
Conclusion 
Section 5, Part 5B helped us understand more about 
event-specific scenarios and their effect on willpower. 
Where Part 5A studied the effects of early and post-
game scenarios, this section focused on In-game 
Communication Experiences (ICE). We have reason to 
believe that ICE have a significant effect on player will-
power. For example, players who are being taunted by a 
well-communicating enemy team may lose willpower and 
faith in their own team. Variables behind this may 
include lack of communication, rude team mates or the 
absence of a leader.  
 
We have already discussed the importance of 
communication in Section 3. We can now further 
understand its importance by researching its effects on 
will-power. We have already concluded that the LRT and 
NRT portions of our sample lay around 40% and 60% of 
our total sample. Ironically, this ratio is almost identical 
to the amount that separates our veteran community 
from the rest of the sample. It would be very interesting 
to look into how our veteran (V) sample alone answered 
these questions. (A study that will definitely be carried 

out in the future) We also learned that a massive 
majority of our sample strongly agrees that they use the 
report function. However, a major issue brought up on 
Dota 2 community forums is that nobody knows if and 
how the system works. Whether or not this has a 
positive or negative effect on the community is unknown. 
One way to go about curing this anxiety is by hinting 
towards a possible punishment for reported players. This 
will at least remove the stigma that the report function is 
useless. 
 
In conclusion, in-game communication has an effect on 
will-power for better or worse. It is important for new 
players to understand the importance of team 
communication over anything else- even if this means 
playing a few games without enemy communication. As 
stated throughout this article, teams that communicate 
well and lose are usually more satisfied with Dota 2 than 
a team that communicates poorly/cannibalizes on itself 
and loses. Though a correlation has not been found 
between win-rate and satisfaction, a correlation has 
been found between communication and satisfaction. 
 
 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

  



 

  

 

 
Abstract 
Section 5 is going to focus on a series of questions addressed in TDEQ. These questions took up about 
50% of the total questionnaire and are considered event-specific. Every question was constructed on a 
Likert-scale and addresses a scenario that a player might encounter in game. Part 5A addressed questions 
that concerned player mood, will-power and play-style. Part 5B discussed the effects that in-game chat has 
on will-power. We have already determined that our sample holds either a Limited or Non-limited Resource 
theory on willpower. In Part 5A we talked about how those with a Non-Limited Resource Theory (NRT) 
typically perform better on ego-depleting tasks. We are now going to discuss how situations that involve 
both individual and team-related questions that will help us understand the complexities of in-game 
teamwork. We will address questions like “If I do not know my allies then I usually play more independently.” 
and “I do not like it when allies tell me what to do.” Our goal is to analyze and compare some very specific 
events that take place in game and draw implications from them. We will compare the results of some 
questions to verify the integrity of the question asked, and to look for relationships between certain types of 
questions. The results of this study should help us to understand how the current Dota 2 community 
responds to certain individual questions and how they feel about certain in-game situations. 

 



Introduction 
Unlike the previous two articles, Section 5, Part 5C is 
going to focus more on a series of in-game scenarios 
that a typical Dota 2 player may encounter. Rather than 
focusing on just one subject, we are going to try and 
gather implications from many subjects that can be used 
in the following two parts of this section.  

We are going to try to understand how players feel about 
being on an organized team versus playing 
independently. We can learn how players play-style/ in-
game behavior might change based upon these 
situations. The implications gathered from the findings 
will be very helpful for clearing up some questions 
regarding our Dota 2 community. 

Another subject we will analyze is how players criticize 
others and themselves. We will try to understand how 
sensitive some players are to criticism, whether they 
know their team mates or not. We are also going to 
understand how often players let other players know of 
their mistakes. Furthermore, we will discuss how our 
sample responded to questions that dealt with 
teammates telling them what to do, whether they know 
them or not. 

An important subject we will discuss is how players react 
at the end of a game on average in terms of 
responsibility. We will try and find out what portion of our 
sample usually blames their team for a loss. Then we 
can see what portion of our sample takes a more 
introspective route and blames themselves rather than 
their team and looks back on their mistakes.  

Reaching back to the subject of Part 5B, we will try to 
understand how players react/their in-game behavior 
changes when an ally refuses to communicate with them 
for whatever reason. As we already know, 
communication tends to correlate with victory and 
satisfaction.  

Finally, we will address the offensive/defensive 
philosophies of our sample to look at the 
passive/aggressive sides of our sample. Even a small 
difference will help us understand a lot about our 
sample. We will follow those questions up with a 
question that asks about the ‘muting’ function. If an 
ally/enemy is being abusive via microphone chat or text, 
how likely are our players to mute that individual? 

The following questions from TDEQ will be addressed in 
this study: 

Q53. Being part of an organized team usually makes me 
play better. 
Q89. If I do not know my allies then I usually play more 
independently. 
Q54. I prefer to lane with a partner when I play. 
Q56. I usually stick to a strategy that works rather than 
change my play-style. 
Q94. My play-style is unique and ever-changing. 

Q81. I don't like it when an ally tells me about my 
mistakes. 
Q79. I will usually let an ally know the mistakes they’ve 
made. 
Q61. I don't like it when an ally tells me the mistakes I've 
made if I don't know them. 
Q88. I do not like it when allies tell me what to do. 
Q87. I do not like it when allies tell me what to do if I do 
not know them. 
Q62. I usually blame myself for a loss and look back on 
my mistakes 
Q67. My team members are usually responsible for a 
lost game. 
Q69. If an ally does not acknowledge me when I try to 
communicate with them, I usually feel less inclined to 
play. 
Q74. Defending and counter-pushing are more important 
in Dota 2 than ganking and pushing. 
Q76. The best defense is a great offense. 
Q90. If an ally/enemy is being abusive, I will mute them. 

As stated previously, our goal is not to get to the bottom 
of one underlying theme in Part 5C. Rather, we are 
going to address some of the complex behaviors which 
take place in a game of Dota 2. Doing so will allow us to 
generate a list of implications that could help greatly in 
the future.  

Most importantly, it is important to remember while 
reading through all of these articles that we are not 
proclaiming truth with any of the findings. Rather, we are 
trying to find the closest thing to truth. Using the results 
of all of these studies and repeating the methods with a 
different (or perhaps larger) sample, we will be able to 
move even closer towards truth and bolster our 
implications. A reliable method can be repeated, and 
that is the overall goal of this study. To carry it out again 
in the future is of utmost importance. 

It’s also important to remember that many of these 
questions have situational responses. This means that 
we are simply looking for an average response for each 
situation. For example, questions like “Defending and 
counter-pushing is more important than ganking and 
pushing” can be seen both ways. There’s no such thing 
as a wrong answer, just a question about personal 
philosophy pertaining to certain complexities. 

Our discussion about the results begins on the next 
page. The over-all goal is to generate trends that can be 
linked to player affect. If we can find out what situations 
are the most influential on player satisfaction or 
communication, we can find ways to address these 
issues and increase the community’s satisfaction with 
Dota 2. 

Each question in this study was asked on a weighted (1-
10) Likert Scale between Strongly Disagree and Strongly 
Agree. 

 



Discussion 
We will begin by looking at how players feel about being 
on a team versus playing along. The goal is to 
understand the dependent and/or independent portion of 
our sample. If a player usually plays more independently 
alone, we can infer that this independence deters 
communication within a team. Those who play better on 
an organized team could be considered dependent, and 
perhaps engage in more team communication than 
others.  
 
To begin, let’s look at and discuss the results of Q53 
from TDEQ. This question asked participants to what 
extent being part of an organized team usually makes 
them play better. The results of this question are shown 
on Chart 5.26.

 

Chart 5.26: Sample response (N=1099) to Q53 from TDEQ: 
“Being part of an organized team usually makes me play 
better.” 

The results show an average rating of s=8.46 meaning 
that 635 members of our sample rated this effect above 
the average rating. These results also show that 506 

members of our sample rated the highest value for Q53 
and 13 members rated the lowest value. As we can see, 
the vast majority of our sample agrees that playing on an 
organized team usually makes them play better. The 
results suggest that our Dependent Sample (DS) sits at 
about 60% (n=635) members of our total sample.  

Next, we are going to discuss the results of Q89 from 
TDEQ. This question asked our sample the extent to 
which they play more independently when they are not 
on an organized team. We will compare these results to 
the previous results to try and understand the 
Independent portion of our sample. The results are 
shown on Chart 5.27 in the next column. 

The results show an average rating of s=6.28 meaning 
that 562 members of our sample rated this effect above 
the average rating. These results also show that 125 

members of our sample rated the highest value for Q89 
and 52 members rated the lowest value. By looking at 
those who rated below the average on the previous 
question (N=464), we can notice that those who 
answered above the average for this question is only 
100 units higher. This suggests that our more 
independent sample lays around 40-50% of our sample. 

 

Chart 5.27: Sample response (N=1074) to Q89 from TDEQ: 
“If I do not know my allies then I usually play more 
independently.” 

It’s important to remember that these two questions 
aren’t exactly asking a question in the same context. 
They simply just hint at a dependent/independent 
response. To further understand this, we will look at the 
results of Q54 from TDEQ which asked participants the 
extent to which they prefer to lane with a partner when 
they play a game of Dota 2. The results are shown on 
Chart 5.28. 

 

Chart 5.28: Sample response (N=1097) to Q54 from TDEQ: 
“I prefer to lane with a partner when I play.” 

The results show an average rating of s=6.52 meaning 
that 635 members of our sample rated this effect above 
the average rating. These results also show that 569 

members of our sample rated the highest value for Q54 
and 74 members rated the lowest value. Like Chart 5.26, 
our number of samples who rated above the average 
lies at (N=635) members. We can now verify that our 
dependent and independent samples lie at least around 
the percentage we suggested. The validity of these 
questions and analyses is at least somewhat confirmed 
by the results of this previous question. 

In total, we can understand that a larger portion of our 
sample is considered dependent than independent. 
Furthermore, we can realize that the same ratio exists 
for our veteran/non-veteran sample. A cross-analysis of 
the conditional samples/variables with these questions 
could be interesting. 



Next, we are going to look at a player’s philosophy on 
their play-style. We can suggest that play-style has at 
least some relation to a player’s in-game behavior. Do 
they mix it up sometimes, or stick by a rigorous routine? 
To understand how our sample answered these 
questions, we will draw upon two questions from TDEQ. 

First, we are going to look at the results of Q56 from 
TDEQ. This question asked participants the extent to 
which they abide by a strategy that they believe works, 
rather than changing their play-style. The results are 
shown on Chart 5.29. 

 

Chart 5.29: Sample response (N=1099) to Q56 from TDEQ: 
“I usually stick to a strategy that works rather than change 
my play-style.”  

The results show an average rating of s=5.14 meaning 
that 435 members of our sample rated this effect above 
the average rating. These results also show that 63 

members of our sample rated the highest value for Q56 
and 113 members rated the lowest value. These 
statistics tell us that the minority of our sample do not 
stick by a rigorous routine.  

To understand the other side of the coin, we will look at 
the results of Q94 from TDEQ. This question asked 
participants the extent to which they believe their play-
style is unique and ever changing. The results are 
shown on Chart 5.30. 

Chart 5.30: Sample response (N=1075) to Q94 from TDEQ: 
“My play-style is unique and ever-changing.”  

 

The results show an average rating of s=5.70 meaning 
that 526 members of our sample rated this effect above 
the average rating. These results also show that 107 

members of our sample rated the highest value for Q94 
and 41 members rated the lowest value. Compared to 
the results of the previous question, we can see that a 
far greater portion of our sample rated their response 
with the highest value. The results can tell us that the 
majority of the Dota 2 community switches up their play-
style and consider it ever-changing. It would be 
interesting to look into how each of these questions 
could be cross-analyzed with our conditional 
samples/variables used in previous studies. This will 
definitely be carried out in the future. 

The next series of questions we will analyze have to do 
with a player’s response to criticism. A common situation 
in a game has to do with one player letting another know 
the mistakes they have made. Some of this criticism is 
rough or constructive. Regardless, some players are 
much more sensitive to criticism than others. This may 
be especially true for more experienced players who 
know they are educated in Dota 2 and trust their play-
style but just had a bad game. At the same time, 
perhaps more experienced players are more likely to 
give out criticism. To get a general understanding of 
these situations, we will look at the results of the 
following three questions. 

We will begin by looking at the results of Q81 from 
TDEQ. This question asked players the extent to which 
they dislike an ally telling them about the mistakes they 
made in game. The results are shown on Chart 5.31.  

 

Chart 5.31: Sample response (N=1086) to Q81 from TDEQ: 
“I don't like it when an ally tells me about my mistakes.” 

The results show an average rating of s=4.14 meaning 
that 460 members of our sample rated this effect above 
the average rating. These results also show that 48 

members of our sample rated the highest value for Q81 
and 197 members rated the lowest value. Generally 
speaking, the majority of our sample does not mind it 
when an ally tells them about the mistakes they’ve 
made. This shows the willingness to learn of our sample, 
but how about their willingness to distribute criticism? To 



understand this, we will move onto the following 
question. 

We are going to look at the results of Q79 from TDEQ. 
This question asked participants to rate the extent to 
which they usually let an ally know the mistakes they’ve 
made. The results are shown on Chart 5.32. 

 

Chart 5.32: Sample response (N=1088) to Q79 from TDEQ: 
“I will usually let an ally know the mistakes they’ve made.” 

The results show an average rating of s=5.85 meaning 
that 632 members of our sample rated this effect above 
the average rating. These results also show that 84 

members of our sample rated the highest value for Q79 
and 52 members rated the lowest value. As we might 
expect, the results are almost the exact opposite of 
those seen in the previous question. The majority of our 
sample does not mind distributing criticism, whether it be 
constructive or deconstructive. Next we are going to look 
at how players respond to criticism when an ally they do 
not know tells them about the mistakes they’ve made. 

We will now study the results of Q61 from TDEQ. This 
question asked participants the extent to which they do 
not like it when an ally they do not know tells them the 
mistakes they’ve made. By comparing these results to 
those seen on Chart 5.31, we can look for a difference in 
situation. Chart 5.33 shows the results of this analysis. 

 

Chart 5.33: Sample response (N=1091) to Q61 from TDEQ: 
“I don't like it when an ally tells me the mistakes I've made 
if I don't know them.” 

 

The results show an average rating of s=3.71 meaning 
that 482 members of our sample rated this effect above 
the average rating. These results also show that 44 

members of our sample rated the highest value for Q61 
and 270 members rated the lowest value. The results of 
this graph combined with those seen on Chart 5.31 
confirm the implication that Dota 2 players are equally as 
comfortable with receiving criticism as they are with 
giving out criticism. Though these findings may seem a 
bit obvious, they at least give us statistics to confirm the 
finding. At the same time, we can compare these results 
to the sensitivity of a much wider, less experienced, 
sample when Dota 2 reaches open beta. 
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The next three questions will look at how our sample 
responds to situations where an ally tells them what to 
do. Following the first two questions, we will look at how 
in-game behavior may be shaped by situations where 
players feel ignored by an ally.  

To begin, let’s look at the results of Q88 from TDEQ. 
This question asked participants to rate the extent to 
which they do not like it when allies tell them what to do 
in a game of Dota 2. It is expected that those who 
answered above the average will be equivalent to those 
who we believe are more independent players. (Chart 
5.27) The results of Q88 are shown on Chart 5.34. 

 

Chart 5.34: Sample response (N=1076) to Q88 from TDEQ: 
“I do not like it when allies tell me what to do.” 

The results show an average rating of s=4.29 meaning 
that 482 members of our sample rated this effect above 
the average rating. These results also show that 63 

members of our sample rated the highest value for Q88 
and 135 members rated the lowest value. As expected, 
those who rated their response above the average fit 
within the 40-50% margin that we consider independent 
players. Moreover, the results show that the majority of 
our sample does not mind it when an ally tells them what 
to do. As we know, communication is key, so the results 
definitely show a very nice picture of how the Dota 2 
community reacts to other players communicating with 
them. 

We are now going to understand this further by looking 
at how our sample responded to Q87 from TDEQ. The 
difference between this question and the previous 
question is that we are now looking at the extent to 
which our sample does not like it when an ally they do 
not know tells them what to do. By comparing these 
results to the previous question, even the smallest 
difference will help us understand how our sample 
believes communication is better from players they know 
or trust versus players they do not know or do not trust 
at all. The results are shown on chart 5.35 in the next 
column. 

 

Chart 5.25: Sample response (N=1081) to Q87 from TDEQ: 
“I do not like it when allies tell me what to do if I do not 
know them.” 

The results show an average rating of s=4.73 meaning 
that 558 members of our sample rated this effect above 
the average rating. These results also show that 63 

members of our sample rated the highest value for Q87 
and 123 members rated the lowest value. These results 
can tell us that most players accept leadership from 
players they know to a much higher extent then players 
they do not know. As we’ve discussed in previous 
sections, the amount of trust a player has in their team is 
extremely important. The variables associated with it 
include communication and satisfaction. At the same 
time, it is understandable that a player might want to 
trust their own instincts rather than listen to orders from 
someone who they don’t know or trust. 

We are now going to look at another side to the situation 
that might show a cause of lack of trust. In terms of 
empathy, we can understand how both parties in these 
leadership-related situations might react when they are 
ignored by an ally. This could very well have an effect on 
a player’s play-style/in-game behavior. It may also be a 
cause behind distrust and independent play-style.  

To understand this, we will look at the results of Q69 
from TDEQ which asked players to rate the extent they 
believe that not being acknowledged by an ally when 
trying to communicate them makes them feel less 
inclined to play. The results are shown on Chart 5.36.

 

Chart 5.36: Sample response (N=1095) to Q69 from TDEQ: 
“If an ally does not acknowledge me when I try to 
communicate with them, I usually feel less inclined to 
play.”  



The results show an average rating of s=5.93 meaning 
that 637 members of our sample rated this effect above 
the average rating. These results also show that 106 

members of our sample rated the highest value for Q69 
and 79 members rated the lowest value. These statistics 
can tell us that many players feel like being ignored by 
their team makes them less inclined to play. This is very, 
very important. It helps us understand more about the 
role of a leader, which was discussed in Section 4. 
Moreover, we can implicate that the most 
successful/efficient teams do not rely on one leader, but 
the collective leadership efforts of the team as a whole. 

The results from the past three studies lead us to an 
important implication. The majority of our sample does 
not mind being told what to do in game, even if they do 
not know the player, but definitely want to be heard 
when they voice their opinions or requests from the 
team. 

To further understand our IS/DS samples, we are going 
to look at how our total sample views the distribution of 
responsibility by the end of the game. Who is 
responsible for a loss? How responsible are they 
compared to myself? What do I take from the end of the 
game? Are there lessons to be learned? The following 
two questions will help to understand how our total 
sample might answer these questions.  

Let’s begin by looking at Q62 from TDEQ. This question 
asked our sample to rate the extent to which they usually 
blame themselves for a loss and look back on their 
mistakes. We can suggest that our IS would generally 
blame the team more than themselves, but these 
questions cannot lead to any sort of implication without 
any sort of cross-analyses and complex statistics. The 
results of Q62 are shown on Chart 5.37. 

 

Chart 5.25: Sample response (N=1092) to Q62 from TDEQ: 
“I usually blame myself for a loss and look back on my 
mistakes.” 

The results show an average rating of s=5.68 meaning 
that 544 members of our sample rated this effect above 
the average rating. These results also show that 69 

members of our sample rated the highest value for Q62 
and 50 members rated the lowest value. The statistics 

tell us that the majority of our sample usually blame 
themselves for a loss and look back on their mistakes. 
Let’s keep in mind that this and the following question 
are both situational, meaning that any respondent could 
answer each question with an equal response. 
Therefore, the smallest difference in results should be 
noted.  

Next we are going to study the results of Q67 from 
TDEQ. This question asked participants to the rate the 
extent to which their team members are usually 
responsible for a lost game. Let’s keep in mind that we 
are using ‘lost’ games as our independent variable 
because there’s a feeling of negative affect/ego-
depletion associated with this situation, as discussed in 
Part 5B. The results of Q67 are shown on Chart 5.38. 

 

Chart 5.38: Sample response (N=1097) to Q67 from TDEQ: 
“My team members are usually responsible for a lost 
game.” 

The results show an average rating of s=5.78 meaning 
that 571 members of our sample rated this effect above 
the average rating. These results also show that 77 

members of our sample rated the highest value for Q67 
and 48 members rated the lowest value. As stated 
before, the smallest difference is important when 
comparing these results with that of the previous 
question. The difference in average response is .10 
points. Though this margin is relatively small, they imply 
that the majority of our sample feels their team is more 
responsible for a loss then themselves by a small 
margin. 

The next two questions we are going to study address 
individual play-style. We want to understand more about 
the offensive/defensive tendencies of our sample by 
using a bias question that does not directly ask for an 
offensive/defensive response. This is important because 
as stated before, the majority of these questions are 
situational. We want to find the smallest difference 
between responses because a player simply proclaiming 
their play-style is defensive or offensive only holds so 
much weight in-game. Situations can turn their play-style 
around. Moreover, we can understand the 
defensive/offensive leadership of our sample by how 
they rated their response to these situations. 



First, we are going to look at a question that was 
purposely constructed as confusing or situational. As 
we’ve said before, the responses are supposed to be 
analyzed by the smallest margin of difference between 
compared questions. What was expected is that a vast 
majority of our sample would rate on the mid-point of the 
scale (5), making the outlier response all the more 
important.  

We are going to begin by looking at Q74 from TDEQ. 
This question asked participants to rate the extent to 
which they believe that defending and counter-pushing 
(defensive play) are more important in Dota 2 than 
ganking and pushing (offensive play). The results of this 
question are shown on Chart 5.39. 

 

Chart 5.39: Sample response (N=1093) to Q74 from TDEQ: 
“Defending and counter-pushing are more important in 
Dota 2 than ganking and pushing.” 

The results show an average rating of s=4.51 meaning 
that 657 members of our sample rated this effect above 
the average rating. These results also show that 38 

members of our sample rated the highest value for Q74 
and 129 members rated the lowest value. Therefore, the 
majority of our sample believes that ganking and 
pushing are more important than defending and counter-
pushing. Put simply, our sample valued offensive over 
defensive play.  

To test the integrity of the question and the results to the 
question above, we are going to study the results of Q76 
from TDEQ. This question asked participants to label the 
extent to which the agree that the best defense is a great 
offence. Should the results have a high level of 
agreement, we can understand how the majority of our 
sample feels about offensive play/leadership over 
defensive play. Although defense may have a lot to do 
with the question, their belief that offense can lead to 
defense says a lot about the sample and community. Of 
course, this is to be expected in a game like Dota 2 
where you cannot complete the objective (destroying the 
enemy’s ancient) without playing offensively. Actually, 
the same can be said for any team-related sport. Chart 
5.40 shows the results of Q76. 

 

Chart 5.40: Sample response (N=1094) to Q76 from TDEQ: 
“The best defense is a great offense.” 

The results show an average rating of s=6.35 meaning 
that 521 members of our sample rated this effect above 
the average rating. These results also show that 170 

members of our sample rated the highest value for Q76 
and 50 members rated the lowest value. The results 
confirm the integrity of the previous question as well as 
their results. We now have reason to believe and 
implicate that the majority of our sample values offensive 
play over defensive, and believes that the best defense 
is a great offense. 

Finally, we are going to address one outlying question as 
we did in Part 5B. We are going to look at how much of 
our total sample uses the ‘mute’ function when an 
ally/enemy is being abusive. This function cuts off all 
communication with a player for better or worse, and 
may increase tension within a team. The results will be 
an excellent reference for future studies and 
understanding how this function may play into other 
dependent variables like win-rate, satisfaction and 
communication. We will study the results of Q90 from 
TDEQ which asked players to rate the extent to which 
they utilize the ‘mute’ function when an ally/enemy is 
being abusive. The results are shown on Chart 5.41. 

 

Chart 5.41: Sample response (N=1072) to Q90 from TDEQ: 
“If an ally/enemy is being abusive, I will mute them.” 

The results show an average rating of s=6.58 meaning 
that 614 members of our sample rated this effect above 
the average rating. These results also show that 340 



members of our sample rated the highest value for Q90 
and 124 members rated the lowest value. In total, the 
results show that a vast majority of our sample uses the 
mute function very often. 

Results 
The results within this article gave us a broad 
understanding of how our sample responds to many 
situations in-game on both an independent and 
dependent level. We learned that about 40% of our 
sample values independent play and are not as 
dependent on the members of their team in a game of 
Dota 2. More importantly, we discussed how about 60% 
of our sample are estimated to value a more dependent 
play-style where they value the input, direction and 
functionality of their team members. These results are to 
scale with many other findings within this study that can 
be cross-analyzed to developed many other implications. 
It’s important to remember that these questions are in 
fact situational, meaning the smallest difference in 
compared questions is very important. 
 
The findings came from three questions used to analyze 
sample dependence or independence on a team. What 
we found was that the majority of our sample plays 
better on a team and prefer to lane with a partner when 
they play a game of Dota 2. We also found that the 
majority of our sample plays more independently when 
they are not part of an organized team. These results 
combined helped us understand that the majority of the 
sample is dependent rather than independent.  
 
Next, we learned that the majority our sample switch-up 
their play-style and consider it ever-changing rather than 
static. This is important because it not only helps us 
understand how players behave/game, but it also helps 
us understand the psychology of the community. The 
results help us understand the analytical and ever-
changing side of the community that evolves and 
changes situational perceptions based upon their 
environment. 
 
One very important finding within this article was that 
players are as equally as accepting of criticism from 
other players as they are giving out their own criticism to 
team mates- regardless of whether or not they know the 
player personally. We then looked at three questions 
that asked about communication within a team. How do 
players react when other players tell them what to do? 
These results were equally important. We learned that 
players are more likely to accept orders from players 
they know rather than players they do not. In addition, 
we learned that a large majority of our sample believes 
that they feel less inclined to play when they feel ignored 
by a team mate. The implication that resulted from this 
was that while players do not mind being told what to do 
by a team mate, they do want to be heard by their team. 
They want to be treated as an individual. We then 
discussed how these results relate directly to leadership 
and that the majority of our sample does not mind being 
told what to do in game, even if they do not know the 

player, but definitely want to be heard when they voice 
their opinions or requests from the team. 
 
The next finding lead to an implication that the majority 
of our sample feels their team is more responsible for a 
loss then themselves by a small margin. These 
questions were very situational so the results came from 
a very small margin of difference. Furthermore, the 
averages for both personal and team responsibility for a 
lost game had an average value above the mid-point (5). 
This shows that to some degree, the majority of our 
sample usually holds someone responsible for a lost 
game. It would be interesting to see what portion of our 
sample believes that the other team simply playing 
better than theirs was what was responsible for a loss. 
 
 
The next questions followed the exact same formula 
used and were very situational. We wanted to know how 
our sample valued a defensive/offensive play style and 
how this may show the potential values of a 
defensive/offensive leader. We found that the majority of 
our sample values offensive play over defensive, and 
believes that the best defense is a great offense. 
 
Finally, we found that a vast majority of our sample uses 
the mute function very often. We discussed how this 
function cuts off all communication with a player for 
better or worse, and may increase tension within a team. 
The results are an excellent reference for future studies 
and understanding how this function may play into other 
dependent variables like win-rate, satisfaction and 
communication. 
 
Implications 
This article addresses some important implications that 
can be used in future studies. 
 
1. A larger portion of our sample is considered 
dependent than independent. 
2. The majority of the Dota 2 community switches up 
their play-style and consider it ever-changing. 
3. Dota 2 players are equally as comfortable with 
receiving criticism as they are with giving out criticism. 
4. The majority of our sample does not mind being told 
what to do in game, even if they do not know the player, 
but definitely want to be heard when they voice their 
opinions or requests from the team. 
5. The majority of our sample feels their team is more 
responsible for a loss then themselves by a small 
margin. 
6. The majority of our sample values offensive play over 
defensive, and believes that the best defense is a great 
offense. 
7. The vast majority of our sample uses the mute 
function very often. 

 

 



Possible Errors 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
As addressed and analyzed, there may have been a 
possible misinterpretation of some questions. We 
compared the results of these questions with similar 
questions and found a valid correlation that showed 
misinterpretation had little effect on the results. No other 
potential errors were noticed within the study. 
 
Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how LRT, NRT, and Will-Power are 
fostered within a much larger, wider Dota 2 community in 
terms of in-game communication. For example, there’s a 
possibility that with a much larger ‘new’ sample, we can 
understand the full effects that enemy and allied 
communication has on a new player. This is important 
because about 45-50% of our sample is considered 
veteran players, which means that they may be more 
resistant or comfortable with the behaviors analyzed in 
this study. Newer players may yield more dramatic 
results.  
 
It would also be interesting to see how our conditional 
samples/variables: SM/UM, V/VO, and CO/DO might 
show some interesting results to these questions. We 
can understand how these groups are affected 
compared to others. 
 
Conclusion 
Thus far, Section 5 has addressed some very important 
implications that help to understand the in-game 
psychology of players. Part 5A discussed how early-
game and post-game situations have an effect on 
willpower, especially for those with a Limited Resource 
Theory of willpower. Part 5B discussed how In-game 
Chat Events (ICE) has a major effect on our sample in 
game. This is especially true for communication within 
ones team and how that can translate into communal 
taunting of the other team, with a benefit.  
 
Section 5, Part 5C addressed a series of common 
situations within a game of Dota 2 that addressed both 
independent and dependent beliefs. We learned that the 
majority of our sample is at least somewhat dependent 
on their team to help maximize their in-game behavior. 
This may be expected but the statistics do shed light on 
evidence to back it up. In addition, we now know that 
players who do not play with an organized team typically 
play more independently. This may be important for new 
players to embrace players they do not know and 
incorporate them into team decisions. Branching off that, 

we now know that most players do not mind being told 
what to do, even if they do not know the player, so long 
as their requests and situational opinions are equally 
respected. As we discussed, this plays a lot into the 
importance of a good leader, especially in public games. 
We also learned that players are equally comfortable 
with criticism of their mistakes as they are giving out 
criticism. In addition, we learned that offensive play-style 
has a higher value within the majority of the sample than 
defensive play-style.  
 
Finally, we confirmed that a vast majority of the Dota 2 
community uses the ‘mute’ function, the potential effects 
of which were discussed earlier.  
 
In total, this article let us understand a lot about the 
psychology of a Dota 2 player. Finding ways to use that 
psychology to increase player satisfaction, 
communication and overall brand loyalty could make for 
some excellent results. Part 5D is going to focus on in-
game events that are associated with decision-making. 
We can keep the results of this article in mind while 
understanding how players react to common in-game 
situations involving decisions that could hurt/benefit their 
team. 
  



 
  

 

 
Abstract 
Section 5 is going to focus on a series of questions addressed in TDEQ. These questions took up about 
50% of the total questionnaire and are considered event-specific. Every question was constructed on a 
Likert-scale and addresses a scenario that a player might encounter in game. Part 5A addressed questions 
that concerned player mood, will-power and play-style. Part 5B discussed the effects that in-game chat has 
on will-power. We have already determined that our sample holds either a Limited or Non-limited Resource 
theory on willpower. In part 5A we talked about how those with a Non-Limited Resource Theory (NRT) 
typically perform better on ego-depleting tasks. In Part 5C we discussed how situations that involve both 
individual and team-related questions helped us understand the complexities of in-game teamwork. Part 5D 
is going to focus on an even more complex set of in-game decisions that can have either a positive or 
negative effect on in-game experience. We will address questions like “I do not mind 'Kill Steals' when it is 
done by our teams carry.” and “When an ally leaves the game I will pause it as soon as possible.” Our goal 
is to analyze and compare some very specific events that take place in game and draw implications from 
them. We will compare the results of some questions to verify the integrity of the question asked, and to look 
for relationships between certain types of questions. The results of this study should help us to understand 
how the current Dota 2 community responds to common situations in a game of Dota 2 that have to do with 
decisions made by an individual player. It will also address some of the ‘Unwritten Rules’ of the community 
that are discussed often on community forums. 

 



Introduction 
Trust is a very important aspect in a game of Dota 2. 
Trust may lead to communication, satisfaction with one’s 
team, and the likelihood of playing more with those 
players that you trust. Part 5D is going to explore trust 
an how certain in-game behaviors may influence a 
players trust in their team. We’ve already explored the 
importance of communication within a team. So, how 
does trust impact communication? To explore this, we 
will address a list of questions from TDEQ and analyze 
how our sample responded. 
 
The first topic which is addressed both in-game and out 
is ‘kill-steals’. Kill-Stealing, or KS’ing, is basically a 
moment where one player steals a kill from another. This 
is especially aggravating when one player may have 
worked very hard to bag a kill, and another player 
quickly stole that opportunity from them. Kills earn gold 
and gold progresses a player through the game. (in 
combination with other things) The DotA community has 
created for itself a sort of list of ‘unwritten rules’ that 
dictate when it is or isn’t OK to kill-steal. We will explore 
this more throughout the article and how kill-stealing 
relates to trust in one’s team. 
 
Next, we are going to address common communication 
issues in-game. In Part 5C we explained how players 
feel less inclined to play when they are ignored by their 
team. We are going to discuss this further in this article 
where we address situations where a player may feel as 
if their team ignores them. We considered the dependent 
variable to be ‘annoyance’ which can shape in-game 
behavior.  
 
We will then explore the pause function and when 
players use it.  For example, perhaps more players only 
pause the game if they personally know their ally. As we 
might imagine, coming back to a game to find out that 
your team-mates never paused for you could generate a 
feeling of dis-trust. We will study this as we progress 
through the article. We are also going to look at how 
likely players are to leave a game of Dota 2 when it is 
safe to.  
 
Finally, we are going to gather results from two 
questions that asked players to rate the frequency that 
they congratulate allies or enemies for a good play or a 
good game. This will give us a general idea about the 
sportsmanship of our sample and perhaps the Dota 2 
community in general.  
 
The over-all goal of this article is to understand how our 
sample views certain situations as either 
constructive/deconstructive to a team. Again, we are 
going to consider the elements of ‘annoyance’ and 
‘trust’. The results of this article will give us an idea to 
what situations are deemed the most annoying and the 
extent to which experiencing these situations may or 
may not influence a Dota 2 player’s in-game behavior. 
 
 

 

The questions from TDEQ that will be used in this article 

include the following: 

 

Q66. Kill-Steals bother me and reduce my relationship 

with an ally. 

Q55. I do not mind 'Kill Steals' when it is done by our 
teams carry  
Q57. Kill-Steals' only bother me when I'm trying to carry 
and can obviously get the kill.” 
Q60. When I ping to defend a tower, my allies are 
usually responsive and help immediately. 
Q92. When an ally spends time farming rather than 
helping the team, I usually get annoyed. 
Q91. When an ally carry spends time farming rather than 
helping the team, I usually get annoyed. 
Q77. I only pause the game if I personally know my ally. 
Q83. When an ally leaves the game I will pause it as 
soon as possible. 
Q93. If the game is safe to leave then I will leave as well. 
Q95. I usually congratulate my allies when they do 
something well. 
Q82. I usually congratulate my enemies when they do 
something well, or play a good game  
 
As we did with the previous articles, we are going to 
break down these questions into groups where we can 
explore each subject exclusively.  
 
Discussion 
We are going to begin by looking at how our sample 
responded to questions involving Kill Steals (KS’s). To 
get a general idea about our sample’s beliefs on this 
subject, we are going to look at the results of Q66 from 
TDEQ. This question asked participants from a general 
standpoint how they would rate the extent to which Kill 
Steals bother them and reduce their relationship with an 
ally. The results are shown on Chart 5.42. 

 

Chart 5.42: Sample response (N=1100) to Q66 from TDEQ: 
“‘Kill Steals’ bother me and reduce my relationship with an 
ally.” 

The results show an average rating of s=3.31 meaning 
that 423 members of our sample rated this effect above 
the average rating. These results also show that 19 

members of our sample rated the highest value for Q55 
and 341 members rated the lowest value. The results 
can tell us that the majority of our sample and perhaps 



the community are not actually bothered by Kill Steals 
and do not believe they reduce their relationship with an 
ally. This is good because we can infer that the extent 
that Kill Steals effect team relationships cannot be that 
great. It hints towards a common belief that so long as 
an enemy is defeated, their team can progress.  

Now we are going to take a more situational approach to 
this question and analyze the response to a common 
unwritten rule within the community. We can assess the 
agreement of this rule by a high agreement rating to the 
question. We will use Q55 from TDEQ which asked 
participants to rate the extent to which they are not 
bothered by Kill Steals when they are committed by their 
teams carry. The results of this analysis are shown on 
Chart 5.43. 

 

 

Chart 5.43:Sample response (N=1105) to Q55 from TDEQ: 
“I do not mind 'Kill Steals' when it is done by our teams 
carry.” 

The results show an average rating of s=9.16 meaning 
that 760 members of our sample rated this effect above 
the average rating. These results also show that 760 

members of our sample rated the highest value for Q55 
and only 11 members rated the lowest value. These 
results display a stunning agreement rating and confirm 
the idea that a carry is viewed as the most deserving of 
kills in a game of Dota 2. We can imagine how this might 
tie into leadership where a leader might let the team 
know that they should let the carry take as many kills as 
possible. It’s also important to designate a carry for the 
team who knows they have that right. Furthermore, this 
sort of direction would not be met with much 
disagreement from the team based upon the results of 
this analysis. 

To confirm this, we are going to look at a more personal 
side to the equation. We are going to study the results of 
Q57 from TDEQ which asked participants to rate the 
extent to which they believe that Kill Steals only bother 
them when they are trying to carry and can obviously get 
the kill. Considering the situational elements to this 
question, we can suggest that a high agreement rating 
would confirm the trend discussed in the previous 
analysis. (Chart 5.43) The results of this analysis are 
shown on Chart 5.44. 

 

Chart 5.44: Sample response (N=1099) to Q57 from TDEQ: 
“Kill-Steals' only bother me when I'm trying to carry and 
can obviously get the kill.” 

The results show an average rating of s=7.34 meaning 
that 640 members of our sample rated this effect above 
the average rating. These results also show that 371 

members of our sample rated the highest value for Q57 
and 78 members rated the lowest value. As we can see, 
the majority of our sample believes that when they carry, 
other player should not Kill Steal them. We can imagine 
the importance of this situation where a carries trust in 
his team can have a major effect on his output.  

The results of the previous three analyses show that 
though the majority of our sample does not believe Kill 
Steals have a negative impact on their relationship with 
an ally, carries should never be KS’d. The importance of 
this implication runs parallel with the responsibilities of a 
good team leader. A team should be aware of who the 
carry is on their team, so they can support them with 
farming and racking up kills. This sort of communication 
and organization could have a positive effect on a 
player’s satisfaction in-game. 

Branching off of communication, teamwork, and 
leadership, we can look at a few questions that rate 
sample annoyance with certain situations. From what we 
already know from the Part 5C, we can draw on the 
implication that: “The majority of our sample does not 
mind being told what to do in game, even if they do not 
know the player, but definitely want to be heard when 
they voice their opinions or requests from the team.” 

To understand this further, we are first going to address 
Q60 from TDEQ. This question asked participants to rate 
the extent to which they believe that when they ping to 
defend a tower, their allies are usually responsive and 
help immediately. This question was linked directly to the 
previous implication. Without trying to use the results as 
a self-serving bias, as the results are situational, we can 
try to expand on the previously stated implication and its 
integrity. The results to Q60 are shown on Chart 5.45. 



 

Chart 5.45: Sample response (N=1097) to Q60 from TDEQ: 
“When I ping to defend a tower, my allies are usually 
responsive and help immediately.” 

The results show an average rating of s=4.36 meaning 
that 505 members of our sample rated this effect above 
the average rating. These results also show that only 12 

members of our sample rated the highest value for Q60 
and 120 members rated the lowest value. These 
statistics tell us that the majority of the sample typically 
rates the responsiveness of their allies to be lower than 
the mid-point. (5) This tells us that for the most part, 
players have a difficult time trying to pull their team 
together. Again, this may call for the need of a 
designated leader. However, there are many reasons 
why an ally might not be able to make it to defend. Let’s 
explore this sort of situation further by analyzing the 
results of the next question. 

The next question we will analyze is by all means 
situational. Q92 from TDEQ asked participants to rate 
the extent to which they believe that when an ally 
spends time farming rather than helping their team, they 
usually get annoyed. The results should give us a 
general idea about how our sample responds to this 
situation in terms of in-game behavior/annoyance. The 
results of Q92 are shown on Chart 5.46. 

 

Chart 5.46: Sample response (N=1073) to Q92 from TDEQ: 
“When an ally spends time farming rather than helping the 
team, I usually get annoyed.” 

The results show an average rating of s=5.93 meaning 
that 566 members of our sample rated this effect above 

the average rating. These results also show that 90 

members of our sample rated the highest value for Q92 
and 27 members rated the lowest value. These results 
connect those of the previous question and lead us to 
the belief that the majority of our sample do not trust in 
the responsiveness of their allies and get annoyed when 
they spend time farming rather than helping the team. 
We can consider farming to be an independent exercise, 
free from team responsibilities. It is an exercise most 
carried out by carries, which leads us to the following 
question. 

We are now going to study the results of Q91 from 
TDEQ. This question asked participants to rate the 
extent to which they believe that when an ally carry 
spends time farming rather than helping the team, they 
usually get annoyed. These results should show us what 
makes this situational variable behind annoyance 
different when it is executed by a carry. Let’s look at the 
results on Chart 5.47. 

 

Chart 5.47: Sample response (N=1072) to Q91 from TDEQ: 
“When an ally carry spends time farming rather than 
helping the team, I usually get annoyed.” 

The results show an average rating of s=3.79 meaning 
that 509 members of our sample rated this effect above 
the average rating. These results also show that only 32 

members of our sample rated the highest value for Q91 
and 201 members rated the lowest value. The results tell 
us that the majority of our sample believes that it does 
not annoy them when a carry spends time farming rather 
than helping the team. We can draw some ideas from 
these findings that can be discussed and analyzed later. 
First, perhaps it’s best that a solo queue player picks a 
carry so that they can exercise their independence 
without retaliation from their team. Or, perhaps 
organized teams should pick all heroes who complement 
each other so that they can successfully organize 
defensive strategies while their carry becomes stronger. 

In total, an implication may be drawn from the previous 
three analyses- Most players are dissatisfied with team 
responsiveness, especially when a player other than 
their carry spends time farming rather than helping the 
team. These findings support the importance of 
communication and a leader and enhance the validity of 
the previous implication from Part 5C. 



The next two questions we will study have to do with the 
‘pause’ function. Pausing a game allows players to wait 
for the return of a disconnected player among other 
things. As one might imagine, it must be pretty 
disheartening to come back to a game and realize that 
their allies didn’t pause to wait for them. We are going to 
discuss the frequency that players pause a game of 
Dota 2 whether they know, or don’t know, the ally 
personally. 

Let’s start by looking at the results of Q83 from TDEQ. 
This question asked participants to rate the frequency of 
which they pause the game when an ally disconnects as 
soon as possible. The results of this question should 
give us a general idea about how often players utilize the 
‘pause’ function. The results are shown on Chart 5.48. 

 

Chart 5.48: Sample response (N=1088) to Q83 from TDEQ: 
“When an ally leaves the game I will pause it as soon as 
possible.” 

The results show an average rating of s=6.42 meaning 
that 577 members of our sample rated this effect above 
the average rating. These results also show that 209 

members of our sample rated the highest value for Q83 
and 62 members rated the lowest value. These results 
tell us that the majority of our sample, and perhaps the 
Dota 2 community, use the pause function as soon as 
possible when an ally disconnects from the game. One 
question that should have been asked is how often 
players experience allies pausing for them. This would 
have helped us validate a hypothesis from Section 4 
which discussed how Dota 2 players rate their frequency 
of committing positive acts to be higher than other 
players. Regardless, the results show that the majority of 
our sample typically uses the pause function.  

Next, we are going to look for a difference in ‘why’ 
players pause the game. We are going to look at how 
much of our sample only pauses the game if they 
personally know their ally. For example, perhaps some 
players will only pause a game of Dota 2 for their friends. 
This would show a sort of team mentality that revolves 
around a teammate only regarding those allies whom 
they know personally, and ignoring those that they do 
not know.  

To understand this, we are going to study the results of 
Q77 from TDEQ which asked participants to rate the 
extent to which they only pause the game if they 
personally know their ally. The results of this analysis 
are shown on Chart 5.49.  

 

Chart 5.49: Sample response (N=1092) to Q77 from TDEQ: 
“I only pause the game if I personally know my ally.” 

The results show an average rating of s=4.15 meaning 
that 429 members of our sample rated this effect above 
the average rating. These results also show that 102 

members of our sample rated the highest value for Q77 
and 305 members rated the lowest value. What these 
statistics tell us is that the majority of the sample, and 
perhaps the Dota 2 community, disagree with this 
statement. At the same time, 102 members of our 
sample agree with this statement which shows that this 
sort of mentality does exist. As one could imagine, being 
a lone member of a primarily organized team, and not 
having your team pause for you, could greatly reduce 
your relationship with that team. This could cause a lone 
player to think even more independently which could 
result in complete lack of communication and overall 
distrust in one’s team. 

In total, the results of the past two questions tell us that 
the majority of our sample utilizes the pause function 
when an allied player disconnects, regardless of whether 
or not they know the ally personally. However, a 
surprisingly high portion of our sample only pause the 
game if they personally know the ally. This implication 
also hints towards the idea that a player who feels 
disregarded by their team because they were not 
paused for may feel less satisfied with the Dota 2 
community and/or matchmaking system. Perhaps an 
auto-pause function could help solve this, but for the 
most part the sample does use the pause function 
regularly. 

Extending off of the previous analyses, we are going to 
look at the frequency that our sample leaves a game of 
Dota 2 when it is safe to. When it comes to leaving a 
game, many players appreciate the fact that even with 
fewer players on their team, a game can still be won- 
even though they are free to leave the game and start 
another if they want to.  



We are going to get a general idea about our samples 
tendency to leave a game when another ally or enemy 
does and it is safe to leave. The Dota 2 
leaver/disconnection system gives a player five minutes 
to return to the game before the game becomes safe to 
leave by other players. Where some teams stick it out 
and try to win with less players on their team, others 
abandon the game entirely and move on.  

We are going to look at the results of Q93 from TDEQ 
which asked participants to rate the extent to which they 
believe that if a game is safe to leave then they will leave 
as well. The results of this question are shown on Chart 
5.50.  

 

Chart 5.50: Sample response (N=1072) to Q93 from TDEQ: 
“If the game is safe to leave then I will leave as well.” 

The results show an average rating of s=5.23 meaning 
that 434 members of our sample rated this effect above 
the average rating. These results also show that 108 

members of our sample rated the highest value for Q93 
and 118 members rated the lowest value. As the results 
show, the majority of our sample will leave a game if it is 
safe to. However, this scenario is indeed situational 
judging by the high amount of responses at the mid-
point. Two questions that should have been included in 
this analysis would ask if their chance of leaving is 
dependent on whether or not their team is losing. 

Regardless, we at least have a general idea about the 
frequency at which players leave a game when it’s safe 
to. The majority of our sample believes that they will 
leave the game when it is safe to by a small margin. 

Finally, we are going to study sportsmanship tendencies 
within our sample. Sportsmanship in Dota 2 can be 
understood through players congratulating other players 
for good plays or a good game. Two common phrases 
exchanged at the end of a game of Dota 2 are “gg” 
(good game) and “wp” (well played). Some players will 
even congratulate others for plays made in-game that 
they found admirable.  

First, we are going to look at the results of Q95 from 
TDEQ which asked players to rate the extent to which 
they usually congratulate their allies when they do 

something well.  The results of this analysis are shown 
on Chart 5.51.  

 

Chart 5.51: Sample response (N=1071) to Q95 from TDEQ: 
“I usually congratulate my allies when they do something 
well.” 

The results show an average rating of s=7.86 meaning 
that 678 members of our sample rated this effect above 
the average rating. These results also show that 334 

members of our sample rated the highest value for Q95 
and 20 members rated the lowest value. We can 
understand from these statistics that a large majority of 
our sample engages in sportsmanship within their team. 
This shows a positive communication trend between 
players that could boost team morale and makes players 
more comfortable on a team. 

Next, we are going to analyze the results of Q82 from 
TDEQ which asked participants to rate the extent to 
which they usually congratulate their enemies when they 
do something well, or play a good game. The results of 
this analysis are shown on Chart 5.52.  

 

Chart 5.52: Sample response (N=1091) to Q82 from TDEQ: 
“I usually congratulate my enemies when they do 
something well, or play a good game.” 

The results show an average rating of s=7.12 meaning 
that 566 members of our sample rated this effect above 
the average rating. These results also show that 258 

members of our sample rated the highest value for Q82 
and 61 members rated the lowest value. As these 
statistics tell us compared with those of the previous 
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question, the majority of our sample engages in 
sportsmanship whether it is through congratulating their 
own team, or the enemy team. We also found that our 
sample is more likely to congratulate their allies then 
their enemies, which is to be expected. These statistics 
are just here to show that the high agreement rating on 
both levels shows that sportsmanship is valued among 
the community, and that players are more likely to 
congratulate their own team rather than the enemy team. 

Results  
Part 5D explained how our sample responded to 
questions related to team communication, collaboration 
and decision-making. We discussed a lot of important 
elements of a game of Dota 2 including Kill-Stealing, 
team responsiveness, the pause function, leavers and 
sportsmanship. Our goal was to understand how these 
subjects might relate to team communication and over-
all team morale. We addressed some important 
implications and discussed how they might relate to 
player satisfaction with the Dota 2 community and/or 
matchmaking system.  
 
The first topic we addressed was Kill Stealing, otherwise 
known as KS’ing. We learned that the majority of our 
sample does not mind Kill Stealing, especially when it is 
done by a carry. However, we also learned that the 
majority of our sample only minds Kill Stealing when 
they are trying to carry a team and can obviously bag the 
kill. We discussed how it might be important when 
playing on an organized team with a random teammate 
to let them pick a carry and support them with the 
organized team. 
 
We moved on to discuss the element of responsiveness. 
As we already know from Section 5, Part 5C, the 
majority of our sample do not mind being told what to do 
by another player, regardless of whether they know them 
or not, so long as their requests are equally heard by the 
rest of the team. We learned that the majority of our 
sample is dissatisfied with the average responsiveness 
of their team when trying to organize a defensive 
strategy. Furthermore, we learned that the majority of 
our sample becomes annoyed when an ally spends time 
farming rather than helping the team during these 
situations- unless it is their carry. This extends off of our 
previous statement that organized teams with a random 
player should let the random player carry while they 
support. This gives organized teams more reason to 
build intense team combinations that can successfully 
defend structures, even when outnumbered.  
 
Next, we discussed the results of questions that involved 
the ‘pause’ function. We learned that the majority of our 
sample pauses the game for a disconnected ally, 
regardless of whether they know them or not. We then 
explored our samples frequency of leaving a game when 
it is safe to. We discussed how this event is in fact 
situational and may be dependent on whether their team 
is winning or losing. Regardless, we found out that in 
general, the majority of our sample will leave a game so 
long as it is safe to.  

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Finally, we explored sportsmanship and how often our 
sample congratulates allies or enemies when they do 
something well. What we discovered was that a very 
high portion of our sample congratulates their team and 
the enemy team upon successful plays or a good game. 
As to be expected, the sample was more likely to agree 
that they congratulate allies over enemies, but both 
variables still had very high ratings. 
 
In total, Part 5D showed us that a Dota 2 team and the 
community in general should respect the importance of 
each member on a team, whether they know them or 
not. As we have said through most of this section, 
respectful teams that communicate well and lose are 
more likely to be satisfied than a team that doesn’t 
communicate well and loses. 



Implications 
There are a few important implications that may be 
drawn from this article. 
 
1. Although the majority of our sample do not believe Kill 
Steals have a negative impact on their relationship with 
an ally, carries should never be KS’d. 
2. The majority of our sample does not trust in the 
responsiveness of their allies and get annoyed when 
they spend time farming rather than helping the team. 
3. The majority of our sample does not mind when a 
carry spends more time farming than helping the team. 
4. The majority of our sample utilizes the pause function 
when an allied player disconnects, regardless of whether 
or not they know the ally personally.  
5. A surprisingly high portion of our sample only pause 
the game if they personally know the ally. 
6. The majority of our sample believes that they will 
leave the game when it is safe to by a small margin. 
7. Sportsmanship is valued throughout the community. 
8. Players are more likely to congratulate their own team 
rather than the enemy team. 
  
Possible Errors 
There are some uncontrollable variables that may have 
played a role in the results of this study. One variable is 
the fact that a previous good/bad experience before 
taking TDEQ may have had an effect on our sample’s 
ratings of the variables within this study. Other than that, 
TDEQ was only distributed in English, carrying this study 
out at an international level may yield different results. 
As addressed and analyzed, there may have been a 
possible misinterpretation of some questions. We 
compared the results of these questions with similar 
questions and found a valid correlation that showed 
misinterpretation had little effect on the results. In 
addition, some questions were very situational, which 
was explained throughout the article. Furthermore, some 
questions may have been misinterpreted due to the 
repetitiveness of some question constructs. No other 
potential errors were noticed within the study. 
 
Future Studies 
This study was carried out during the closed-beta phase 
for Dota 2. This means that the continued saturation of 
new players within the community has not even begun. 
Therefore, this study will be carried out again once Dota 
2 reaches open/public access. A future analysis will help 
to understand how LRT, NRT, and Will-Power are 
fostered within a much larger, wider Dota 2 community in 
terms of in-game communication. For example, there’s a 
possibility that with a much larger ‘new’ sample, we can 
understand the full effects that communication, 
leadership and collaboration when it comes to decision-
making have on a larger and wider sample in terms of 
experience. This is important because about 45-50% of 
our sample is considered veteran players, which means 
that they may be more resistant or comfortable with the 
behaviors analyzed in this study. Newer players may 
yield more dramatic results.  
 

It would also be interesting to see how our conditional 
samples/variables: SM/UM, V/VO, and CO/DO might 
show some interesting results to these questions. We 
can understand how these groups are affected 
compared to others. 
 
Furthermore, some questions in the study should have 
had alternative constructs. For example, we discussed 
how it might be important to have an alternative question 
for Q83 which would ask ‘how often do you feel your 
team-mates pause for you?’ this would allow us to 
elaborate on a previous hypothesis from Section 4, as 
explained in this article. 
 
Conclusion 
Section 5 has addressed some very important 
implications that help to understand the in-game 
psychology of players. Part 5A discussed how early-
game and post-game situations have an effect on 
willpower, especially for those with a Limited Resource 
Theory of willpower. Part 5B discussed how In-game 
Chat Events (ICE) has a major effect on our sample in 
game. Part 5C addressed a series of common situations 
within a game of Dota 2 that addressed both 
independent and dependent beliefs. 
 
Section 5, Part 5D elaborated on the results of Part 5C, 
and we were able to understand the importance of team 
collaboration and decision-making. We addressed how 
solo queue players might feel during situations where 
they are part of a team that is for the most part 
organized. We discussed the importance of this solo 
queue player, which I refer to as the ‘oddman’ or 
‘oddmen’. The Oddman Hypothesis states that the most 
important member of a team is the solo queue player. It 
is how an organized team communicates with this player 
that can have a major effect on the outcome of a game. 
Put simply, in order for a team to maximize on its 
potential, each member should be communicated with 
equally so the team can act as a whole. An ignored 
oddman with low morale can lead to disaster for any 
team. At the same time, it is the equal responsibility of 
an oddman to embrace the organized team.  
 
The importance of this article was to help find ways to 
enhance team collaboration, especially among a mixed 
team of friends and random players. It also let us in on 
the psychology behind player decision-making and 
sportsmanship. Finding easy ways for players to 
communicate may yield some incredible results in terms 
of player satisfaction. Satisfied players, especially if they 
are new, are likely to play more. As we’ve discussed in 
previous sections, the more DotA you play, the better 
you become. It’s possible that if players learn more 
about Dota 2, and experience a higher amount of 
communication in-game rather than deconstructive 
behavior, they may become more likely to bring in new 
players or even purchase cosmetics. If a player see’s the 
benefits of communication and collaboration, they are 
likely to form teams with friends and expand the Dota 2 
community. 
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SECTION V1 

            Total Star Rating Case Study 

 

Since Defense of the Ancients’ began, the way a team picked their heroes has had at least a moderate effect 

on their success. Over the course of time, heroes have been rebalanced to take on new roles, open up new 

roles and even leave a specific role behind. Dota 2’s new system gives a star rating next to each hero, showing 

their specialty and how well they do it. However, many heroes have many more stars in different categories 

than others. So, does that make a hero with more stars more team-efficient in a public game? To understand 

this, I sampled 50 matchmaking games and analyzed the correlation between total team “Star Count” and 

“Winning Team”. The results showed that 30/45 of the matchmaking games were won by the team with the 

highest “Star Count”. 5/50 games featured teams with matching “Star Counts” and were negated from the 

study. The goal of this study was to define the importance of a balanced team that served many roles.  

 

Introduction 

A common argument on many Dota 2 forums is that 

public players do not know how to pick their heroes 

correctly. For example, “Why does my team pick five 

carries/five melee/five casters/five useless heroes?” 

Perhaps the answer lies in a lack of communication, lack 

of common interest, or perhaps just ignorance to the idea 

of synergetic hero picks. (Heroes who support each 

other) Furthermore, perhaps players just want to pick the 

hero that they think sounds the coolest. This is especially 

true for new players. 

 

A new reference for players to understand the specialties 

of the many different Dota 2 heroes is the “Hero Card 

System” (HCS). This system ranks each hero via a 

“Role-specific Star Rating” (RSR) with 3 being the 

highest SR/RSR possible. Thus, each player can gauge 

the strengths of a hero by simply: A) understanding their 

RSR, and B) researching the skills of each hero. 

However, hero RSR is by no means balanced across the 

hero pool. Let’s look at two examples. (right) 

 

 

 

 

Faceless Void is ranked 

with 4 RSR’s and a 

Total Star Rating (TSR) 

of 7. His RSR’s include 

Carry, Initiator, Disabler 

and Escape. He is by 

far the most useful carry 

to have on a team in 

terms of overall RSR 

contribution. 

 

Drow Ranger is ranked 

with 1 RSR and a TSR 

of 2. Her only RSR is 

Carry and contributes 

the least possible 

amount to a team’s 

over-all RSR. 

 

 

 

 

 

 

 

Figure 1: Faceless Void’s HCS profile. 

Figure 2: Drow Ranger's HCS Profile 



Introduction continued… 

It can therefore be inferred that Drow Ranger is a lesser 

hero-pick than Faceless Void, right? Well, it’s not as 

simple as that for many reasons. One argument might be 

that Drow’s skills make up for her lack of versatility. She 

has an orb effect, a damage aura, a silence and a 

passive AGI increase for an ult. On top of that, she’s 

ranged, which gives her an early advantage in games. 

 

On the flipside, Faceless Void has a reliable 

escape/initiation mechanism with its own slow, a passive 

bash, a passive dodge, and an AoE time-stop ultimate. 

The hero by all means lives up to his SR as he serves 

many purposes besides just being a Carry.  

 

Another argument outside of hero skills is the heroes 

User-skill Growth Rating (UGR), which will be explained 

in section 3B. The UGR basically applies to heroes with 

a more free-style play-style, but a lower RSR. Heroes 

like this include Pudge, Clockwork, Dark Seer, 

Gyrocopter, Windrunner, Juggernaut, Kunkka, Invoker 

and Mirana. These heroes (among others) with a higher 

UGR and a lower RSR require a more independent skill 

that makes a huge difference in a team’s success. For 

Drow, that UGR may depend on elements such as Orb-

Walking, Skill Building, Item Choices and Lane 

Dominance. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

This particular section focuses in on the HCR (Hero Card 

System), and how RSR (Role-specific Skill Rating) and 

SR (Star Ratings) play a part in a team’s success. The 

following study looked deeper into this system, and 

showed how team composition with a focus on RSR 

correlated with victory. 

 

 

CASE STUDY 3.1 

Hero picks seem to be an important factor in making a 

typical public match-making game of Dota 2 a challenge. 

One of the biggest obstacles in this scenario is 

communication. At the beginning of a game, players are 

given a limited amount of time to make their hero choice 

before the game starts. This leaves little room for 

discussion especially for the indecisive. It’s no wonder 

why many games feature a team of five carries losing to 

a well-balanced team.  

 

To challenge this obstacle, the Hero Card System gives 

players the ability to understand hero’s strengths in 

terms of role-playing. However, this doesn’t stop a team-

mate from rush-picking a less than desirable hero. This 

creates a need for player to conform to certain heroes 

that will provide functions for the team that the chosen 

hero has not. This anxiety sometimes causes miss-picks 

or spontaneous hero choices.  

 

In order to understand how viable the Hero Card System 

actually is, a study was run analyzing the team 

composition of 100 teams (50 games). The goal was to 

find a correlation between great team composition 

across all axes of hero functions and team victory. To do 

so, Star Ratings of the different heroes on a team were 

pooled together across their respective roles. Each star 

was weighed equally (.25) and pooled together at the 

end for a grand total. The team with the highest grand 

total was predicted to be the winning team in a match. 

 

Method 

A total of fifty games were sampled using Dota 2’s 

“Watch Recent Games” system. Using IMB SPSS, all 

data was recorded including: MATCH ID, WINNING 

TEAM and HEROES 1-5 on each side. 

 

Next, a total of 100 teams were analyzed via the HCS. 

Hero roles were listed based upon the roles listed on 

Hero Cards. These roles include: Carry, Support, 

Initiator, Nuker, Disabler, Durable, Pusher, Escape, Lane 

Support (LaneSupp), and Jungle.  

 

Every hero’s personal RSR on a team was summed 

across every Hero Role. Then, the teams total SR was 

calculated. In short, the prediction was that the team with 

the highest team SR would be the victor of each match. 

The chart on the next page shows the data in this study.  

 

 

 

Figure 3: Rhasta is a great public-game pick 
due to his high SR and RSR. He is a Disable, 
Pusher, Support and Nuker. He has a total SR 
of 8. 



  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 4 A 50-game Sample showing a correlation between WINNER and TOTAL per game. Each sample features the Radiant team followed by 
the Dire team. 



Results 

The results of this study showed three things direct to the 

hypothesis. 

 

1) 30/50 games were won by the team with the highest 

RSR (TOTAL). 

2) 15/50 games were lost by the team with the highest 

RSR (TOTAL). 

3) 5/50 games featured teams with identical RSR and 

were removed from the sample. 

 

Thus, the sample was reduced to 45 games. Based upon 

the findings, a correlation (.66) was found supporting the 

hypothesis. 66% of games are won by the team with the 

highest, and perhaps most balanced, RSR.  

 

Discussion 

For DotA, this is huge. Considering that the average win-

rate of a player teeters between 45 and 55 percent, a .66 

variance is by all means proof of a correlation. However, 

there are many other variables that should be 

addressed: 

 

First, these samples were taken after a new hero (Rubik) 

was released into the hero pool. The results show that 

22/45 games featured Rubick himself, so his popularity 

and players urge to pick him may have had an effect on 

the results. However, the results also showed that 

exactly 11 games won and 11 games lost were played 

with a Rubick on the team, so this confounding variable 

may be ignored. 

 

Second, two games featured leavers. One game 

featured a leaver Sven, and the other a leaver 

Earthshaker. The game with the leaver Sven (#54) put its 

team just one SR below the other, and lost. The game 

with the leaver Earthshaker (#90) put its team far below 

the other, yet still won. Since games with leavers are a 

common variable in Dota 2, they may still be considered 

in the study.  

 

Third, there are many other variables to consider for the 

games where a team with the lower SR trumped a team 

with higher SR. Example #100 shows a game where a 

carry-strong team defeated a more balanced team. 

Variables for this may include game-duration, teamwork 

points (See Section 2B) and feeding Oddmen. (See 

Section 2C) 

 

After completing this study and collecting the results, it 

became quite noticeable that team composition plays 

such an important role in a game of DotA. Hero roles are 

of major importance, and the public match-making 

community isn’t aware of that. However, they are by no 

means responsible.  

 

Implications 
The results of study 3.1 give rise to three implications. 
 
Implication 1: 
Communication is of utmost importance when it comes 
to creating a strong team. If one player selects, or 
randoms, a hero early, it is up to the others to select 
heroes who support that pick. This may require the first-
picker to act as a leader, and suggest heroes that 
compliment his/her choice. 
 

Implication 2: 

Picking basic heroes with high RSR to contribute, as a 

new player, is better than trying a new hero with low 

RSR in a match-making setting. As addressed in the 

INTRODUCTION section, heroes with high UGR should 

be practiced by new players before being taken into 

match-making. Skill-oriented heroes require mastery 

before a team can rely on their skills. 

 

Implication 3: 

The team with the highest RSR usually wins (.66) a 

game. However, this doesn’t necessarily mean a team 

with a high RSR will trump a well-balanced team.  

 

These three implications may help to educate players on 

the importance of not only team composition, but 

communication and leadership as well. By picking a hero 

with low RSR, players must understand that they are in 

for a skill-based game and should be ready to perform. 

Hopefully this information will help improve the Dota 2 

community through working as a team, and not based on 

individual urges/impulses. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
The heroes listed under the 0.50 category are all squishy or 
have at least some durability compared to the majority of the 
hero pool. Three of the heroes have an orb-effect, and one 
has a mini-stun. Thus, four of these heroes benefit greatly 
from orb-walking and could be considered hard carries.  
 

Most Difficult - 0.50 TSR 

Bloodseeker  

Clockwerk 

Drow 

Outworld 

Sniper 

Viper 

 

 

 

 

 
 
The heroes listed under the 0.75 category are a bit more 
durable but still require a lot of farm to gather momentum in-
game. A few of the heroes might be considered glass canons, 
as they are relatively easy to kill if the player controlling them 
is not careful. In some way or another, the heroes in this 
bracket require a lot of focus, prediction and map-awareness.  
 

0.75 TSR  

Ancient Apparition Night Stalker 

Dark Seer Razor 

Gyrocopter Rikimaru 

Huskar Shadow Demon 

Juggernaut Witch Doctor 

Necrolyte Templar Assassin 

Wisp  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 
The heroes in this bracket are much more durable than those 
things before. They are very skill-oriented, and can be played 
in numerous different ways depending on the circumstance. 
They’re versatile, and many of these heroes can become 
semi-carries so long as they can survive throughout a game.  
 

Difficult- 1.00 TSR  

Alchemist Pudge 

Bounty Hunter Pugna 

Clinkz Rubick 

Death Prophet Shadow Fiend 

Invoker Spectre 

Kunkka Tinker 

Mirana Windrunner 

Omniknight Zeus 

Phantom Assassin Luna 

 

 

 

 
The heroes in this bracket serve as the middle-ground for TSR 
analysis. They are great heroes to have on a team as they 
excel very well at their roles. There is not much room for 
versitality/creative building with these heroes as their skills 
are very straight forward. They are mobile, powerful and 
relatively easy to survive with. 
  

Neutral- 1.25 TSR  

Anti-Mage Spirit Breaker 

Batrider Sven 

Broodmother Ursa 

Doombringer Venomancer 

Lina Weaver 

Ogre Magi Phantom Lancer 

Disruptor Undying 

 

 

SECTION V1
            Total Star Rating Index 

This index shows what heroes fall under each TSR sub-category. This can be used for a reference whenever TSR is brought 
up in studies. As this index shows, TSR ranges from .50 to 2.50. Each star was weighed at .25 making the average TSR 1.25. 
This report will offer a brief explanation about what the heroes listed under each category have in common. To the right of 

each category is a basic rating of each TSR bracket based on those categories used to classify each hero. To balance the 
ratings, each bracket’s TSR was divided based on the total heroes/category divided by two (the lowest number of heroes in 

each category). Therefore, each star= .50. 

 



 

 

 

 

 

The heroes in this bracket specialize in crowd control, 

mobility, support and initiation. Many of the heroes are 

durable where others are not. They are relatively easy to play 

with some room for versatility. Many of the heroes make 

excellent carries and/or roamers due to their heavy disables. 

Their stats are fairly high and most do not require an 

excessive amount of farm to be a strong force in team fights 

. 

Easy- 1.50 TSR  

Bane Nature’s Prophet 

Beastmaster Puck 

Chaos Knight Sand King 

Dazzle Slardar 

Enchantress Tiny 

Lifestealer Vengeful Spirit 

Naga Siren  

 

 

 

 

 

This bracket consists of many heroes that have excellent 

survivability, are relatively easy to farm with, or are powerful 

initiators with decent escape mechanisms. The majority of 

these heroes are either durable, or can escape from bad 

situations with one skill. Each of the heroes has some sort of 

powerful slow or disable that can be landed with little to no 

effort.  

 

Easier- 1.75 TSR  

Axe Lycanthrope 

Brewmaster Queen of Pain 

Dragon Knight Skeleton King 

Earthshaker Storm Spirit 

Faceless Void Treant Protector 

Jakiro Warlock 

Lone Druid  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

The heroes under this category are extremely powerful 

supports that require very few items to succeed with. They 

are very easy to play in lane with a carry, work well in tri-

lanes, and have strong burst-damage capabilities. The 

majority of these heroes can serve any team well and can 

support with little to no effort at all, or assist greatly with 

pushing towers with just one skill. 

. 

Easiest- 2.00 TSR  

Chen Lich 

Crystal Maiden Morphling 

Enigma Shadow Shaman 

Leshrac  

 

 

 

 

 

 

 

 

Tidehunter and Lion are both ranked with the highest TSR in 

the hero pool. These two heroes stack extremely well into 

late game even without items. They are a force to be 

reckoned with in team fights, they can hold a lane on their 

own, their disabling capabilities are unmatched and the same 

applies to their initiation ability. They can roam lane support 

and have simple skills that can provide assistance to allies 

under any circumstance. These two heroes may be the best 

for any new player trying their hand at matchmaking.  

  

Supreme Initiation- 2.25-2.50 TSR 

Tidehunter 

Lion 

 

 

 


